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Abstract

The study presents a new methodology for evaluating corporate voluntary disclosures in
annual report narratives. Based on a new dataset of electronic annual reports and a
standard text analysis softwgrackage, | texsearch a large number of annual reports

at minimal (marginal) cost. The resulting sample sizes are comparable to those
employed in studies based on the AINFRF database. A major advantage of this
scoring methodology is that it is adaptatdehe particular requirements of the research
design. The importance of this feature is demonstrated when examining the association
between prices leading earnings and the quality of corporate disclosure. To measure this
association, | use the regressioadel of Collins et al. (1994).

While the study is unable to find any significant association between prices leading
earnings and disclosure quality based on amallsive topics list, this result reverses
once | focus on a more narrowly defined neetbased on forwartboking profit
statements. The study also finds that changes in disclosure quality are positively related
to changes in the importance of future earnings news for current returns. This effect is
particularly strong when forwasldoking datements are directly related to profit topics

and when the time horizon in each statement is clearly specified.
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Chapter 1: Introduction
1.1. Overview

Reported earnings have attracted major interest in the Market Based Accounting
Research (MBAR) literature since the publication of twoakkable papers in the mid

1960s by Ball and Brown (1968) and Beaver (1968). The MBAR literature emerges as a
response by accounting academics to the success of finance research on market
efficiency. Market efficiency is concerned with the extent to wisieturity prices fully

reflect all available information. Since accounting is an important source of-value
relevant information about companies, it was natural for researchers to study the

efficiency of the stock market with respect to accounting infoomati

For the purposes of the present study, an important landmark article in the MBAR
literature is Lev (1989). Lev (1989) surveys published papers of the relation between
stock returns and earnings changes. He notes th&’thelues obtained by regresgi

annual stock returns on annual earnings or earnings changes are very low (10% or
lower). He also notes that the earnings response coefficient (ERC) values are very low
(around 2.0 or lower). Lev ascribes these weak results to the low quality of angounti

earnings.

The findings in Levdés survey article <cha
explanations for the weak contemporaneous rezarnings association. There are four

main potential reasons for this weak association. These are: (1) riaf&ahational)
inefficiency, (2) the stock market reacts to vatetevant information that is not
observed by the company (see Dye and Sridhar, 2002), (3) noise in reporting earnings

and (4) earnings6 lack of timeliness.
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The present study focuses owly oneof these potential reasons, the lack of timeliness

i n earnings. The | iterature on earnings?®o

the market has access to vateéevant information other than reported earnings.
Reported earnings lacknteliness due to the fact that many vatakevant events are
reflected in stock prices as soon as the information reaches the market while their
influence on reported earnings often occurs with a time lag. This lagged response of
earnings is partly due tacertain accounting conventions such as objectivity,
conservatism and verifiability that prevent earnings from reflecting the -valereant

information on a timely basis.

Collins et al. (1994) is a major attempt to empirically investigate the reasotisefor
weak contemporaneous retterar ni ngs association. They
timeliness is the most important contributing factor to the low contemporaneous return

earnings relation. The development by Collins et al. (1994) of a reliable messure

earnings timeliness makes it possible to measure the consequences of differential levels

of corporate disclosures.

This chapter is structured as follows. Section 1.2 outlines the nature of the study.
Section 1.3 addresses the motivations for carrymigtiois study. Research objectives
and the main contributions of this study are presented in Section 1.4. Section 1.5

presents the outline of the thesis.

1.2. Nature of the Study

The present study contributes to the literature that relates to the ecammsgrjuences
of corporate voluntary disclosures. The study is partially a response to the argument of

Core (2001), who recommends that researchers can import techniques in natural

1

S |
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language processing from fields like computer science to construct thelvsdie

scores.

In the UK, the availability of an electronic data has improved recently. Consequently, it
Is possible to use computer software packages to score corporate disclDiseirgsidy
usesNudist (Non-numerical Unstructured Data Indexing Seanghand Theorizing) to
automatically generate disclosure scores for large numbers of annual reports at minimal

time, cost and effort.

Generally, producing automated disclosure scores for large samples of annual reports
proceeds in three stages. The fisttiie construction athe list of disclosure items
Disclosure topics are constructed based
reports. In this stage, a mixture of compta@ted content analysis and labentensive
content analysis is involved’ he computer analysis is used principally to identify and
calculate the frequency of forwafdoking sentences associated with every searched
key word. Labouintensive content analysis is used to identify the key noun in each
forward-looking sentence.nlthe second stage, | identify key words that are frequently
associated with forwartboking information in annual report narratives. In the final
stage, the number of sentences for each firm that are fota@kohg in nature and
include a relevant topits automatically counted villudist The automated disclosure
scores are then used examine the economic consequences of corporate voluntary

disclosures in the UK.

Most of the published papers on the economic consequences of corporate disclosures
are basedn US data. In part, this is because the fact that it is easy to access AIMR
FAF (Association for Investment Management ResearchFinancial Analysts

Federation) analyst disclosure ratings. In the UK, there are no analyst ratings like
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AIMR-FAF. As a resu] UK researchers use the labontensive content analysis
approacho select the list of disclosure iterasd to score annual reports. This approach

is extremely time consuming. This is specifically the case when analysing largesample
of annual reportsAs a result, to date there is no an empirical lagme disclosure

study undertaken in the UK.

The automated disclosure methodology developed in the present study allows me to
participate actively in the empirical disclosure studies. In particillamables me to
examine the association between the quality of ford@wlling information in annual

report narratives and prices leading earnings for a large sample of UK firms.

The association between corpor ateearwadlngrstdoa
has recently attracted major interest in US accounting journals. Following Lundholm

and Myers (2002) and Gelb and Zarowin (2002), the present study investigates whether
higher levels of forwardooking information m annual report narratives ledd a
significant i mprovement in investorso6é for
if a firm reveals forwardooking information inits annual report, then this information

should be reflected in stock prices. As a result, one would expdctetissed future

earnings will be partially anticipated by investors.

The present study seeks to test the hypothesis that high levels of fdowotairtd)
information (based on an dficlusive topic list) in annual report narratives are
associated with etk prices that are more informative about future earnings growth.

While an allinclusive forwardlooking topics list might be a fair reflection of the
forwmardl ooking discussion in analystsdé report
weakly corredted with future earnings growth. Therefore, the study seeks to test the

second hypothesis that high levels of forwlrdking Profit information in annual
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report narratives are associated with stock prices that are more informative about future
earnings gowth. The crossectional findings suggest that the ability of the market to
anticipate future earnings changes is positively related to the quality of disclosure in the
firmébs annual report narratives. TUaitys ef f

is defined in terms of forwartboking profit statements.

The study also examines whetlerangesin corporate disclosure change the extent to

which stock returns anticipate future earnings changes. The results show that the
disclosure practicesfdirms tend to be very persistent. As a result, it is difficult to

i dentify the effects of changes ibyandi scl o
automatically generated disclosure measure. However, | find a positive effect of
changes indiscloser on changes in earningsod timelin
forward-looking sentences that are directly related to future profits and are referred to a

well-specified period of time.

1.3. Motivations

The first motivation for this study is to addsesome of the gaps left by the disclosure

indices literature. Prior researchticisesthe use of qualitative research methods, such

as questionnaires and interviews, to obta
disclosure topics in the annualpmt (see, for example, Rogers and Grant, 1997). In
addition, prior research alswiticisesthe use of the annual report in the construction of
disclosure indices Schadewitz and Kanto, 1997). Consequenthproduce a new
methodology for constructing di®sure indices. This methodology is based on what
analysts actually include in their reports rather than on their opinions regarding the

importance of particular annual report disclosure items. The study uses a structured
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content analysis of the textuaiant ent of anal y stissobdisclosyeo r t s

items

The second motivation for the study arises from the unavailability of subjective
disclosure ratings in the UK similar to AIMRAF ratings. UK researchers ulsdour
intensive content anadys methods to construct their disclosure indices. These ingolve
considerable amount of time and effort on the part of the researchers. Accordingly, their
sample sizes are often small in comparison with US studies. Therefore, | aim to produce
a new methdology for automating the generation of disclosure scores for large samples

of annual reports with minimum cost and effort.

In line with the first and second motivations, the third motivation for the study arises
from the inadequate use of the computeumiertaking accountingased qualitative
research (Core, 2001). The present study Wedist in evaluating the quality of
corporate disclosureNudist offers advantages relative to labemtensive scoring
methods. These advantages include: (1) thetwhii score very large numbers of
annual reports at very low marginal costs, (2) an increase in the comparability of the
disclosure scores across firms and over time, and (3) the ability to replicate the scores

easily in subsequent disclosure studies.

Numerous studies examirtbe economic benefits of corporate voluntary disclosures in

a variety of contexts. These contexts include prices leading earnings, cost of capital and
analyst behaviout.All these studies are conducted in US data where ARAR
disclosure ratings are available. However, no UK study links the quality of corporate

disclosure with any one of these contexts for large samples of annual reports. Therefore,

' Analygs behaviour refers to two major issues, which are analyst following and the characteristics of

t

analystsé earnings forecasts. The characteristics

the degree of dispersion among forecasts and the Nidyiabforecast revisions during the year.



24

the fourth motivation is to undertake a laigmEale disclosure study based on UK d#ta
is of interest to know whether the findings of US studies are replicated in the UK, an
equally weltldeveloped industrial country with different requirements with respect to

financial reporting regulations.

The final motivation arises from the inabjliof previous studies to explain why there is

no apparent association betweem n u a | report disclosures an
(e.g., Gelb and Zarowin, 2002ZJhe present study provides a partial answethis

guestion. It also highlights the impgance of individual classes of information that

contribute most to the phenomenon of prices leading earnings.

1.4. Research Objectives and Contributions

The research objectives of the study are: (1) to develop a new methodology for
constructing disclosurandices, (2) to develop a new methodology for automating the

generation of disclosure scores for large numbers of firms, and (3) to empirically
examine the association between the quality of annual report narratives and prices

leading earnings for largaumbers of UK no#financial firms

There are a number of novel contributions this study makes to the literature. The first
substantive contribution of the study is the use of a new method for constructing
disclosure indices. This method is based ontheanalg of t he content
reports from different brokerage houses. The resubitmying sheeis presented in
Chapter 4. This index contains 500 topics that represent the topics of interest to

financial analysts in their decisiemaking process.

In the UK, there are no analyst ratings similar to those in the US. In addition, -AIMR
FAF ratings were discontinued in 1997 (the last year of the disclosure scores was 1995).

Therefore, the second major contribution of this study is a methodology foratitgm
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the generation of disclosure scores forgéa samples of annual reportQther
researchers can easily replicate the resulting disclosure scores in subsequent disclosure
studies. Chapter 5 presents the necessary stages which one needs to regicate thi

methodology in the future.

Based on the automated disclosure scores generated in Chapter 5, the present study is
the first to undertake a largeale disclosure study based on UK company datee

study examines the association between the qualitgrefairdlooking information in

annual report narratives and prices leading earnings. The empirical results provide
evidence that forwartboking profit information helps the market to anticipate future
earnings changes more accurately. Identifying indiVidikasses of information that
contribute most to the phenomenon of prices leading earnings is the third major

contribution of this study. Chapters 6 and 7 present the empirical findings.

1.5. Outline of the Study

Chapter 2 discusses the importance of ahmeport narratives. It also discusses the
definition of forwardlooking information and the advantages and the disadvantages of
publishing forwardlooking information in the annual report. In addition, the chapter
reviews the proxies for measuring thealjty of corporate disclosures. The chapter ends

by discussing the difference between the traditional and the computerised content

analysis approaches.

Chapter 3 reviews the academic literature concerning two research fields: (1) return
earnings regressianodels and (2) the economic consequences of corporate disclosures.
The chapter starts by outlining the main published papers regarding prices leading

earnings. It also provides more discussion about the theoretical model of Collins et al.

% The first results of this work are published in Hussainey g2803). This thesis presents these results
along with further results.
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(1994), which isused in performing the regression analyses. In addition, the chapter
reviews the empirical studies that investigate the effect of corporate disclosures on
analyst behaviour, cost of equity and prices leading earnings. The chapter ends by

introducing the etent to which the present study fills the gaps left by prior studies.

Chapter 4 describes the methodology that is adopted in the present stwdgtéothe

list of disclosureitems This methodology is based ontexte ar chi ng anal yst
fortheley words t hat appear r el emakimgtprocdesses. f i na
Based on a list of forwartboking key wordsNudist software is used to extract the
forwardl ooki ng sentences that are published
carefdly read to identify the key topic(s). Theeoring sheetepresents the key topics

appearingintheforwartdi o o ki ng sentences that are publ |

Chapter 5 extends the work of Chapter 4 by using the disclosure topics to score large
sanples of annual reports. One important feature of the scoring methodology used in
the chapter is the automation of disclosure scores for large samples of annual reports
t hrough t he 0T e NudistSTheachapthar@nd$ hy testihgithe reliailin

and the validity of my disclosure index.

Chapter 6 usethe crosssectional regression analysis to examine the relation between
the level of corporate disclosure and prices leading earnings. It discusses the research
hypotheses, the empirical model, thata, and the variables definition. It also presents

the descriptive statistics for the variables used in the analysis. The chapter ends by
discussing the interpretation of the empirical results. In the chapter | find a significant
evidence of share pria@mnticipation of earnings in my sample of UK firms. My test for

the association between my most general measure of corporate disclosure and share

price anticipation of earnings vyields insignificant results. However, significant results
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are obtained with amore narrowly defined measure of disclosure that focuses

specifically on forwardooking profit statements.

Chapter 7 examines the association betwdemgesn disclosure quality and changes

i n earningso6 timeliness. dedrchhypathesis@meshe t he
sample selection. The results in the chapter suggest that my coibpseer scoring
methodology is not yet powerful enough to distinguish the changes in disclosure that are
valuerelevant, from those that are not. For this analysiind that a less computer

intensive approach is more successful.

Chapter 8 summarises the main findings, the implication of the results, the limitations of

the study and the suggestions for future research.
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Chapter 2: Narrative Disclosures in Corporate Annual Reports: A Review
2.1. Overview

Demand for corporate disclosure arises from information asymmetry and agency
conflicts between corporate managers, outside investors and intermediaries (Kothari and
Short, 2003). Increasing the levelf @orporate disclosure reduces information
asymmetry (Glosten and Milgrom, 1985). A rich information environment and low
information asymmetry have many desirable consequences. One of these consequences

isthei ncrease i n the mafutiredardimgscidnges.i ty t o ant

The present study reports the findings of investigating the association between the
guality of annual report narratives and prices leading earriargdK companies. The
study uses a structur al tsoton preduce dish ofal ysi s
disclosureitems It usesNudistto assist in the identification of the disclosutems.

Finally, annual report narratives are automatically scored by using the command files in

Nudist

The purpose of this chapter is to review ttesearch on the quality of corporate
voluntary disclosures in the annual report discussion section. Section 2.2 starts with
presenting the importance of corporate annual reports to financial analysts. Specifically,

this review discusses the importance offporate narrative reporting. Section 2.3
emphasises the usefulness of forwkamking information published in the corporate

annual reports. It also includes the definition of forwlarking information and the
arguments for and against this type of mfation. Section 2.4 summarises the
methodologies used to measure the quality of corporate disclosures. This summary
reviews three major proxies for disclosure quality. These are: management forecasts,
selfconstructed disclosure indices, and subjective iran g s s u c hFAFa s 0 Al

disclosure ratings©é. Section 2.5 discuss:é¢
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analysis methodology. These include: the definition of content analysis and the
evaluation of traditional content analysis. Section 2.6 highligigsimportance of the
computerised content analysis in general &hdlist in particular in the qualitative
research. Section 2.7 focuses on the benefits of udiist software in the present

study. Section 2.8 summarises the main issues discusseccimegter.

2.2. The Importance of Annual Reports to Financial Analysts

Information is disclosed by firms in a number of ways. In addition to the annual report,
there are a number of other sources that might provide investors withreuant
informatonn predicting firmsd future perfor ma
reports, press releases, conference calls and direct communication with afalysts.
measure the quality of corporate disclosures, however, the present study focuses on the

amount of foward-looking voluntary disclosure provided in its annual report narratives.

The decision to focus on the annual report is justified for a number of re&sshsthe

annual report is a statutory document and it is required to be produced on an annual
basis. Secondjring differences are minimized as most companies release their annual
reports within three/four months after the financial yead. Third, gven their
formalized structure, annual reports are more easily comparable among firms than other,
less formal communication channels like press releases or direct contact with analysts.
Fourth, the annual report is consistently ranked highly as a communication source by
different groups of stakeholders (see the review in Chapter 2). Fifth, annual repor
disclosure scores are positively correlated with other media of financial
communications (see Botosan, 1997 and Land Lundholm, 1993)suggesting that

firms coordinate their overall disclosure policy. However, caution should be used in

interpreting theresults: to the same extent that several means of communication are
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positively correlated, the marginal effect of voluntary annual report disclosures is likely
to be overstatedrinally, for a technical reason, | use the annual report alone in this
study because it is available on an electronic version for large numbers of UK
companies orDialog so | can score these reports automatically Nizlist Other

sources of information are not available electronically for large numbers of firms, but it
is recognisd that in practice investors are likely to use all sources of information to

inform decisions about companies.

The main purpose of corporate annual reports is to provide information that is useful to
investors and their advisotsMany researchers, sucls ®ay (1986), Schipper (1991)
and Williams et al. (1996), argue that financial analysts are considered as one of the

most important users of accounting information.

A number of studies have addressed the usefulness of annual reports to financial
analystsThese studies can be divided into two categories. The first focuses on eliciting
anal ysts6é opinions regarding the types of
making their decisions. The second focuses on studies based on content analysis of

ana st sd reports.

Different methodologies are applied in the first group of studies, including
guestionnaires, interviews, protocol analyses and experimental studies. A brief
summary of these studies is listed in Table 2.1. Most of these studies concluithe that
annual report is the most important source of information, that the income statement is
more useful than other financial statements and that direct communication with
management is an important source of information. Also, some of these studiesrfocus

the importance of nehi nanci al information, such as

® The annual report also provides useful information for a wide rangghef users. They include
managers, unions, customers, debtors, creditors and employees.
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competitive position and business segment data (e.g., Pankoff and Virgil, 1970 and SR,
1987) Only Mear et al. (1987) conclude that balance sheet information is more
importantt han i ncome statement i nformati on. Ep
financial analysts regard annual reports as an important source of information,
particularly the managementds discussion
letter. Beattie and Ratt (2002) find that management discussion and analysis items are

rated highly by professional and nprofessional userslheseresults areconsistent

with Schipper (1991) who suggests that annual report narratives are the most important

source of information for professional users such as financial analysts.

One limitation of all these studies is that they focus on what analysts say about the
information they use in making their decisions. However, these studies do not actually
investigate the type ohformation that financial analysts used in writing their reports.

Also, it is difficult to generalise the results of these studies because the sample sizes
used in some of them are relatively small. Finally, there is a possibility that the
instrument (i.e a questionnaire oani nt er vi e w) used to coll ect

adverse influences upon their respohse.

The second group of studies, and the group most closely related to the present study,
contairs papers that use a content analysis approdttis approach is used to
investigate the types of information that are actually used wsselld e f i nanci al ‘

reports. Using this approach helps to overcome the problems inherent in the

* More specifically, questionnaires, for example, are standardised. They contain a tioviteer and

type of information items identified by the researcher. Thisead r ai ns t he anal ystoés ct
items that they may find usefly allowing frequent space for comments, however, the researcher can

partially overcome this disadvantage. The second disadvantage of using questionnaires is that respondents
may give superficial answers, especially if a long period of time is needed to answer many questions.

There are also many disadvantages of using interviews. The most crucial one is that the findings of a
study based on interviews are basically dependent en th e sear cher 6s skill s in
analysing the data and in ensuring confidentiality.
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methodologies used in the previous studies, by focusing dimtieoutput of financial

anal ystso

wor k.

Table 2.1. Summary of Studies of the Usefulness of Accounting Information to Financial Analysts

(In chronological order)

Author(s) and Year

Research objectives

Methodology

Findings

Pankoff and Virgil
(2970)

Examining the
usefulness of annual
reports information and
other information to
financial analysts.

Experimental study.

Analysts find that non
financial information
such as general
economic and
industries information
is more important than
financial satements
information.

Chandra (1975)

Investigating the
information needs by
financial analysts.

Questionnaire.

Income statement in
general and EPS in
particular are more
important than balance
sheet information.

Horngren (1978)

Investigating the
information needed by
financial analysts.

1-Review an
reports.
2- Interviews.

1-Annual report in
general and income
statement in particular
is the most important
source of information.
2-Communication with
managers is an
important source of
information.

Arnold and Moizer
(1984)

Identifying the process
used by financial
analysts to appraise
investments in ordinary
shares.

1- Questionnaire.
2- Interviews.

1-Analysts use the
following sources of
information:

Income statement,
balance sheet and the
interim results.

2-The most important
sources of information
are discussions with
management and the
chair manos

Biggs (1984)

Examining the
information used by
financial analysts to
assess corporate earnin
power.

Protocol Analysis.

Analysts use income
statement information,
such as operating
performance ratios,
more frequently in
assessing corporate
earnings power.

Moizer and Arnold
(1984)

Comparing the
information used by sell
-side and bwside
analysts.

1-Questionnaire.
2- Interviews.

Sell-side angysts
consider the annual
report, interim reports
and discussions with
managers as importan
source of information.
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Chang and Most (1985

Examining the
information used by
individual and
institutional investors.

Questionnaire.

The annual report is th
most important source
of information.

Day (1986)

Studying the usefulness

of the annual report to
financial analysts, who
followed the chosen

company and those whc

do not.

1- Protocol Analysis.
2- Content Analysis.

1-Analysts use the
annual eport
information more
frequently.

2- Specialised analystg
use other sources of
information about
future prospects such
as industry statistics,
preliminary figures and
company contacts. In
contrast, non
specialised analysts ug
past information such
as preious accounts
and share price data.

Bouwman et al(1987)

Investigating the
information used by
analysts to make their
decisions.

Protocol analysis.

Analysts frequently usé
income statement,
segmented information
information about
products and markets.

SRI
FERF (1987)

Identifying the
information needs of
both individual and
professional investors.

1- Questionnaire.
2- Interviews.

1- Analysts frequently
use the annual report,
but they ranked
communication with
management as the
most important source
of information.

2- Analysts are also
interested in
information about the
companyds
competitive position,
management goals an
objectives, segmented
information.

Mear and Firth (1987)

Assessing the
importance of
information to analysts
when they rake their
decisions.

Experimental study.

Analysts use balance
sheet information more
frequently than income
statement information.
These include net
assets, proprietorship
ratioandliquidity.

Mear and Firth (1988)

Examining the relevancg

of the annual neort
information for risk
assessment.

Experimental study

Analysts use balance
sheet information such
as net assets,
proprietorship ratio ang
profitability ratios for
assessing
risk.
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Weetman et al(1994)

Examining the views of
analysts onhe content
of the Operating and
Financial Review (OFR)
statement.

Interviews.

1-The annual report is
the most important
source of information.
2- The OFR statement
contains useful
information to analysts
in making their
forecasts.

Brown (1997)

Determiningthe
usefulness of the annua
report and the interim
report to sekside
analysts.

Questionnaire.

Annual reports and
interim reports have
useful information for
financial analysts

Barker (1998)

Examining the economi
incentives of finance
directors, anafsts and
fund managers with
respect to stock market
information flows.

1-Observation.
2-Questionnaire.
3-Interviews.

Anal ystso
information are direct
contact with the
company, a
meetings, interim and
annual results
announcements and
othe presentations for
groups of analysts.

Mavrinac and Siesfeld
(1998)

Examining the
usefulness of nen
financial information to
analysts.

1- Questionnaire.
2-Experimental study.

Analysts rely on non
financial information
when making their
decisions. These
include the execution
and the quality of
corporate strategy,
management credibility
and experience and
market share.

Epstein and Palepu
(1999)

Examining the
usefulness of narrative
disclosure in the annual

report to financial information,

analysts. particularly the MD&A
and the pr
letter.

Questionnaire.

Financial analysts rank
annual reports as an
important source of

Beattie and Pratt (2002

Examining the annual
report wuser
a comprehensive set of
130 disclosure items.

1- Questionaire.
2- Follow-up telephone]
interviews.

Narrative disclosures
such as disclosure of
broad objectives and
strategy, together with
some of the
management
discussion and analysi
items, background
items, risk items and
innovation value driver
items are ratechost

highly by all users.

Content analysis has been used in the accounting and finance literature at least since

1976. Thi s met hod i s defined Jones an

by

method, which draws inferences from data by systematicalitifgimg characteristics
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within the databo. The authors also provi

approach in accounting and finance between 1976 and 1993.

By examining analystso reports, this meth
types of information that are used by analysts in their decisiaking process. Hence,
one can evaluate the usefulness of corporate disclosure to one of the most important

users of financial reports.

Academic research in t he epontsincludeadorngoen, cont
1978; Govindarajan, 1980; Previts et al., 1994; Bricker et al., 1995; Mavrinac and
Boyle, 1996; Rogers and Grant, 1997; Breton and Taffler, 2001; Rogers and Fogarty,
2001; Bradshaw, 2002; and Abdolmohammatial., 2003. Of thesdhe following

articles are the ones which most closely relate to the present study.

Rogers and Grant (1997) is the first study which investigates the link between the
information published in annual reports and the information cited by financial analysts
in their reports. Unlike Previts et al. (1994), their study identifies the potential sources

of the information includedinsedli de f i nancial analystso refg

Rogers and Grant (1997) investigate a sample of 187 US sell e f i nanci al
reportson publicly quoted firms, whose financial years ended between July 1, 1993 and
June 30, 1994. They use the O6sentenced as
of each analyst report. They then classify each information unit into one of six
categoies: financial and operating data, analysis of financial and operating data,
forward-looking information, management and shareholder information, firm
description, and description of the fir mé

each category tde information included in annual reports.
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The results of the Rogers and Grant (1997) study indicate that financial statements
provide only about 26% of the information included insell de anal yst so r ¢
that the income statement is considerethasmost important source of information for
financial analysts. In addition, they find that narratives in US annual reports are the
most important source of information used by financial analysts. They find that the
MD&A and t he ¢ hai ramamadditionalt26% & the mformatiom n t
cited i n an Sdrpyisingly aroumdet®¥ of the information comes from
external sources. These findings are consistent with the argument by Anandarajan et al.
(2000), who state that current accountimggpices force the users of the annual report

t o rely on other sources o f i nfor mati on
technologies, knowledge capital and procedures appear relevant to the market they

serve.

The most crucial finding in Rogers and Gr§t997) is that narrative disclosures in the
annual report, especially the MD&A section, are the most important source of
information for financial analyst#\ Significant portion of these discussion sections are

cited by financial analysts in their repsr

Other studies also highlight the importance of narrative reporting tsidellfinancial

analysts. Breton and Taffler (2001), for example, find that UK financial analysts use

i nfor mati on about management , company S |
envronment in making their recommendations. Additionally, Mavrinac and Boyle

(1996) investigate the extent to which sgtle analysts use ndimancial information in

making their decisions. They find that analysts following growth firms refer to customer

® Rogers and Grant (1997) find that annual report narratives provide, on average, 40 percent of the

information <cited i n an #ck thatthe @mounttgd commos .inforiMatione v e r
provided by both narrative sections and the financial sentences is 14 percent. Therefore, their results
indicate that narrative disclosures incrementally

reports.
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and activity information more frequently than analysts following slowly growing firms.

Moreover, they report that analysts following growth firms refer to detailed information
about new products, research and development and other innovation investmaats, wh
analysts following slowly growing firms concentrate on internal operations and
manufacturing information. They also observe that analysts following service firms
publish detailed information about employees, their training and the efficiency of

serviceprovisions.

A further group of studies examine the usefulness of particular parts of the annual report
discussion section. For example, Steele (1982), Abrahamson and Amir (1996) and
Smith and Taffler (2000) argue that the information content of therolaain 6 s st at e me
is useful with respect to the future performance of the reporting firm. Clarkson et al.
(1994) and Bryan (1997) focus on the i mpo
Schleicher and Walker (1999) and Walker and Tsalta (2001) empHasigagdortance

of the Operating and Financial Review (OFR).

The literature cited above highlights the importance of the annual report discussion
section. This importance can be attribute
which means that pagerformance has become a less useful guide to future prospects

and (2) the growth of intangible assets, including those generated from intellectual
capital, that are not recognised in the 1t
2002). As menbned before, the aim of the thesis is to examine the economic
consequences of increased the leveluntary annual report narratives disclosures.

More specifically, it examines the effect of forwdoabking disclosures in annual report
narratives ontheanr k et 6 s abi l ity to anticipate fut

following section provides further discussion relating to the importance of forward
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looking information. It starts with a definition of forwalaloking information. Then, it
discusses #arguments for and against this type of information. Finally, the studies that

emphasise the economic benefits of this type of information are reviewed.

2.3. Forward-Looking Disclosure

2.3.1. Definition of Forward-Looking Information

Information publisked i n the annual repor t-lookiegn be ¢
informationdoakidndgf dbnfvar domking mfardhation Befersk wa r d
to past financial results and their related disclosures. Foflwakihg disclosure refers

to information oncurrent plans and future forecasts that enable shareholders and other

i nvestors to assess a companyods -ldokingur e f |
information involves, but is not limited to, anticipated operating results, anticipated
financial resotces, changes in revenues, cash flows and profitability. Forlwakihg

information also involves risks and uncertainties that could significantly affect actual
results and cause them to differ from projected results. These risks and uncertainties
include local, regional and national economic conditions, domestic and international
political events, the effects of governmental regulation and the competitive environment

in which the company operates. In many cases, one can identify felvedidg
sentenceby terms such as o6l i kelyod, owi |l I 6, o f

0predict, 6 or other comparable terminol og)

The definition of the backward and forwabking information isnot as simple as
stated above. This is because, in many casesie types of information may be
categorised as backwalabking while they carry messages which have relevance for
the future. For example: if the CEO repgirt the annual report that the level of R&D

expenditure was increased by 10% last y&hars semence definitely referto the past
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However it impliesthat such investment in R&I3 expected tdead to an increase in

the future cash flow.

2.3.2. Arguments for and against ForwardLooking Information

There is a large literature that attempts to aixpwhat motivates firms to voluntarily
disclose additional information. Healy and Palepu (2001) and Walker (1997) provide
comprehensive reviews of this literature. This section focuses only on one type of

discretionary disclosure, forwatdoking informaton.

There are various arguments concerning the merits of publishing felwadtg
information. For example, Keiso and Weygandt (1995) present these arguments: (1)
forward-looking information will be helpful to investors in their investment decision
making process, (2)he absence of forwartboking information may lead investors to
base their forecasts on inaccurate information from other sources (e.g., inaccurate
analyst forecasts), and (3) the economic environment is too dynamic to rely on

historical hformation only.

In addition, Bujaki et al. (1999) argue that the publication of forwao#ing
information in the annual report is useful for reducing the degree of information
asymmetry bet ween manager s and i nvfest or s
external financing. This argument is consistent with the capital markets transactions

hypothesis as a motivation for voluntary disclosure (Healy and Palepu, 2001).

On the other hand, there are arguments against the inclusion of fdow#nag
disclosurs. First, because of the uncertainty associated with the future, it might be
difficult to predict with accuracy. In addition, firms might leverage their performance
towards the level of their forecasts (Kasznik, 1988condjnaccurate forecasts might

lead to lawsuits. This is consistent with the litigation cost hypothesis (e.g. Field et al.
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2003) . Litigation might reduce dokinpanager
information. This is especially true when managers believe that the legal systeoh cann
distinguish between forecast errors due to uncertainty and deliberate management bias
Third, forward-looking disclosure might provide useful information to competitors and
hence, might affect its competitive position in product markets. This is cemsisith

the proprietary cost hypothesis (Healy and Palepu, 2001).

2.3.3. The Nature of ForwardLooking Information

Studies that look at how forwaidoking information is presented in the corporate

annual report show that this type of information can bealiative, quantitative,

financial or norfinancial. For example, Bujaki et al. (1999) use the content analysis
methodology to describe the nature of forwhroking information published in the
chairmanés statement and t hEheyMim&hat19.280 46 (
of information included in the c-+Hoaking. manos
In addition, they observe that most of the forwkroking information is qualitative and
companyspecific. Another important finding in Bujaki et. §L999) is that good news
dominates bad news. Good news disclosures account for 97.5%, while 2.5% of forward
looking information is bad news. This argument is broadly consistent with the findings

in Clarkson et al. (1992 and 1994) and Clatworthy and J@Q€s3).

Clarkson et al. (1992 and 1994) argue that managers tend to publish favourable
forward-looking information in their annual reports. The findings in Clatworthy and

Jones (2003) suggest that UK companies prefer to report positive aspects of their
performance. In addition, their study shows that UK companies prefer to take credit for

good performance themselves whilst attributing bad performance to external sources.
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In addition to the above studies, large numbers of studies empirically inveshigate
economic benefits of disclosing forwalabking information. These studies are

reviewed below.

2.3.4. The Economic Benefits of Forward.ooking Information

Numerous studieexamine the benefits of forwatdoking information in a variety of
contexts. Thse include the prediction of corporate future performance, the

characteristics of analyst forecasts and stock price behaviour.

A number of studies investigate the usefulness of ford@olling information for
anticipating corporate future performance. eOsuch study is Clarkson, Kao and
Richardson (1994). Clarkson et al. (1994) find that the inclusion of forlwaking

information in corporate annual reports is informative with respect to corporate future
performance. They also notice that the decisorntlude this type of information
depends upon managersodé concern regarding
They demonstrate that firms with good news are more likely to publish fotaakehg

information if financial market considerationsrdimate product market considerations.

Another study that links corporate disclosure with corporate future performance is
Bryan (1997). Bryan (1997) analyses a sample of 250 MD&As. The findings suggest
that indications of envisaged future operations aayital expenditures are associated
with future shorterm performance measures, after controlling for information
contained in financial ratios. Moreover, Clarkson et(4899) provide evidence that

changes in the level of forwaidoking information in he MD&A vary directly with

® The authors use different proxies to capture financial market considerations. These proxies are equity as

a percentage of total assets and total debt and equity as a percentage of total assets. Furthermore, they
interpret product market considecets in terms of barriers to entry. They use three different measures to
proxy for this concept. These measures are capiteé
equity and the foufirm concentration ratio.
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future corporate performance. This suggests that forkeaiing disclosures in the

MD&A provide credible information.

Besides studies that focus on corporate future performance, there are studies that
concentrate on the charagstics of financial analyst forecasts. For example, Barron et

al. (1999) examine the association between corporate disclosure quality and the
accuracy of analyst forecasts. They show that higher MD&A disclosure scores are
associated with more accurate lget forecasts. This result is driven by forward
looking information about capital expenditure and operations. In addition, Walker and
Tsalta (2001) find a positive association between analyst following and the quality of

forward-looking information publised in UK annual reports.

A final group of studies examines the effects of increasing the level of corporate
disclosures on stock prices. Miller and Piotroski (2000), for example, usBdihe
Jones News Retrievalatabase to investigate the effect of theclosure of forward
looking earnings information on stock priceSheir results show that stock returns
around the disclosure of this type of information are more correlated with the next

periodébés earnings t hanlookilgdislesuresf f i r ms wi t |

Frost (2002) finds that the stock market responses to forlwakihg information are
greaterthan their responses to earnings and sales results. More specifically, he shows

t hat the stock mar ket r esponldssiressasgeaiallyf i c an-
to earnings forecastsThese results indicate that the announcement of forlealdng

statements is highly informative in that they cause significant share price revisions.

" The authors use thRow Jones Bws Retrieval Servide search the Dow Jones News Service, the PR
Newswire, the Business Wire and Wall Street Journdbr forwardlooking statements by management
regarding earnings or other measures of performance including sales, cash flows, EBErgins.

8 Frost (2002)efers to norguantitative formard ooki ng di scl osures as O6softo
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Hutton et al. (2003) also look at press releases and findgihad news earnings
forecasts are uninformative when issued without supplemental disclosures. In contrast,
these forecasts become informative when managers supplement their earnings forecasts
with &éver i flooking Istatémentsaegavding thcommtement line items.
These results suggest t h at-lookiagnstatgneents to ma k e

strengthen the credibility of good news earnings forecasts.

Finally, based on a sample of UK companies, Schleicher and Walker (1999) provide
evidence lhat high levels of disclosure in the OFR statement enable the market to better
anticipate future earnings changes. This effect is significant when the authors use a
forward-looking disclosure index and when they use models that examinpeoiogt

ahead andwo-periodahead share price anticipation of earnings.

The stream of research discussed above suggests that fdowokird) disclosures are

valuable to investors because they contain incremental information. This information is
relevant in forecasting fute performance. The evidence also suggests that narrative
disclosures carry valuable information for financial analysts. Finally, the review above

highlights the importance of forwaitdoking information to stock returns.

The present study tries to shearther light on the importance of forwalmbking
information voluntarily disclosed in UK annual reports. This is done by examining the
impact of these disclosures on the informativeness of stock prices for future earnings
changes. In order to achieve tHizonstruct disclosure indices to proxy for the quality

of forwardlooking information in annual reports. Disclosure scores are then linked with
prices leading earnings. Therefore, the following sectiovieves the literature

concerned with the identifition of proxies for the quality of corporate disclosure
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2.4. Proxies for Disclosure Quality

A number of definitions of o6disclosure qu
Diamond and Verrecchia (1991) define disclosure quality as the agcuracf i nvest o
beliefs about stock prices following the disclosure. King (1996) defines disclosure
guality as the degree of setiterested bias in corporate disclosure. Hopkins (1996)
defines disclosure quality as the extent to which current and pétienBators can read

and interpret the information eastly.

It is difficult to measure investorso per
different proxies are used in the literature. In a more recent survey of the literature,
Healy and Palep(2001) review studies that consider different proxies for the quality of
corporate disclosures. They categorise these proxies into three groups: management
forecasts, subjective ratings and smihstructed indices. The purpose of this section is

to critically evaluate the advantages and disadvantages of these proxies.

2.4.1. Management Forecasts

Management forecasts are frequently used by US reseat@H@rst Call Database
provides these forecasts for large numbers of firms. As a result, a large bo&/ of
studies uses these forecasts as a proxy for disclosure quality (e.g., Miller and Piotroski,
2000). The reasons for using these forecasts include the way that they can be accurately
measured. This is due to the fact that managers sometimes provideeittieor range
estimates for earnings or revenues. Also, the exact period of time for these forecasts is
typically identified. Consequently, researchers can measure Vvariables such as

management forecast accu racy.

° All these definitions are cited in Beattie et al. (2001).
91n the UK there is no database containing quantitative management forecasts. Usingmeahage
earnings forecasts in disclosure studies may be an area for future research in the UK (see Chapter 8).
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On the other hand, it is clear that mamaxgntearnings forecast is only one component

of manager so vol un.tCampgniedvolantatily publishediffepeatc k a g e
types of information in their annual reports. For that reason, it is often not sensible to

use this type of information only foroxy for the overall level of corporate disclosure

quality.

Overall, using management forecasts as a proxy for corporate disclosure in-market
based accounting research can be expected to enhance the power of the regression
analysis. On the other harsljch forecasts cannot necessarily be used to represent the

guality of the firmsdé overall disclosure ¢

2.4.2. Subjective Ratings

Subjective ratings provide aggregate measures of corporate disclosure quality. The most
common ratings are the US rating®vided by the annual survey of the AIMRAF for
the years 1980 to 1995. Below | provide a brief review of AMAF ratings and some

other subjective ratings that are used in the literdfure.

AIMR-FAF ratings

Every year a number of financial analystsema industryspecific subcommittees to

evaluate the disclosure quality of firms relative to their industry peers. Evaluating
disclosure quality is based on three media: disclosures in annual reports and required
published materials, disclosures in qudyteeports and other nerequired published
material s, and information provided throu
measure of a firmés disclosure quality 1is

individual category ratings. AIMAEEAF ratings have been used in several studies, such

1 Details on AIMRFAF disclosure ratings are given in Lang and Lundholm (1993, 1996), Healy and
Palepu (2001) and Core (2001).
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as Lang and Lundholm (1993, 1996), Lundholm and Myers (2002) and Geld and

Zarowin (2002).

The advantages of AIMRAF ratings can be summarized into three main points: (1)
the ratings cover all the variodssclosures made by firms, including verbal information
given during analysts meetings and conference calls, (2) experts from brokerage firms
provide these ratings. Hence, they are likely to be a reasonable proxy for corporate
disclosure quality. This isdzause financial analysts are able to assess the information
needs of the industry and they are familiar with the disclosed information and its use
during the year and (3) errors in the judgment of individual analysts are diversified

away when aggregatirigdividual scores into consensus ratings.

On the other hand, AIMEEAF ratings potentially have some serious problems. These
include: (1) the ratings are not necessarily based on examining the original corporate
reports (see Lang and Lundholm, 1993). Theoer e , anal ystso opir
subjective and inconsistent, (2) as discussed in Healy and Palepu (2001), it is not clear
whether financial analysts take these ratings seriously and how they select firms to be
included in the ratings. It appears that AINHRF ratings are biased towards the largest

firms in each industry and (3) AIMIRAF ratings were discontinued in 1997 with the

last year of the disclosure scores being 1995. Thus, these ratings become increasingly

dated.

Other subjective ratings

Researcheraise a number of other subjective ratings to proxy for the quality of
corporate disclosures. Examples of such ratings include Financial Post ratings (Sutley,
1994), Australian Stock Exchange ratings (Brown et1#99), SEC ratingéBarron et

al., 1999),Society of Management Accountants of Canada (SMAC) ratings (Richardson
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and Welker, 2001), Actualidad Economica ratings (Blasco and Trombetta, 2002) and
Center for International Financial Analysis and Research (CIFAR) ratings (Hope,
2003a, b and c). In athese studies, it is not clear whether these ratings are based on
I nvestigating the publications of firms

accountantsoO general opinions regarding tfF

One way to mitigate the inherentgblems in subjective ratings is to use self
constructed disclosure indices that are based on a list of disclosure items in evaluating

the quality of corporate disclosure.

2.4.3. SelfConstructed Disclosure Indices

The concept of disclosure quality is vetifficult to assessThis is because this concept

refers to the extent to which current and potential investors can read and interpret the
information easily(see Hopkins1996).Measuringi nvest or sé6 perceptio
disclosure qualitys not an egy task In addition, it is difficult to measurqualitative

attributes of the annual report or other disclosures such as reliability, diagnostic, value

and the interaction between different report ites. a result, researchers tend to
assume that theamount of disclosure on specific topics proxies for the quality of
disclosure(see Beattie et al., 2002h addition, disclosure index studies assume that the
guantity of corporate disclosure and the quality of corporate disclosure are positively

related (Btosan, 1997).

Cerf (1961) seems to have been the first study to evaluate the extent of corporate
disclosure through the construction of a disclosure index. Since Cerf (1961), researchers
have extensively used disclosure indices to assess, comparepdaid diferences in

the amount of information disclosed in corporate annual reports. Marston and Shrives

(1991), Schleicher (1996) archadewitz and Blevins (1997) provide comprehensive
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reviews of the use of disclosure indices in evaluating the quafityooporate

disclosures.

Selfconstructed disclosure indices can be classified into two groups. The first group
reflects more or less all items that are published in annual reports. However, these
studies do not match the items in the disclosure index gpeaific user group (see

Cooke, 1989a and b, 1991; Schleicher and Walker, 1999). The second group links the

included disclosure items to specific user groups (see Wallace, 1988).

Another classification is provided in Beattie et al. (2001). The auttiassify sel
constructed disclosure studies as a partial content analysis and a holistic content
analysis. In a partial content analysis, researchers identify a list of disclosure topics.
They then texsearch the annual report for the presence of ttgses. In a holistic
content, analysis researchers investigate the whole annual report to construct their

disclosure index.

The construction of a disclosure index typically involves three stages:
Selecting the preliminary list of disclosure topics

The first stage is to select the items of information which might appear in the annual
report. Wallace and Nasser (1995) state that there is no general theory on the items to be
selected for investigating the extent of disclosure. The selection of the prejirigtar

of disclosure topics is usually based on reviewing the literature and on reading a sample

of corporate annual reports.

Including large numbers of disclosure topics in a preliminary list can assist the users of
financial reports in selecting the mio®levant disclosure topics. This decreases the
subjectivity and bias that would be involved if the researcher presents only a few

disclosure topics that represent his/her own opinion regarding the topics that should be
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disclosed. On the other hand, tinelusion of too many topics in a preliminary list is a
concern if financial analysts, for example, perceive the task of weighting these items as

too big to give it focused attention (Hooks et 2000).

Selecting the final list of disclosure topics

Selecting the final list of disclosure topics is the most crucial stage in determining the
final ranking of annual reports. When constructing that list, most disclosure studies
explicitly refer to a particular user group. The resultant list is then restitictédms

which are likely to be relevant to that particular user group.

Different methodologies are applied in the literature to select the final list of disclosure
topics. These methodologies include: (1) sending out questionnaires to the users of
financial reports, (2) conducting interviews or (3) relating to recommendations provided

by the accounting profession and accounting standards.

Measuring the quality of disclosure

Once the final list of topics is identified, the researcher can use this lisedteca
disclosure score for each firm. First, an appropriate score is allocated to the firm if its
annual report contains a particular piece of information. These scores represent the
partial scores. Second, individual scores are then aggregated irttl andex which

summarises the overall quality in a single number.

Disclosure indices normally measure the extent of corporate disclosure by allocating a
score of 1 for the presence of disclosure topics and a score of 0 otherwise. In some
studies (e.g., Rih, 1980), disclosure topics are weighted for their relative importance.
The crucial point is that the choice between these different weighting methodologies
frequently does not significantly change the research results (Schleicher, 1996). Chow

and WongBoren (1987) and McNally et al. (1982), for example, find that the level of
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voluntary disclosure increases with firm size. Their result is obtained regardless of
whether they use the importareeighted or equalleighted index as the
independent variabld hi s appears to indicate that o6f)
important items are also better at disclosing less important items and therefore are

consistent in their disclosure policyod (Sc

Corporate disclosures are not easyvaluate because the construction of a disclosure
index requires subjective assessments by the researcher(s). As a result, it is essential to
assess the reliability and the validity of the disclosure measure. The following two
subsections discuss the ddtibn of these concepts. They also provide a detailed

discussion regarding the way to measure these concepts.

2.4.3.1. Assessing the Reliability of a Disclosure Index

A central problem of content analysis is related to the data reduction stage when the
whole text of a report is classified into a much smaller set of content categories. Weber
(1990:12) argues that 0to make wvalid infe
classification procedure be reliable in the sense of being consistent: differeple

code the same text iIin the same way?o. I n ac
problems [are] usually caused by the ambiguity of word meanings, the ambiguity of
category definitions or other ctdhérearg r ul e
two forms of reliability that must be assessed within content analysis: stability and

reproducibility.

Stability is concerned with the extent to which the results of content classification are
stable over time. Stability can be established wtiee same text is coded more than
once by the same researcher. Inconsistencies in coding lead to unreliability. These

inconsistencies can arise if the coding instruments are ambiguous, cognitive changes
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within the researcher or simple errors such as dagrthe wrong text unit for a
category. Stability is considered the weakest form of reliability. This is due to the fact

that only one researcher codes the text.

The second type of reliability is reproducibility, also known as irggability.
Reproduibility is related to the extent to which content classifications yield the same
results when the same text is coded by more than one researcher. Conflicting coding
usually results from cognitive differences among the researchers, ambiguous coding
instrudions or errors. The main difference between stability and reproducibility is the
fact that stability measures the consiste]

reproducibility measures the consistency

A common way to achieve inteeliability is by using several researchers and ensuring
that differences between the researchers are few or that differences have -been re
analysed and then resolved. Also, developing a set of explicit andspesified

instrunents or using computer software helps to increase reliability.

2.4.3.2. Assessing the Validity of a Disclosure Index

The second problem deals with the validity of variables used to identify the content
classifications. Validity is referred to as the extentvhich a study accurately reflects

or assesses the specific concept that the researcher is attempting to measure. It is argued
that content analysis itself is only valid to the extent that the results are related to other
measures (Shapiro and Markof997)*?O6 Connor (2003) suggest s

assessing validity. These are face validity, content validity and construct validity.

12 For example, Bot@ (1997) supports the validity of her disclosure index by four analyses. These are:

(1) the correlation among the components of disclosure index, number of analysts and the number of Wall
Street Journal articl es, (cBrielatiorbetweradistioduse smomeahd i ci e
firm characteristics identified in prior studies to be associated with the level of corporate disclosures, and

(4) the correlation between the disclosure scores and the AlMRdisclosure scores.
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Face validity is an assertion that the researcher reasonably measures what he/she
intends to measure. Usually, a reskar can ask a colleague or an expert to confirm

that the classifications measure what the researcher intends to measure.

Contentvalidity is an assertion that the researcher covers most of the classification
items. There are different ways to estimate thit one way in the disclosure indices
studies is to calculate the correlation between disclosure scores calculated byia labour
intensive approach and a computerised approach. The current study presents this

comparison later.

Constructvalidity is relatel to the extent to which a classification scheme is thoroughly
grounded in the theory and empirically used by different researchers. For example, it is
possible to support the validity of disclosure scores by finding a significantly positive
correlation letween corporate disclosure scores and firm characteristics identified in
prior literature to be associated with the levels of corporate disclosures (see Footnote

12).

2.5. Content Analysis
2.5.1. Definitions

There are many definitions of content anady3ihe most widely accepted definition is

the one offered by Berelson (1952). Ber el
research technique for the objective, systematic and quantitative description of the
mani f est cont ent ofl y¢ o nnaurmiecyat (i ond2 : 2Sli)mi d
research technique for making inferences by objectively and systematically identifying
specified characteristics of messages©®6.

as Oa resear ch t eabienandgvalid inférences from kiatantather e p | i

cont ext 6. Ot her definitions are provided
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2.5.2. Evaluation

Content analysis has many advantages. First, it looks directly at texts and, hence, looks
at a central aspect obsial communication. Second, it is easy to perform, and it allows
both quantitative and qualitative analyses. Third, it provides valuable historical insights
through the analysis of textual content for different periods. As a result, it is useful for

examning trends and patterns in documents over time.

Traditional content analysis via manual reading is generally more effective than the
computerised analysis in identifying certain themes in the texts. But the traditional
approach has been the subject @nm criticisms. In particular, this approach can be
extremely timeconsuming and expensive, specifically when one analyses large
volumes of textual data. Also, human coders could make mistakes during their analyses.
They could overlook some text of relevarontent, potentially affecting the validity of

the measure.

One way to reduce the limitations of the traditional content analysis is to use the
computerbased content analysisThe rext section provides detailed discussion

regarding this approach.

2.6. Computerised Content Analysis
2.6.1. Overview

Increasingly, researchers in various disciplines are using computer software packages to
identify and access content, to create content categories and to analyse the occurrence

and frequency of terms in context.

Holsti (1969) suggests four cases in which the use of computerised content analysis
might be useful. These are: (1) when the unit of analysis is a word and the analysis is

concerned with how many times a word is used, (2) when the analysis is extremely
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complex because of a large number of texts or a large number of categories, (3) when
the analysis involves analysing the data in multiple ways, and (4) when the data is of

basic importance to a variety of disciplines and might be used in multiple studies.

Holsti (1969) also suggests another four cases in which the use of computers might not
be suitable. These are: (1) when the research involves a single expensive specialised
study, (2) when the number of documents is large but the information is limited, (3)

when the research calls for measures of space or time, and (4) when thematic analysis is

being used.

The computebased content analysis has several advantages over the traditional content
analysis. If the materials are archived in an electronic databzese,the computer
program can provide an organised storage
quickly and easily store text files in one place. The computer program helps a researcher

to locate the data easily, whether this data is an idea, a statearphrase, or a word.

Also, the search for text can be easily accomplished with a computer program. This

helps a research&r avoid using manual archives to make copies of the texts.

Furthermore, electronic archives are designed to provide advancagdhisg
capabilities to help identify relevant content. Computers minimise the time needed for
routine counting. They might also produce high levels of reliability, assure greater

degrees of reproducibility and reduce the problems of researcher bias.

Finally, the computebased content analysis is more flexible than the traditional content
analysis. At any time during the coding process, decisions can be changed. In such cases
computer software packages allow the researcher to easily try different cgtihrie

assess the impact of any new decisions on the resulting output.
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2.6.2. The Use of Nudist

Nudistis a computer program designed to aid users in handlinghmowerical and
unstructured data in a qualitative analysis. In the present Studlstis used to assist
i n the identification of the disclosure i

automaticallyscore large samples of annual report narratives.

Recently,Nudisthas been used in accounting studies to explore the type of information
published in UK annual reports (see Beattie et 2002), US annual reports (see,

Schnatterly, 2003) and US analy®3tso6 report

The present study has several of the attributes that Holsti (1969) mentions for a
successful appation of computerised content analysis. In particular, the analysis
involves large text files easily accessible in an electronic format and the data is analysed
in multiple ways. The main benefits of usiNgidistin my study include: (1) the ability

to dore and organise files, (2) the ability to parse the data down to a manageable size,
(3) the ability to identify and index every text unit in the file as an individual object for
the purpose of analysis, (4) the ability to search the text units for ispecifds and
variants of those words, (5) the ability to count the frequency of given key words, (6)
the ability to score very large numbers of text files at low marginal costs, (7) the ability
to compare disclosure scores across firms and over timehg@hility to combine the
results of words searches wusing Boolean c

ability to export the results into a spreadsheet and then into a statistical analysis

13 A number of dsclosure studies use different computer software packages. These IWEORRSsee

Frazier et al. (1984)WordCruncher(see, e.g., Previts et al., 1994, Bricher et al., 1995, Previts and
Robinson, 1996 and Rogers and Grant, 199/K)RDS OCPandSPSSX (see Smith and Taffler, 2000),
SATO(see Breton and Taffler, 2001) a@Eneral Inquirer(see Kothari and Short, 2003). In addition,
Abrahamson and Amir (1996) use their own developed computer program and Clatworthy and Jones
(2003) use a computer program lewmer they did not mention to its name.
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package, like SAS or SPSS, and (10) the ability to replidaestores easily in

subsequent disclosure studies.

Nudisthas three major functions for analysing textual data. These are text search, node

search and command files. The nature of each function is described*below.

Text search

Nudistallows searching forhe frequency of a single key word. However, unlike word
processors that allow the researcher to search only one text file at altidistallows

searching for a single key word across several text files at the same time.

The textsearch results in a nemode including all identified text units. For example, if
one wishes to code any sentence referring
this is to textsearch the document for this key word. Therdistautomatically collects

all sentencesrefarrng t o t his key word in one catego

In addition, Nudist provides a report containing all text units for each searched key

word. In the report, one can see the searched key word, the name of the document and
the text units associated withe searched key word. The example on pagehbws the
results of a search for the key word oOres
where company nhames are replaced with thatastreancodes. Only the last firm has

two text units including th key word. Each text unit is linked with a number. This

number represents the location of the text unit within the annual report. A statistical
summary is provided for each firm, which includes the percentage of the identified text

units out of the totahumber of text units in the whole annual report. For example, the

statistic summary for the last firm in the example is 2 text units out of 229. Finally, an

14 Details on theNudist commands, dialogs and functions are given in Richards (2000a) and Richard
(2000b).
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overall summary is provided for the whole sample. This includes the total number of
text units foud, percentage of reports that are associated with the key word, and the
total number of text units in the whole sample.

Example: Report created MNudistfor a textsearch of five annual reports for the key
word Oresearch and devel opment 6.

QSR N5 Full vesion, revision 5.0.

Licensee: Manchester University

PROJECT: Example, User Khaled Hussainey, 11:11 pm, Dec 13, 2003.
+++++++++ -+
+++ Text search for 'research and development'

+++ Searching document 13508

+++ Searching document 135090...
+++ Searching document 135116...
+++ Searching document 135229...

+++ Searching document 135869...
RESEARCH AND DEVELOPMENTexpenditure for the year again increased by
6%. 36
We carry out primarlRESEARCH AND DEVELOPMENTwith ownership of the
intellectual properly, resulting in unique and patemttected technologies with rea
longevity. 77
+++ 2 text units out of 229, = 0.87%
+++++++++ -+
+++ Results of text search for ‘'research and development”
++ Total number of text units found = 2
++ Finds in 1 documents out of 5 online documents, = 20%.
++ The online documents with finds have a total of 229 text units,

so text units found in these documents = 0.87%.
++ The selected online documents have a total of 1731 text units,

so text units found in these documents = 0.12%.
++++++++++H+H+H

Text searches iftNudist have four basic forms. The nature of each form is described

below.

String searches

String searches are used to find specific words and phrases in the text files. When
running a string searcudistwill find all text units that contain identical occurrences

of the string, whether the word stands alone or is embedded in a larger expression. For
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example, if one searches for the word ‘estimbitedist will find text units such as

Oestimamadesdesbesti matedd, Oounderesti mat e
6overestimat ed, 6overestimat eso, and Oove
the search only to the word "estimate', t
function.

Pattern searches

Pattern searches find words with similar meanings or with different tenses. For

exampl e, occurrences of any of the words:
forecastedod, 6is forecast i §gyping daha gattebnar e f
O forecast| forecasts]is forecasted]| ar e

Furthermore, this search type finds occurrences of words that have a common stem. For
exampl e, the words Oprofiténd byéhoosing the s 6 a i

pattern oO6[profit]profits|profitability]o.

Case sensitive searches

This refers to the ability dfludistto find all occurrences of a single key word exactly as
the researcher types it in. For example, if the researcher types a keynimsei case,

any occurrence at the start of a sentence will be excluded from the results.

Whole word or phrase only searches

In this case the search is restricted to the exact key word. The search will not find any
key word embedded in a larger conceptegpression. For example, if the researcher
sear ches f or Nutisiwll findalt sentedces that irclude this exact word

owill 6. The word 6égoodwill 6, for exampl e,
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Node search

Node searches offer a uniqteol for crossexamination of data via coding with a
|l ogically complete set of ways of asking

coding (Richards, 2000a).

There are seventeen Boolean search options that allow the researcher to perform more
compkx searches iNudist The most important options include intersection, union,

overlap, matrix and vector searches.

The intersection search collects otdxt units that are common to the named nowles

new node In the present study, this search fuontiis used to collect all coded
sentences with a relevant topic, only if they are also coded as folvakidg
sentences. A union search collects all the text units from the named nodes in a new
node, while the overlap sear@ihds all text units coded any of the named nodes if

they have at least one text unit in common.

A useful feature oNudistis its ability to export the main results to a spreadsheet
through using the matrix and vector search features. These features assist the researcher
to obtan the intersections between different nodes in one stage, thus eliminating the

need to perform repeated tasks to accomplish the same goal.

Command files

Using Command files allows one to analyse large samples of text files very quickly. A
command file isa short instruction that functions much like a macro to automate

repeated tasks, such as importing and-$esrching a large number of documents.

2.7. The Present Study

In evaluating disclosure index studies, one can observe the following limitatiosis: Fi

most of these studies are based on the information included in annual reports. Although
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the annual report is the most important source of information to various users, there are
other disclosure channels employed by firms in their communication wereht

users. These channels include presentation to financial analysts, interim reports and
conference calls. Second, the methodology adopted in the previous literature has the
following drawbacks:

1- Themethodology can be characterised as a-tim@suming process. One can spend a
long time in selecting the information items in corporate annual reports and to score a
sample of these reports.

2- Partial content analysis (where a researcher includes a few topics that represent
his/her opinion regardinghé items that should be disclosed) involves subjectivity and
bi as. Hence, it constrains the analystsbo
be useful in their decisiemaking process.

3- The process of ranking the importance of the-prepareddisclosure items by the
users of financial reports reflects their opinions about the information disclosed in
financial reports, not the actual types of information they used in making their

decisions.

The present study uses setfnstructed disclosure dites to measure the quality of
corporate disclosur€. However, it uses a new methodology $elect the list of

disclosure topics

An i mportant feature of this methodol ogy
reportsto select the final list bdisclosure itemsit focuses on the types of information
that financial analysts actualhefer toin their reports. Thus, it avoids any potential

research bias.

15 Following the discussions in Botosan (1997) and Beattie et al. (2002), the present study assumes that
theamountof disclosure on specific disclosure items proxies for the quality of corporate disclosures.
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The rationale Dbehi nd seled the disclesura iteymant l®d r e p
summarsed as follows. First, it is intended to discover the topics that help the stock
mar ket to anticipate future earnings chan
assumed that financi al analystso reports
about the fir mo6$& Thikiisshedaoss finaneial analysts are widely
considered to be a very influential user group in stock markets. They represent and
influence investorso6 beliefs and acdiviti
Lang and Lundholm, 1996). The final output of their work is written in reports that are

made available to interested investors. Second, it is also known that financial analysts

use a variety of different sources of information in writing their reporth a8 the

annual report, personal meeting withanagersand conference calls. Therefore,
examining analystsd report s seporingsheaiSech t he
a sheetshould reflect the information used by financial analysts which arearldor

their decision making process.

Another important feature of the methodology in the present study is that iNudest

software to identify the list of disclosure items. A requirement of ulindistfor the

above purpose is the availability afocuments in an electronic format and the
availability of a 1|ist of key words. As 1
construct the list of disclosure items Anal yst sd& r e pamelecBoniar e av
format from thelnvestextPlus datalase. Additionally, a list of forwartboking key

words is developed in Chapter 4.

| use both traditional and computerised content analysis methoskletctthe list of

disclosuretems A computerised method asssh selecting forwardooking sentences

18 This assumption is motivated by the use of ARARF ratings as a proxy for the quality of corporate
disclosure.
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and in counting the frequency of forwalabking key words in each report. In addition,
the traditional method is usdxy reading forwarelooking sentences to identify the key

topic in each sentence.

The identification of disclosure topics is basicalgrreed out in three stages. The first

stage involves creating a list of forwaabking key words. In the second stage, this list

is used to identify forwardboking sentences that appear important to analysts in
assessing a fir mo6swarttHookingrsentenceFis meadlinl oyder toe a ¢ h

identify the main topic of the discussion.

2.8. Summary

The present chapter reviews the literature relating to the importance of narrative
disclosures. Researchers have focused on the importance of differentsaspe
corporate disclosure, such as the MD&A in the USA and the OFR in the UK. They
argue that these narrative sections are vedlevant to the market. This literature

justifies my decision to focus on this type of information in the present study.

In prior literature, researchers use different proxies for the quality of corporate
disclosures. These are management forecasts, subjective ratings acwhsteifcted

indices. The advantages and disadvantages of each proxy are presented in this chapter.

Thepresent study uses a structured content
reports toproduce dist of disclosure itemsit usesthe Nudistsoftware to assist in the
identification of the disclosure items. This chapter also highlights the adyemniof

usingNudist
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Chapter 3: Share Price Anticipation of Earnings and the Quality of Corporate
Disclosure: A Review

3.1. Overview

The aim of the present study is to identify the economic consequences of enhanced
voluntary disclosure in the UK annusedport discussion section. The study seeks to
provide evidence that the level of forwdaobking disclosure in corporate annual
reports is significantly associated with the ability of investors to anticipate future

earnings changes.

The present chapteeviews the existing literature relevant to the empirical analysis in

the thesis. Ifocuses on two streams of literature. The first is related to the association
between stock returns and earnings. The second is related to the economic consequences
of corporate disclosure. Therefore, the aim of this chapter is to review existing studies

in these two areas and to highlight certain gaps in the previous literature.

To date there has been relatively little attention given to the economic consequences of
corpoiate disclosure in the UK. In contrast, academic research is quite extensive in the
US. This is partly due to the availability of the AIMRAF ratings in the US. In the UK,

there are no ratings similar to the AIMRAF ratings available. Therefore, the

oppotunity to undertake largscale disclosure studies is limited.

The structure of the present chapter is as follows. Section 3.2 begins with a review of
empirical studies on prices leading earnings. This is followed by a discussion of the
Collins et al. (199) paper. Section 3.3 surveys the literature regarding the economic
consequences of corporate disclosure. The key articles relating to the effect of corporate
disclosure on prices leading eargs are given special attentid®ection 3.4 highlights

the gap in the existing literature and explains why the present study can make a

valuable contribution for filling these gaps. Section 3.5 summathgeshapter
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3.2. Prices Leading Earnings

In the present section, retue@rnings regression models that allearnings to be
anticipated some periods ahead are reviewed. liiémture on the returearnings

association has undergone major developments since Ball and Brown {1968).

Reported earnings have attractedjor interest in the MBAR literature since the mid
1960s. The MBAR literature emerged as a response to the market efficiency hypothesis.
Market efficiency is concerned with the extent to which security prices fully reflect all
available information. Soe accounting is an important source of valelevant
information about companies, it was natural for researchers to examine the efficiency of

the market with respect to accounting information.

Ball and Brown (1968) analyse the priearnings relation ovea oneyear return period.
The oneyear return period corresponds to the period covered in annual reports. They
find that only 10 to 15 percent of the earnings announcement is new information to the

market.

Following Ball and Brown (1968), many subsequpapers investigate aspects of the
relation between stock returns and earnin
review ofempirical returrearningsstudiesbetween 1968 and 1988ev (1989) notes

thatthe R's obtained by regressing annual stoefums on annual earnings or earnings
changes are very low. They rarely excekd%. The authorascribesthe weak
explanatory power to the low quality of accounting earnings. The study of Lev (1989)
challenges researchers to identify the potential exptamatifor the weak

contemporaneous retugarnings association.

Y These developments asemmarised ithree review articles: Cho and Jung (1991), Brown (2001) and
Kothari (2001)
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There are at least four potential reasons for the weak contemporaneougaghimgs
association. These are: (1) market inefficiency, (2) stock markets react terelehent
information hat is not observed by the company, (3) noise in reported earnings, and (4)

earningsmay/lack timeliness?

The first potential reason for the weak reterm r ni ngs association re
informational inefficiency. This concept relates to thkéeat to which the stock market
responses inappropriately to the reported earnings numbers. This phenomenon refers to
the extent to which the stock market is able to take into account the changes in
accounting methods when valuing companies. Walker (2€l@4jies this phenomenon

by the following example. He argues that in calculating the reported earnings one of the
judgements to be made is the selection of inventory valuation method. If the stock
market is rational, such selection will not affect the kaarvalue of the firm.
Alternatively, if the market does not take into account the changes in accounting
method then one can see differences in company value that are unrelatedidoal
estimate of changes in future cash flow. This phenomenon is &fferred to in the
finance literature as the functional fixation hypothesis, the naive investor hypothesis or
the mechanistic investor hypothesis. Further discussions on this issue are given in

Walker (2004).

The second potential reason for the weak reéarnings association is mentioned in the
theoretical paper of Dye and Sridhar (2002). The authors show that there could be
rational share price movements as a result of the market possessing information about
the wvalwuation I mpl i dnastrategynteat i® ot kaowrf by thmd s ¢
management of the firm proposing the change. Here, managemsssesghe stock

mar ket 6s information by announcing a pot el

18 Details on these reasons are given in Kothari (2001) and Walker (2004).
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decision to implement this strategy on the sizé die mar ket 6s pri ce

announcement. To date, however, no empirical evidence exists on this issue.

The third potential reason fdhe weak returearnings association is the existence of
valueirrelevant noise in reported earnings. The mostiat reason for this noise is the
correct application of GAAP regimes. For example, many GAAP regimes allow
recognising some expenses earlier while they allow recognising earnings later. GAAP
regimes require companies to treat R&D as revenue expendhare result, this
treatment will tend to bias reported earnings downwards relative to permanent earnings
specifically for growing firms with increasing levels of expenditure of R&D. Also,
many GAAP regimes cause a delay in earnings recognition. They dallowt the
recognition of revenue until there is a compulsory contract between the firm and its
customer. In addition, GAAP regimes require companies to report certain types of gain
and losses, such as a loss on the disposal of a subsidiary, at oncamie statement at

the end of the financial year. This mean reported earnings will include large transitory

items in a specific year.

r

The final reason for the weak rettenar ni ngs association i s ear

The present study focuses onkaxf timeliness in reported earnings and examines the
extent to which this lack of timeliness is associated with ford@o#ling disclosures in

annual report narratives.

The | iterature on earnings6 timeliness
(1980) present the first systematic evidence that US stock prices contain a richer
information set than the past tirseries of earnings. The importance of their study is
partly derived from the introduction of a formal model of the pgaenings relation.

Theoretically, they show that a pritesed forecasting model yields a more accurate
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prediction of future earnings changes than a model based solely on the pesrigne

of earnings. In the empirical part of Beaver et al. (1980), they invert the tradlition
price-earnings relation and test for the information content of prices with respect to
future earnings. Their empirical findings indeed show a significant coefficient on the

lagged price variable, consistent with the notion of prices leading earnings.

Stock prices anticipate future earnings changes because events are reflected in stock
prices as soon as the information reaches the market while their influence on earnings
often occurs with a time lag. This lagged response of earnings is a result afi certai
accounting principles such as reliability, objectivity and conservatism. Tinesgpals

prevent earnings from reflecting vatoelevant information in a timely manner. For
example, with its emphasis on historicalst accounting measurement, the exgect
future net cash flows from a new investment are not reflected in earnings in the current
period. However, information about the investment causes immediate revisions in the

mar ket 6s expectations of future earnings

Following Beaver Lambert and Morse (1980), a number of researchers have provided
further evidence that stock prices anticipate future earnings changes. A list of these
papers could include Beaver, Lambert and Ryan (1987), Freeman (1987), Collins and
Kothari (1989), Kthari (1992), Kothari and Sloan (1992), Warfield and Wild (1992),

Jacobson and Aaker (1993), Collins et al. (1994) and Donnelly and Walker (1995).

Beaver, Lambert and Ryan (1987) build upon the empirical analysis in Beaver, Lambert
and Morse (1980) angrovide results broadly consistent with those of Beaver, Lambert

and Morse (1980). They find that stock returns in one year contain information about
earnings in the following years. Furthermore, their regression results indicate that price

based modelsutperform timeseries models for large firms but not for small firms.
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Freeman (1987) provides empirical evidence that the information incorporated in stock
prices systematically differs between large and small firms. The regression results of
Freeman (198) show that the stock prices of large firms anticipate future earnings

earlier than the stock prices of small firms.

Collins and Kothari (1989) examine the intertemporal and esess8onal determinants

of Earnings Response Coefficients (ERCs). They egerse regressions in the analysis

to reduce the errofis-variables problem. They hypothesise and document four factors
contributing to crossectional and intertemporal differences in the ERC. They find that
the ERC is positively associated with earningersistence and economic growth
opportunities. They also show that the ERC is negatively associated with ttieeeisk
interest rate and CAPM beta risk. Also, they find that the ERC is negatively related to

the interest rate through time.

Collins and Kotlari (1989) also show that the earnisrgsurn association is affected by

firm size, where firm size is used as a proxy for information environment differences
among large and small firms. If there are differences in the information environment,
they will affect the extent to which a change in stock prices will anticipate a change in
future earnings. Moreover, they argue that the conventional regression that models
returns over the thonths period seriously underestimates the extent of the association
between returns and earnings news. They also demonstrate an improvement in this
relation, by starting the return measurement period earlier than the contemporaneous

fiscal period.

Kothari (1992) investigates the relation between peamings in levels anchanges.
The analysis in Kothariés (1992) paper she

earnings, then the degree of bias in the ERC and the explanatory power of the price
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earnings models specified in level or change would rank identically. Howéveis

assumed that prices lead earnings, then the level specification yields a less biased ERC
and higher explanatory power than the change specification. Kothari (1992), therefore,
suggests that the level of earnings might be the best availab&bleam the price
earnings regression. This is true because

is difficult to obtain.

In an attempt to test the ideas in Kothari (1992) empirically, Kothari and Sloan (1992)
assume that stock returns over apeti r ef | ect t he mar ket ds r e
earnings. Accounting earnings over the same period cannot reflect such revised
expectations. Accordingly, the authors suggest that returns are expected to lead earnings
changesThey find that US stock mes anticipate future earnings changes up to four

years ahead.

Donnelly and Walker (1995) investigate the extent to which share prices anticipate
future earnings changes by estimating ERCs on a sample of 179 UK companies during
the period 19722990. Ther regression results indicate that UK stock prices anticipate
future earnings changes three years ahead. In other worddjnithdfiat the extent to
which prices anticipate earnings in the UK is less than that reported by Kothari and
Sloan (1992) for US ampanies. The reason for this difference may be due to
differences in the informational environment or due to differences in GAAP between

the UK and US.

In a further attempt to improve the weak retearnings association, Warfield and Wild

(1992) and Jadcbs on and Aaker (1993) include the
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additional explanatory variable in their regression mot&heir results show that the

Rs without the next periodb6s earnings ar
quarterly, semannual, annal and biannual reporting periods, respectively. Th%se
values increase to 1.26%, 4. 41%, 15. 71% al|
earnings in the returearnings regression model. Howevenllins et al. (1994) argue

that including future pesid s 6 e ar n i n-gamings regraéssioa mode is subject

to an erroran-variables problem that biases the ERCs and explanatory power

downward. This kind of problem is discussed in detail below.

Collins, Kothari, Shanken and Sloan (1994)

The following paragraphsutline the returrearnings regression model that is used to
test the main hypotheses in the present study. The effect of disclosure quality on share
price anticipation of earnings is investigatedlbgking at future ERCs. Future ERCs

are dso used in Gelb andarowin(2002) and_undholmand Myers (2002).

The article byCollins et al. (1994) is a response to Lev (1989), who notes that the
association between returns and current earnings is relatively weak. They investigate
two potential faatrs contributing to the low contemporaneous retamings
association. These factors are: (1} earn
relevant events (e.g., Kothari, 1992; Kothari and Sloan, 1992) and (2) the presence of
irrelevant noise in repted earnings (e.g., Beaver et 4980). To capture the intuition

that prices lead earnings, they expand the simple reammings regression to include

future earnings growth variabledext paragraphare provided on the relevant ideas in

Collins et al (1994).

19 Other attempts are made improve the weak returearnings association by incorporating analyst
forecas information into the returearnings model (e.g., Liu and Thomas, 2000) or by including
management forecasts of earnings in the retammings regression model (e.g., Ota, 2001). These studies
are reviewed in Ota (2003).
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Collins et al. (1994: 295) motivate their multiple regression model by assuming the

following returngenerating process:
N
R = b, + bBUX, +Qq b,,DE (X)) +& (1)
k=1

where R is the stock return for periog X, is thegrowth rate of earnings in period t,
UX, = X, - E,_,(X,) is the unanticipated earnings growth rate &#f is the revision

in market expectations between the beginning and the end of perlods limited to
three years ahead. iBhs motivated by Kothari and Sloan (1992), who show that share

price anticipation of earnings is not significant beyond three years.

Collins et al. (1994) suggest that returns in petiate generated by three components:

(1) the unanticipated componemtf t he current p &K,i @dhes ear

mar ket s revision in expect abE(H&nsand&a(®o ut

an orthogonal error term that captures all other influences.

To implement equatn (1) empirically, one needs to replace unobservable expectations
with observable proxy variable®rior to Collins et al. (1994)esearchers such as
Warfield and Wild (1992) use realized earnings growth as an observable proxy for the
mar k et 0 s nsdxgxmat tstack reurng&quation (2) shows the Warfield and

Wil dds regression model
N
R = bO + bJ.Xt + a bK+1Xt+k + e[ (2)
k=1

Collins et al. (1994) point out that the use of realised earnings growth rates introduces

errorsin-variables problems that bias them coefficients and Rdownward. The

f o
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errorsin-variables problems become apparent when one rewrites Equation (2) in terms

of variables of interest and measurement errors (Collins et al., 1994: 296):
N

R =by +B[UX, + E (X )]+ @ bealDE (X)) +UX + B (X))l +e (3)
k=1

whereUX, is theunanticipated component of current earnings growgh,(X,) is the
portion of current periodo6s eda BiyKgys gr owl
is the portion of periothkd s ear ni ngs gipatedurt periodihdxX,,, Bs ant i
the component of periotkb s ear ni ngs growt h genttoat ed b
t+k. Comparing equation (2) with equation (3), it can be seen that equation (2) gives rise

to a number of measurementrag problems. Firstly, X, differs from UX, by the
expectations frork,_,(X;). Secondly, X,,, differs from UX,,, in two aspects. First,

the market may already knamformation aboutX,,, at time pointti 1. In other words,

the parameter associated wik_,(X,,,) may be nofzero. Second, new information

about X,,, may be available to the market between time pbeutd time pointt+1.

This is indicated by the tertdX,,, .

An important observation in Collins et &1994) is that one can mitigate these
measurement error problems by the inclusion of eifirersriables proxies in the
augmented regressionodel. Crucially, Collins et al. (1994) establish that the inclusion

of such proxies will affect the goodness of fit of the model, only if the reason for the

poor performance of the simple rettéera r ni ngs regression is O&6pl
If value-irrelevant noise is the cause of the poor statistical performance of the standard
returnearnings model, then the goodness of fit of Equation (2) will not be improved by

adding these proxies.
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Collins et al. (1994) suggest three measurement error proxiese &re lagged earnings
yield, ER_,, current growth in book value of asseG and future period
R.k - Including these proxies in equation (2) yields the following expanded regression

modef’:

R = bO +b.lXt + a l1<+1Xt+k +é. bk+N+1Fet+k +b2N+2ER-1 +b2N+3AG\ (4)
k=1 k=1

The economic rationale for using the three proxies is summarized in the following

paragraphs. These arguments follow Collins et al. (1994).

The first measurement error proxy for expected future earnings growth isgtied la

earnings yield variableER_;. This variable is defined as peridgidL 6 s ear ni ngs
price at the start of the return window for peritdGiven that price impounds
information about future earning&€R_, proxiesf or t he mar ket 6s for.
earnings growth [i.e., proxies fdg_,(X;) andE,_;(X,¢)]- It is well known that prices

incorporate information about future earnings. Therefore, a high price in relation to last
y e a r roirgys segaals high expected earnings growth for the current and future years.
As theearnings yield variableand expected earnings growth (the measurement error)

are negatively associated, the coefficient BR.; should be positive. Thiis true

because this proxy serves to subtract the noise elementdedisedearnings growth.

The second proxy is the asset growth variad@, Higherasset growth indicates that

managers increase their production capacity duentexpectation of a higher demand

for their product in the future. Such an expansion should lead to higher expected

20 Equation (4) correspondstolCd i ns et al .6s (1994:297) Equation (
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earnings growth. Given thaisset growth and expected future earnings changes are

positively associated, the coefficient &, is forecasted to be negative

Finally, the measurement error proxy f&X,,, i1 s future pRy.i 0ods?o

Unanticipated future events that lead to higher (lower) earnings growth in pekiod
should also lad to positive (negative) returns in the period when the news becomes

available to the market. Hence, a positive relation betw&é¢n, and future returns is

expected to result in negative coefficients on the return variables in Eq@§tion

Collins et al.od6s (1994) empirical tests o
use returrearnings data at three levels of aggregation: economy level, industry level

and firm level. This is due to the fact that the implied effect of dageeggtion on the
contemporaneous retugarnings relation is different under the two hypotheses. The
authors argue that, as data are aggregated the contemporaneous association between
returns and earnings should strengthen under the-mee&srnings hypdtesis, but not

under the ear ni ngs 06 dataiameadgiegateds e wegkly crbsh e s i s
sectionally correlated noise will be diversified away. Consequently, only the-value
relevant earnings component in the aggregated data will remain and dhid e

highly correlated with contemporaneous stock returns. On the other hand, under the
lack-of-timeliness hypothesis, cressctional data aggregation would not be helpful in

making current earnings more timely with respect to contemporaneous réthiss.

means that the contemporaneous regamings association is not expected to improve

upon aggregation under the lagktimeliness hypothesis.

A

Collins et al.és (1994) modi fi ca-¢ammogss t o
regression modeligld large increases in the explanatory power. In particular, tfef R

the contemporaneous reteearnings model was generally under 15%. iRodusion of
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future earnings growth variables in the retearnings regressioimcreases the Ro

approximatel\35-50%.

Collins et al. (1994) show that earnings©®6
contributing to the low contemporaneous reteamnings relationSince current and

future earnings measures are useful in explaining current re@ofis) s e (1994)| . 6 s
results confirm that accrublsed earnings measures do not capture valegant

events or market expectations in a timely manner. On the other Gatiohs et al.

(1994) find that noise in earnings does not appear to be a majarifaetglaining the

low contemporaneous retugarnings association.

3.3. Economic Consequences of Corporate Disclosure

This section reviews the availaldgidence on the economic consequences of corporate
disclosure. The literature has examined the effe€tcorporate disclosure dhne cost of
capital, anal ystso6é forecast s, -ashspddyad f ol |
earnings timeliness. Table 3.1 provides a summary of these studies in chronological

order.

The main purpose of introducirigable 3.1 is to demonstrate the marked differences in
sample sizes and disclosure proxies that have been used in prior research in the UK
compared to nonUK studies. Therefore, the main focustbé discussiorthat follows

is theinformationwhich appeas in Columns 3, 4 and 5.



7€

Table 3.1.Summary of Research on the Economic Consequences of Corporate Disclosure

Reference Researchissue | Sample Size D';ﬂfxsyure Country Findings
Lang and Determinants of | 2,319 firm | Subjective USA Disclosure scores
Lundholm analyst ratings of| years ratings based are higher for large
(1993) corporate on firms with a
disclosures. AIMR-FAF weaker relation
ratings between stock
returns and
earnings.
Welker Association 1,639 firm | Subjective USA Negative
(1995) between years ratings based association
corporate on between disclosure
disclosure AIMR-FAF scores and cost of
quality and the ratings debt.
cost of debt.
Lang and The association | 751 firms Subjective USA High disclosure
Lundholm between ratings based firms have a large
(1996) disclosure on analyst following,
quality and AIMR-FAF more accurate
analyst folloving ratings analyst earnings
and the forecasts, less
properties of dispersion betweer
analyst forecasts analysts and less
volatility in
forecast revisions.
Schleicher | Effect of the 18 firms Selt UK No association
(1996) quality of UK (200 firm- constructed between the quality,
annual report years) index of corporate annua|
disclosures on repats and share
share price price anticipation
anticipation of of earnings.
earnings.
Botosan Association 122 firms Self USA Negative
(1997) between constructed association
disclosure index between disclosure
quality and the scores and cost of
cost of equity capital.
capital.
Bryan Information 250 firms Self USA Forwardlooking
(1997) content of the constructed disclosures about
MD&A. index operations in the

MD&A are
significantly
associated with
oneperiod ahead
change in earnings
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Francis et al.
(21997)

Effect of
managenent
communications
with securities

200 firm-
presentations

Self
constructed
index based or]
presentations

USA

Management
communications
with analysts lead
to an increase in

analysts on available on analyst following, &
analyst Investext Plus positive abnormal
behaviour. return on the
presentation date.
No evidence that
such presentations
increase the analyg
forecasts accuracy,
Sengupta Association 725 firm- Subjective USA Increased
(1998) between years ratingsbased disclosure leads to
corporate on AIMR-FAF a lower cost of
disclosure ratings debt.
quality and the
cost of debt.
Barron et al. | Association 284 firms Selt USA Firms with high
(1999) between the constructed MD&A ratings
quality of the index based or experience less
MD&A and SEC ratings error and less
anal ysts dispersion in
earnings analyst forecasts.
forecasts. This finding is
driven by forward
looking disclosures|
about capital
expenditure and
operations and
historical
disclosure about
capital expenditure
Brown et al. | Effect of 727 firms Subjective Australia | Analyst forecasts
(1999) disclosure on ratings based are not affected by

analyst forecasts
and share price
anticipation of
earnings.

on
Australian
Stock

Exchange

the introduction of
statutory sanctions
Furthermoreafter
such introduction
stock prices
anticipate future
earnings change
earlier only for
small firms.
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Eng and Teo| Effect of 125 firms Selt Singapore | Firms with high
(1999) corporate constructed disclosure scores
disclosure on index experience an
analyst increase in analyst
behaviour. forecast s
accuracy, an
increase in the
number of analyst
following and a
decrease in
dispersion in
anal yst s@
forecasts.
Frankel et Benefits of 1056 Information in | USA Firms holding
al. (1999) corporate corpaate conference conference calls
conference calls.| conference | calls. tend to be followed
calls by financial
analysts.
Conference calls
reduce information
asymmetry.
Healy et al. | Economic 595 firms Subjective USA Firms with
(1999) consequences of ratings based increasing
increased on AIMR-FAF disclosure levels
corporate ratings over time
disclosure. experience
improved stock
performance and
capital market
intermediation.
Schleicher | Effect of (20 firms) Self UK Stock prices are
and Walker | voluntary 220 firm- constructed better informed
(1999) disclosue, on years. index when annual
the reports capture
informativeness future oriented
of stock prices. information.
Botosan and| Determinants of | 107 firms Quarterly USA Firms that change
Harris manager s segment their frequency of
(2000) decisias to disclosure segment reporting
increase segmen experience an
disclosure increase in analyst
frequency following.
Bushee and | Association 4,314 firm | Subjective USA Higher disclosure
Noe (2000) | between years ratings based firms have greater
disclosure scoreg on AIMR-FAF institutional
and return ratings. ownership. No
volatility impact on return

volatility.
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Doula Effect of 48 firms Selt UK Some evidence thg
(2000) forwardlooking constructed disclosing forware
information in index: looking
annual reort on information such ag
price leading sales, profits,
earnings. capital and
acquisition leads tq
more informative
stock prices.
Kanto and Effect of 573 interim | Self Finland Information
Schadewitz | individual reports constructed contained in
(2000) classes of index interim reports is
information in valuerelevant over
interim reports and above that
on the return contained in
earnings relation earnings.
Leuz and Economic 102 firms Previous Germany | High level of
Verrecchia | consequences of literature disclosure is
(2000) increased associated with
disclosure. lower bid-ask
spread. Higher
level of disclosure
has no effect on
share price
volatility.
Rashd Effect of 41 retail Self UK Disclosure quality
(2000) disclosure banks constructed is negatively
quality on cost of index associated with the
debt. cost of debt.
Barron et al. | Effect of MD&A | 84 firms Sulective Canada MD&A disclosure
(2001) disclosures on ratings based contains
stock prices on incremental price
SEC ratings relevant
information.
Brown et al. | Relation betweer] 275 firms Subjective USA Disclosure is
(2001) disclosure ratings based negatively
quality and on AIMR-FAF associated with the
information ratings. level of
asymmetry. information
asymmetry.
Hefli et al. Relation between 298 firms Subjective USA Higher disclosure
(2001) disclosure ratings based firms have lower
quality and on AIMR-FAF effective bidask
market liquidity. ratings spread and lower

adverse selection
spread. Higher
disclosure
enhances
market liquidity.
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Richardson | Relation betweer 124 firms Subjective Canada Disclosure ratings
and Welker | disclosure ratings based are negatively
(2001) quality and the on SMAC related with cost of
cost of capital. ratings capital for firms
with low analyst
following.
Walker and | Relation betweer| 57 firms Selt UK Positive associatiol
Tsalta corporate constructd between the quality
(2001) voluntary index of forwardlooking
disclosure and information in
analyst annual reports and
following. analyst following.
Bowen et al. | Effect of 12,555 firm | Conference USA Contference calls
(2002) conference calls | quarters calls increase analyst
on analy forecast accuracy
forecasts. and agreement
between analysts. |
is also useful for
analysts with weak
prior forecasting
accuracy.
Blasco and | Relation betweer 155 firm Subjective Spain Quality of annual
Trombetta | the quality of years ratings based report disclosure
(2002) corporate on increasesg
disclosure and a 6Actual reputation after
firmbés r Economi controlling for size.
Botosan and| Effect of 3,620 firm | Subjective USA Negative relation
Plumlee disclosure level | years ratings based between annual
(2002) on cost of equity on report disclosure
capitd. AIMR-FAF quality and cost of
ratings capital. Positive
association
between quarterly
disclosure quality
and cost of capital.
No association
betweennvestor
relation quality and
cost of capital.
Gelb and Effect of 821 firms Subjective USA High level of
Zarowin disclosure policy ratings based disclosure is
(2002) on the on associated with

informativeness
of stock prices
for future
earnings.

AIMR-FAF
ratings

stock prices that
are more
informative about
future earnings
changes.
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Hail (2002) | Effect of 37 non Subjective Switzer Negative
voluntary financial ratings based | land association
disclosure on firms on between disclosure
cost of capital 1- Swiss and cost of capital.

Banking.

2- Financial
anal yst
opinion.

3- Investors
needs.

Haw et al. Effect of 1,349 firm | Subjective USA One yearahead

(2002) corporate years ratings based share price
disclosure on on anticipation of
prices leading AIMR-FAF earnings increases
earnings. ratings with the

informativeness of
investor relations
but does not vary
systematically with
the informativeness
of annual and
quarterly reports.

Lundholm Effect of 724 firms Subjective USA. High level of

and Myers | corporate ratings based disclosure is

(2002) disclosure polig on associated with
on the AIMR-FAF stock prices that
informativeness ratings are more
of stock prices. informative about

future earnings
changes.
Changes in
disclosure levels
are pogively
related to changes
in the importance
of future earnings
news for current
returns.

Schadewitz | Effect of interim | 573 interim | Self Finland For high dsclosure

and Kanto | report reports constructed firms market

(2002) disclosures on index responses to
the return interim reports is
earnings relation quicker than for

medium and low
disclosure firms.

Bulter et al. | Effect of the 3,702firms |Fi r mé6s | USA Stock prices

(2003) frequency of reporting anticipate future
financial reports frequency les earnings changes
on the timeliness its SEG quicker for firms
of earnings. required with quarterly

reporting reporting than for
frequency firms with semi

annually reporting.
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Byard and Effect of 1,017 firms | Subjective USA High level of
Shaw (2003)| disclosure ratings based disclosure is
quality on on positively
analyst forecds. AIMR-FAF associated with
ratings analyst forecasts
accuracy. No
association
between the quality
of private
communications
with analysts and
analyst forecasts
accurag.
Hope Relation betweer 896 firms Subjective Different |Fi r ms & | €
(2003a) disclosure ratings based | countries | disclosure is
practice and on CIFAR positively related
analyst forecast ratings to forecast
accuracy. accuracy.
Hope Association 811 firms Subjective Different | Level of
(2003Db) between for ratings based | countries. | accounting policy
accounting examining | on disdosure is
policy disclosure| forecast CIFAR ratings negatively related
and analjerror. to forecast
forecasts. 783 for dispersion and
examining forecast error.
forecast
dispersion
Jr. et al. Relation betweer 536 firm- Item 17 and USA Higher levels of
(2003) different levels | years Iltem 18 disclosure are
of disclosures by disclosure associated with
foreign rules under US higher earnings
companies listed GAAP response
on US exchange coefficient (ERCs).
and the earnings
return
association.
Kothari and | Effect of 887firms Selt USA Positive business
Short (2003)| disclosures by constructed press news
management, index decreases the cost

analysts and
financial press
on the cost of
capital.

of capital, while
negative news
disclosure
increases it.
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structure and

propriety cost on

the return
earnings
association.

Shaw (2003)| Association 1,113 firm | Subjective USA For bad news year
between years ratings based the
disclosure on contemporaneous
quality and the AIMR-FAF returnearnings
returnearnings ratings relation is inversely
association. related to
disclosure quality.
There is no
association
between the return
earnings
correlation
and disclosure
quality in good
news years.
Shuging et | Effect of 172 firms Selt Singapore | High level of
al. (2003) disclosure (516 firm- constructed disclosure is
quality, years) index associated wit
ownership stock prices that

are more
informative about
future earnings
changes. However|
this association is
weaker if
management holds
a higher proportion
of share ownership
if government
ownership exists,
and/or if
proprietary costs

exist.

3.3.1. Disclosure @ality and Cost of Capital

Two theoretical frameworks support the proposition that greater disclosure is associated

with a lower cost of capital. The first suggests that greater disclosure reduces the

possibility of information asymmetries between the farmd its shareholders or among

potenti al

buyers

and

sel

|l er s

of a f

r mé s

capital by reducing the discount at which shares are sold through reduced transaction

cost s

or by

i ncr easioaunfiestlelge AmdhadnaadnMkendélson, a

1986; Diamond and Verrecchia, 1991). The second framework suggests that greater

di scl

osur e

reduces t

he

est

mat i on r

f
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parameters of the return or payoff distribution athéreby, reduces the cost of capital

(e.g., Coles et al., 1995 and Clarkson et al., 1996).

A number of recent US studies support this theory by examining the link between
disclosure and a firmdés cost of capital
(1998) document that firms with higher disclosure ratings have, on average, lower bid
ask spreads and lower cost of debt at the time of issue, respectively. Botosan (1997)
shows a negative association between di
captal, but only for firms with a low analyst following. Healy et al. (1999) explore the
effect of a sustained increase in disclosure on a number of variables expected to be
associated with the cost of equity capital. For example, they show that firms that

increase their disclosure levels experience improvements in Haslspread.

Botosan and Plumlee (2002)-e®amine the relation between corporate disclosure and
the cost of equity capital. Contrary to their expectations, Botosan and Plumlee (2002)
find that greatertotal disclosure is associated with a higher cost of equity capital.
Therefore, they examine the extent to whieé telationship between disclosure and the
cost of capital varies by type of disclosure. They findegative association between
annual report disclosures and the cost of capital and a positive association between
guarterly report disclosures and the cost of capital. They do not find any association
between investor relations and the cost of capital. Hail (2002) also exploresattienr
between disclosure quality and the cost of equity capital for Swiss companies. He shows
a strong negative association between disclosure and cost of capital. Unlike Botosan

(1997) Hail és results are not restricted

SC

t
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Final | vy, Rashid (2000) i nvestigates the |1
debt equity for retail banks listed on the London Stock Exchange. He finds that firms

with higher disclosure scores experience lower cost of debt capital.

Overall, the abee studies show an inverse relation between disclosure and cost of
capital. The current study examines the benefits of corporate disclosure from a different
angle. It tests whether increased levels of voluntary disclosure in corporate annual
reports allowa bet ter i nformed stock market. The
mar ket 6 refers to the market ds ability

accurately.

3.3.2. Disclosure Quality and Analyst Behaviour

Another economic consequence of corpodagelosure that has received much attention
refers to analyst behaviour. Empirical support for the association between disclosure

guality and analyst behaviour comes from a number of studies.

Lang and Lundholm (1996) is the first study that examines $isecation between
disclosure and analyst behaviour. They start by looking at analyst following which is
defined as the number of analysts following each firm. Lang and Lundholm argue that
increased corporate disclosure is expected to increase the stimpiglgst services.
However, the demand for analyst services will depend on the role that analysts play in
the capital market. If analysts act mainly as information intermediaries who process
firm provided information for ordinary investors, then an inseedn firm provided
information will ensure that the analyst has a more valuable report to sell. In this case
increased disclosure |l eads to an increase
if analysts act mainly as information providers competwgh firm-provided

disclosures made directly to investors, then an increase in the level of disclosure will
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substitute for the analystsod reports. I n

i n the demand for analystsd6 services.

The second aspeof analyst behaviour in Lang and Lundholm (1996) refers to analyst
earnings forecasts which are measured by forecast accuracy, the degree of dispersion
among individual analyst forecasts and the variability of forecasts revisions during the
year. Langand Lundholm (1996:471) argue that the effect of increased disclosure on
the dispersion of analyst forecasts depends on whether differences in forecasts are due
to differences in information or differences in forecasting models. They state that if
analystshave a common forecasting model and observe the sameprivided
disclosures but process different private information, they will place less weight on their
private information as the informativeness of firm provided disclosure increases, and
thus the onsensus among their forecasts will increase. If analysts have the same firm
provided and private information but differ in the weights they place on components of
firm-provided disclosure in forecasting earnings, then additional disclosure might
increasethe dispersion of analyst forecasts. The likely relation between corporate
disclosure and analyst forecast accuracy is clearer. They predict that analyst forecast
accuracy would increase with the quality
expect that the volatility of forecast revisions in the period up to an earnings

announcement is likely to be reduced by increasing the level of corporate disclosure.

Lang and Lundhol més (1996) main results
associatio between corporate disclosure ratings and analyst following. They also show
that increases in disclosure quality tend to be followed by higher levels of analyst
following. They do not find evidence that increased analyst following leads to an

increase incorporate disclosure. Their results also show that firms with more
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forthcoming disclosures have more accurate consensus forecasts, less dispersion among

individual analyst forecasts and less variable forecast revisions.

Following Lang and Lundholm (1996)rmimber of other studies have investigated the
association between disclosure quality and analyst behaviour. For example, Byard and
Shaw (2003) find in the US that the level of corporate disclosure quality is positively
associated with analyst forecast aacy. Walker and Tsalta (2001) find a strong
positive relation between the quality of forwdabking information in the UK annual
report discussion section and analyst following. Eng and Teo (2000) show that greater
corporate disclosure by Singapore firtead to greater analyst following, more accurate

analyst forecasts and less dispersion in the earnings forecasts among analysts.

Other groups of studies focus on the effect of mandatory disclosure on analyst earnings
forecast accuracy. Some of thesedss find that increases in the level of required
disclosure leads to an increase in analyst forecast accuracy (e.g., Brown and Han, 1992;
Swaminthan, 1991). On the other hand, Brown et al. (1999) find that the introduction of

new accounting regulations e® not affect analyst forecasts.

Researchers have also investigated the effect of different channels of disclosure on
analyst forecasts accuracy. For example, Francis et al. (1997) and Byard and Shaw
(2003) show t hat manage mefmanda analysts lmawetno ¢ o mm
effect on analystsé6é forecast accuracy or
conference call s increase analystsoé abil |
conference calls decrease dispersion among analysts. Alatysts with relatively

weak forecasting performance benefit more from conference calls.

Finally, by using quantitative management earnings forecasts as a proxy for disclosure

quality, a number of studies highlight the importance of corporate disclastinancial
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analysts. The results of these studies show that financial analysts revise their forecasts
after management earnings forecasts are released (see Baginski and Hassell, 1990;

Jennings, 1987; Williams, 1996; Waymire, 1986; and Kross et al, 1990).

In summary, existing empirical evidence indicates that enhanced disclosure is
associated with more accurate analystso f
the current study seeks to test the relation between prices and future earnings directly
rather than relying on proxies such as analyst forecasts. This is because more accurate
anal yst forecasts might be evidence of f
better rather than evidence of more informative prices (Gelb and Zarowin, 2002). The
following section reviews the literature related to the association between corporate

disclosure and earnings timeliness.

3.3.3. Disclosure Quality and Timeliness of Earnings

The relation between corporate disclosure quality and the retunings relatin has

been a topic of considerable interest among accounting researchers. Schleicher (1996)
find that there is no association between the quality of annual report disclosure and the
informativeness of stock prices about future earnings changes. Schiench&valker

(1999) find that the inclusion of forwatdoking information in the OFR statement is
useful in anticipating future earnings changes. Using AIRKAKE ratings as a proxy for
disclosure quality Healy et al. (1999) find that high disclosure firxmegence an
increase in the coefficient on current earnings in a regression of current returns on
current earnings. However, without future earnings in the regression, they argue that the
coefficient on current earnings must capture changing expectadboat future

earnings.
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More recently, Lundholm and Myers (2002), Gelb and Zarowin (2002) and Haw et al.
(2002) find that increased disclosure is associated with stock prices that are more

informative about future earnings change.

Finally, Shaw (2003) timates reverse regressions of earnings on returns and interacts
the return variable with disclosure quality scores and news type. The main finding is
that disclosure quality has little impact on the earnmgsrn relation in good news

years.

Below, the key papers that are directly relevant to the empirical analysis of the present
study are reviewed. These studies are Schleicher (1996), Schleicher and Walker (1999),

Lundholm and Myers (2002), Gelb and Zarowin (2002) and Haw et al. (2002).

Schleicher (196)

Schleicher (1996) is the first study to examine the effect of corporate annual report
disclosures on prices leading earnings. To achieve this he constructs a comprehensive
disclosure index.The selection of items included in his index is guided by
recaonmendations provided in the ASB statemen
Companies Act s, the Yellow Book, The Cor
Corporate Reports Valuable (ICAS, 1988) and previous disclosure studies. The

disclosure index in Sdeicher (1996) contains 404 topics.

One of the aims of Schleicherdés (1996) st
annual report disclosure on the informativeness of stock prices. The author hypothesises
that the extent to which prices anticipfture earnings changes is positively associated

with the quality of corporate annual reports.
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Schleicherdos (1996) study is |Iimited to a
studies. This is due to the tinsensuming nature of the work involved issassing
annual reports disclosures via manual reading.e r esults in Schleic
are based on a sample of eighteen-fmwancial UK firms represented by 162 firpear
observations. The author uses the theoretical model introduced by Kd@?) and

Donnelly and Walker (1995) to test his hypothesis.

Schleicherds (1996) study does not find a
annual report disclosure scores and the informativeness of stock prices. One possible
explanation is thalis alkinclusive disclosure index contains some topics which are not

valuer el evant to investors. Such topics wou
anticipate future earnings changes. Therefore, these topics introduce noise into the

measure of disckure quality.

Schleicher and Walker (1999)

The work in Schleicher and Walker (1999) is an extension of the work in Schleicher
(1996). To measure the quality of the annual report discussion section, Schleicher and
Walker (1999) construct their disclosuradices based on the methodology in
Schleicher (1996). The final outcomes are three equally weighted indices. These indices
combine 82 items in the Operating and Financial Review (DOFR) index, 64 items in the
Operating and Financial Projections (DOPF) indard 34 items in the Segmental

Reporting (DSEG) index.

The Schleicher and Walker study is limited to a small number of firms. Their sample
contained 20 nofinancial UK firms (220 companyears). These firms are classified

into three industry sectors (@neering, electronic and electrical equipment).
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The regression results in Schleicher and Walker (1999) show that higher levels of
narrative disclosures in the annual report enable the market to better anticipate future
earnings changes. This effect iarficulary strong when they use the forwdwdking
disclosure index, DOPF, and when they use models that examingecod ahead and

two-periodahead share price anticipation.

Schleicher and Walker (1999) is the first published paper that examinefetieof

disclosure quality on prices leading earnings. It provides evidence that feloe&rmdg

i nformation in the annual repor-t i ncreas
earnings changes. However, the Schleicher and Walker (1999) study $udfarst

least two major limitations. First, the sample is relatively small in comparison with US
studies. Secondly, they cover only three related indisstcyors. Therefore, it is not

possible to generalise their results to other sectors.

The work in Sbaleicher and Walker (1999) suggests that the market better anticipates
future earnings changes when annual reports include foitlwakehg information. This
finding provides a motivation for the present study to focus on foriaking
disclosures in anral report narratives. Furthermore, due to the availability of electronic
annual reports, it is possible to use computerised qualitative software to automate the
scoring process. Therefore, one can conduct a study with a much larger number of

firms.

Lundholm and Myers (2002)

Lundholm and Myers (2002) investigate the effect of corporate disclosure on the return
earnings association. They use AIMARF ratings as a proxy for disclosure quality. The
sample in Lundholm and Myers (2002) consists of 724 firm@3inndustries from the

period 19801994. At total of 4,478 firayears are used.
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Lundholm and Myers (2002) use the regression model from Collins et al. (1994). This
model regresses current stock returns on both current and future earnings changes. As
disaussed earlier, a main contribution of Collins et al. (1994) is the inclusion of future
returns in the augmented retegarnings regression to control for the unexpected

component of future realised earnings.

Lundholm and Myers (2002) hypothesise that coaf® disclosure is a significant
source of changing expectations about a <cc
if firms reveal news relevant for forecasting future earnings, then news about future
earnings will be reflected in current stock returnsthis case the coefficient on proxies

for news about future earnings will be positive in the reeamings regression model.

In contrast, if firms do not disclose news about future earnings, then such news will not

be revealed to the market. In tlsse, the coefficient on future earnings will be close to

zero. This means that there is an interaction effect between future earnings and
disclosure |l evel s. Accordingly, the aut ho
in revealed future earningas measured by the interaction between the level of

disclosure and the realized future earning

Lundholm and Myers (2002) also examine the effect of the quality of corporate
disclosure on the importance of current earnings news. If increasesrporate
disclosure cause current returns to depend more heavily on future earnings news, then
current earnings news might become less relevant. Similarly, current earnings might
appear to be valueelevant for low disclosure firms because current easnprgxy for
changes in expectations about future earn
returns are increasing in current earnings, but at a decreasing rate as disclosure

i ncreasesod (p.816) .
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The third hypothesis in Lundholm and Myers (2002)re¢ated to the association

bet ween <changes I n corporate disclosure
disclosure quality affects the extent to which future earnings are incorporated in current
returns, then the amount of variation in current retuhas is due to future earnings

should be increasing in the level of disclosure quality. This argument leads to the

hypot hesi s that 6increases (decreases) i n
i nformative stock pricesd (p. 817).
Theresultsshe t hat the disclosure |l evels are poc

ability to predict future earnings changes. However, the importance of current earnings
for stock returns is not related to disclosure quality. In relation to thesimes
analysis the regression results indicate that increases in disclosure lead to higher levels

of share price anticipation of earnings, as predicted.

Gelb and Zarowin (2002)

Gelb and Zarowin (2002) also examine the relation between the disclosure practices of
firms and the phenomenon of share price anticipation of earnings. Like Lundholm and
Myers (2002) they use the AIMRAF corporate disclosure ratings as a proxy for

disclosure quality.

Gelb and Zarowin (2002) collect their data on disclosure quality from the- 193
AIMR-FAF reports. The total number of firms included in their study is 82% non
financial firms which are classified into 22 separate industry sectors. The authors then
divide their sample into two categories. The two categories include firms igtihahd

low AIMR-FAF disclosure scores as defined in terms of top versus bottom quartile in

their industry for two consecutive years.
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The authors hypothesise that high disclosure firms experience greater price
informativeness than low disclosure firms. Yheefine price informativeness by the

association between current stock returns and future earnings changes.

Like Lundholm and Myers (2002), Gelb and Zarowin use the regression model
introduced by Collins et al. (1994). They regress current stock redarb®th current

and future earnings changes. The empirical results in Gelb and Zarowin (2002) indicate

t hat disclosure quality is positively ass

future earnings changes.

Gelb and Zarowin (2002) also investigavhether certain types of corporate disclosures
channels make stock prices more informative for future earnings changes. They redefine
their disclosure scores based on three communication channels. These include annual
report disclosure scores, quartergports and other publication disclosure scores and
the investor relations disclosure scores. They run their regression model again to test the
effect of these three types of disclosures on prices leading earnings. The regression
results indicate that ineased disclosure in the annual report does not make stock prices
more informative. These results are consistent with Schleicher (1996), who does not
find a significant association between annual report disclosure scores and prices leading
earnings. On # other hand, they find a significant association between both the
guarterly and other publication and t he

stock prices.

Haw et al. (2002)

Like Gelb and Zarowin (2002), Haw et al. (2002) examine the effecbvefall
disclosure and different disclosure channels (i.e. annual reports, quarterly reports and

investor relations) on share price anticipation of earnings.
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The authors collect their disclosure scores fromthe AMRF anal yst sdé r at |
sample sie is 1349 firmyear observations covering the period between 1193

They examine the association between the
timeliness. They also examine the effect of each disclosure channel score on prices

leading earnings.

The authors use the regression model introduced by Freeman (1987). Their regression
results show that the stock returns of firms with high disclosure incorporate earnings
changes about ongear ahead of those of firms with less disclosure. They alsoHatd t
higher |l evels of investor relationsd disc
future earnings changes, while higher levels of annual and quarterly reports disclosures

do not.

3.4. The Present Study

It is clear from Table 3.1, Columns 35, that most of the empirical disclosure
literature is based on US data. This is due to the availability of ABAR ratings for a

large sample of firms. Furthermore, one can observe that the availability of subjective
ratings in other countries, such Australia (Australian Stock Exchange), Canada (SEC
ratings) and Spain (Actualidad Economica), provide an opportunity to undertake large

scale disclosure studies.

In the UK, there are no subjective analyst ratings similar to those in the other countries.
Therefore, the only way to perform a largeale disclosure study is to construct a
disclosure index to proxy for the quality of corporate disclosure. One of the main
problems in seltonstructed disclosure indices is that they involve a large amount of
time and effort. As can be observed from Table 3.1, the sample sizes of UK disclosure

studies relating to the economic consequences of corporate disclosure is relatively small
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in comparison with the US studies (e.g., 18 firms in Schleicher, 1996; 20 frms i
Schleicher and Walker, 1999; 48 firms in Doula, 2000; 41 firms in Rashid, 2000; and 57
firms in Walker and Tsalta, 2001). UK researchers have had a difficulty in scoring a
large sample of annual reports and, hence, in undertakingdeadg disclosuretgdies.

The sample size problem in UK disclosure studies is partly due to the abensive

work required to score a large sample of annual reports.

The present study contributes to the literature by introducing a new methodology for
evaluating the quiy of voluntary corporate disclosures in annual report narratives. An
important feature of this methodology is that it uses a text analysis software package to
speed up the process of identifying the list of relevant disclosure items. It also assists in
automating the generation of disclosure scores for annual reports. This automation
process makes it possible to score a large number of annual reports with less effort, cost
and time. The resulting sample sizes are comparable to those employed by US

reseachers with access to annual AIMRAF disclosure rating%-

Following Lundholm and Myers (2002) and Gelb and Zarowin (2002), the present study
investigates whether a higher level of corporate disclosure allows the market to
anticipate future earnings chamsgenore accurately. Based dhe regression model
pioneered inCollins et al. (1994), it regresses current returns on current and future
earnings variables and it all ows the reg
disclosure quality. Unlike Lundholmnd Myers (2002) and Gelb and Zarowin (2002),

however, my study emphasises individual classes of informdtiesamines the effect

2L As mentioned earlier, the AIMIRAF database is becoming increasingly dated becauderihacial
Analysts Federationliscontinued the ratings in 1995. As a result, US researchers nowadays start using
the computerisd content analysis approach to examine the economic consequences of corporate
disclosures. For example, Kothari and Short (2003) us&émeral Inquirersoftware to score different
financial communication channels. They then examine the associationebetiveir measure of
disclosure quality and the equity cost of capital.
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of the publication of particular classes of forwdwdking information to the market.

These classes are profit topicssisotopics and turnover topics.

3.5. Summary
This chapter reviews the core |iterature
earningso6 timeliness and disclosure. The

timeliness. The theoretical mel introduced by Collins et al. (1994) is discussed in
detail. This is because this model is used to examine the hypothesised association

bet ween disclosure quality and earningso t

The second part of the review discusses the effects of ctepdisziosure on various
dimensions. These include kbagk spreads, the cost of capital, analyst forecasts, analyst

foll owing, stock price |iquidity and earni

Because the focus of the present study is on the effect of corporate disologuiees
leading earnings, five key papers that are the closest to this area of research were

discussed in more detall in this chapter.

This chapter ends by discussing the extent to which the present study contributes to the
existing Market Based Accoting Research literature. It also discusses the main

differences between my study and those published in the US.
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Chapter 4: The Selection of Disclosure Items: A New Methodology
4.1. Overview

The main purpose of this study is to examine the extent ichvthe quality of forward

looking disclosure in annual report narratives is positively associated with the stock
mar ket 6s ability to anticipate future ea
corporate disclosure, it is necessary to construct a ligewois, which is sufficiently
comprehensive to capture all types of relevant information to the users of annual
reports. This chapter details thpocedures that afellowed in selecting the final list of

disclosure items

Measuring the quality of corpdeadisclosures is not an easy task. Academic researchers
use different proxies for disclosure quality, including management forecasts (e.g.,
Miller and Piotroski, 2000), setfonstructed measures (e.g., Schleicher and Walker,
1999) and subjective measurdee AIMR-FAF ratings (e.g., Lundholm and Myers,
2002). Each proxy has its limitations that could reduce the power of tests when

examining the benefits of enhanced corporate disclosures.

Core (2001) argues that there is a need to develop improved disclosasures. He

suggests that researchers can import techniques in natural language processing from
fields like computer science, linguistics and artificial intelligence to construct their
disclosure scores. Il n r espon glesergs atnew Cor e

methodology foiselecting the final list of disclosure topics

In the present study, the selection of disclosure topics is based on the types of
information that are cited by sedlde analysts in their written reports. In particular,
ana st s reports are sear ch-ookingttapicsitidtearet i f y

used i n the anaking pracess dhese eopids |re then used to score a
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sample of annual reports. A novel feature of this methodology is that, in contrast to
previous studies, it focuses on the types of information that analysts actfafifyoin

their reports. Therefore, this study attempts to eliminate specific problems associated
with previous studies, which used questionnaires and interviews to gathdr ars t s 0

opinions about disclosure quali.

This chapter consists gix sections, followed by a conclusion. Section 4.2 outlines the

main issues regarding sslide financial analysts. These include their definition, their

types of reports, their sourcef information and the content of their reports. Section 4.3
introduces the methodology that is adopteddtect the disclosure itemSection 4.4
starts by introducing the data source fo
discussion of issues leded to sample selection. Section 4.5 discusses the necessary
stages to construct tlseoring sheetSection 4.6 evaluates the methodology adopted to

construct thescoring sheetSection 4.7 summarises.

4.2. SellSide Financial Analysts
4.2.1. Overview

In the Iliterature, there are two types of
sided @smndledbuwyal yst s. The for mer group w
perform a variety of functions such as producing corporate earnings forecasts,
publishing reports to the public on individual firms and issuing stock recommendations.

The latter group works for those who manage large investment portfolios, such as

pension funds and mutual funds.

2 See Chapter 2 for detailed discussions.
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The present study focuses on the reports ofi#d analys?® These reports are used to

identify topics that analysts actually used in forecasting earnings and in valuing firms.

4. 2.2. Types of Analystsodo Reports

Sellside analysts write their reports for current and potential investors. In these reports,
they make formal recommendations (buy, hold, or sell), present the underlying

reasoning supporting their recommendations, use different valuation models to value
companies and reflect upon the various factors used to discriminate between

investments of differerquality.

Financial analysts write two different reports, comprehensive and update fégonts.
average, they issue one comprehensive report per year for each firm they follow, while
they issue around 4 update reports per year to cover any new inforrafigorthe
publication of the comprehensive report. Comprehensive reports typically contain a full
discussion of all aspects of the firm activities, its past performance and its expected
performance. They are distinguishable from updates by virtue oathéhiat the update
reports are typically issued following new information or new market conditions.
Update reports, in general, are much shorter than the comprehensive ones and usually

point out adjustments to be made to the most recent comprehensikte repo

4. 2.3. Analystsd Sources of I nformati on

The sources of information used by analysts have been investigated in a large number of
studies. As discussed earlier, these studies are divided into two main groups. The first

focuses on what analysts say abthe types of information they use in making their

23 There are no written reports for baige financial analysts.
“Rogers and Grant (1997: 27) defcompkemer ehemsiee
whil e update reports fAprovide interim information
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decisions in response to questionnaires and/or interviews. The second analyses the

content of analystsod6 reports.

The present study is based on content ane
motivated in part by Rogers and Grant (1997), who relate the information content of
annual reports to the information content
show that the information provided in the financial sentences represents a relatively
small portion of the information provided
current study, t he most i mportant finding
section of the annual report is an extremely important section in terms of the
inffor mation citedd (p.27). These findings s
constructing the disclosure topics, and to use these topics to score annual report

narratives.

4.2.4. The Content of Analyst8Reports

This section describes the struie of a typical comprehensive analyst report. Most
reports start with an introduction. In this introduction, analysts discuss the principal
rationales for their stock recommendations. Typically, the following points are
discussed in the first two pagesanly analyst report:

1) A short description of the company under investigation that includes its sector,
market capitalisation, average daily volume, date of the report and the name of
analysts and their address and contact number(s).

2) A target price for theommon stock under evaluation, and a summary of the
recommendation for the investment action (sell, buy, or hold).

3) Thef i r mds product | ines, its operations

growth rate and its industry.
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4) A summary of the compaftys hi st or i c al trends in sal
future prospectus.

5  Asummary of the most recent significan
(such as new products, mergers and acquisitions), industry competition or

country of operation.

The reportthen produces a discussion to support the stock recommendation. Generally,
analysts follow the tojlown approach in writing their reports. This tdpwn approach

is well explained by Hooke (1998). The approach consists of a number of subsequent
levels ofanalysis. First, it investigates the principal economies in which a firm operates.

It assesses the extent to which the state of economy can affect future share prices and
i ndustry earningso6 growt h. Second, cialt ass:
analysts are interested in examining the influence of market movements on share price.
Third, analysts give a review of the company and its business, which includes industry
analysis and firm specific analysis. In their industry analysis, analyses to& major
industry changes that are taking place and the new industry structures that are emerging.
In their firm specific analysis, they cover topics related to a firm. These topics include
products, customers, costs, sales and earnings. Fourth, laatioramodels applied in
valuing the firm are discussed. Finally, the report ends with a summary of the financial

sentences, which includes the past, the current and the projected financial statements.

4.3. Overview of the Methodology

The purpose of the ethodology adopted in this chapter is to discover the topics that
help the market to forecast future earnings changes. Since the market is unobservable, it
i's assumed that analystsd reports can be

about &diselosdra quality. Such an assumption also underlies the use of AIMR
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FAF ratings as a proxy for the marketds pe
IS because analysts are widely considered to be a very influential user group in the
marketThey represent and influence investor:¢
1991; Hirst et al., 1995 and Lang and Lundholm, 1386)e nce, anal yst s

textsearched for topics that are relevant in

The seletion of disclosure topics is carried out in two main stages. The first stage
involves creating a list of key words that are associated with forlwakdng

i nformation in analystsodé reports. Il n the
identify seaitences thatare i mpor t ant t o anal ysts i n as
performance For each forwardooking sentence, | identify the key noun of that

sentence.

4. 4. Analystsd Reports Dataset

This section descri bes inhestat Plosdatalbase. Ibafso a na |

explains the criteria for selecting the seé

4.4.1. Data Source

Thelnvestext Plusl at abase is used to collect a sanm
Financial, the leading provider ofieformation to thewvorldwide financial community,

supplies this databad.lt provides access to over 320,000 -fetkt company and

industry research reports written by analysts at more than 270 of the leading investment
banks, brokerage firms and consulting companies 086 onwards. These reports are
displayed in PDF format with images, charts, graphs, photographs and tables

appearing exactly as they were in a financ

't is also argued that individual investors cons.|

for investment decisiomaking (SRI Inernational, 1987).
®Investext Plus s used because this database contains a
reports than other databases sucBiakog.
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4.4.2. Sample Selection Criteria

Due to the highly time consumingture of this part of the study, as described later, it

was decided to restrict the analysis to a relatively small sample efigelfinancial
analystsodé reports. The main sample is dr a:
is selected to obtain a o m sampl e of Z2aAnaallyyssttsséd rreeppoorr
selected on the basis of:

1) They are written for the UK noiffinancial sector. This is because firms in the
financial sector, such as banks, insurance and brokerage companies, have different
activities and their reports are different from those of-financial firms. As a result,

the list of topics for financial firms may significantly differ from that of florancial

firms. Moreover, all types of nefinancial firms are included in the study. Thss

because there is a need to construct a comprehensive list of topics published by analysts
across industry sectors. This list will be used to measure the quality of disclosure for

UK nonfinancial firms. Industry sectors are defined according to thesifitzegion

given in the Financial Times in Decemd&99 (33 noffinancial sectors);

2) Theyare written for the largest two firms ranked by market capitalisation for each
sector. Exploring the ayv anvdstexbPlusatabge foo f ana
different firm sizes shows that financial analysts tend to write longer discussion sections

for the largest firm&® Therefore, focusing on the largest firms in each sector increases

the availability of anal ysgad reports witdt
3) Thetotal number of pages for each report should be at least 20 pages. The sample is

restricted to this number of pages because a comprehensive list of topics is needed to

2" Year 1999 is the last year of the sample period used to undertake the regressios, dmalysilike

previous years it does not suffer from a convers
reports into text files
“Inthelnvestextplusl at abase, | find that only firms in the

with atleast 20 pages. The only exceptions are some biotech firms. As a result, the selection of analyst
reports with longer narrative portions is necessarily restricted to the largest firms by market capitalisation.
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score annual reports. Longer an ddnytret s6 r
smaller ones. If there is no an analyst report with 20 pages or more available for a firm,

the next largest firm by market capitalisation is chosen as a replacement.

A Iist of analystso6 reports with @4l | east

presents th&T1999industry classification and the selected firms in each sector. Table

4.1 illustrates t hat Invdstextgusvithr2@pagesormareal y st
for two sectors, which are OIitvielressiof.i eQnlly
analyst report with 20 pages or more is a

Care & Household Products and Steel & Ot he

represents 60 nefmancial firms.

For many firms in the sampl, t her e are sever al anal yst s
1999. However, one analystodés report I S I e
study. Therefore, a further three-hdc constraints are introduced to select the final

sample of these repsr These constraints are discussed below.

First, the maximum number of reports for each brokerage firm should not be more than
six reports. This represents 10 percent of the total sample. The rationale behind this
constraint is that it prevents the list topics from being dominated by one particular
brokerage firm. In the present study, it is observed that some brokerage firms publish
their reports with a standard style, with the same number of pages. They also tend to
discuss the same topics for eaadmpany. For example, Merrill Lynch publishes a

standard report with approximately 20 pages for any firm it covers.

In order to be sure that a wide range of topics are includégk storing sheeta second
constraint is introduced. This constraint regsiithat two different brokerage firms

should be selected for each industry sector.
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Table 4.1. FT 12/1999 Industry Classification and the Selected Sample of the Largest Two Firms

Sectors
1- AEROSPACE & DEFENCE

2- AUTOMOBILE

3- BEVERAGE

4- CHEMICALS

5- CONSTRUCTION & BUILDING MATERIALS
6- DISTRIBUTIONS

7- DIVERSIFIED INDUSTRIES

8- ELECTRICITY

9- ELECTRONIC & ELECTRICAL EQUIPMENT
10- ENGINEERING & MACHINERY

11- FOOD & DRUG RETAILERS

12- FOOD PRODUCERS & PROCESSORS

13- FORESTRY & PAPER

14- GAS DISTRIBUTION

15 GENERAL RETAILERS

16- HEALTH

17-HOUSEHOLD & TEXTILES

18 INFORMATION TECHNOLOGY HARDWARE
19- LEISURE, ENTERTAINMENT & HOTELS

20- MEDIA & PHOTOGRAPHY
21- MINING

22-OIL & GAS

23- PACKAGING

24- PERSONAL CARE & HOUSEHOLD PRODUCTS
25 PHARMACEUTICALS

26- RESTAURANTS, PUBS & BREWERIES

27- SOFTWARE & COMPUTER SERVICES
28-STEEL & OTHER METALS

29- SUPPORT SERVICES

30- TELECOMMUNICATIONS SERVICES

31- TOBACCO

32- TRANSPORT

33-WATER

Selected Firms

1- BRITISH AEROSPACEPLC.
2-ROLLS ROYCE PLC

1- GKN PLC

2- MAYFLOWER CORP.

1- DIAGEO PLC

2- ALLIED DOMECQ PLC

1- BOC GROUP

2- IMPERIAL CHEMICAL INDUSTRIES (ICl) PLC
1- HANSON PLC

2- BLUE CIRCLE INDUSTRIES
1- ELECTROCOMPONENTS

2- PREMIER FARNELL

NOT AVAILABLE

1- SCOTTISH POWER PLC

2- NATIONAL GRID
1-BOWTHORPE PLC.

2- RACAL ELECTRICS PLC

1- INVENSYS PLC

2-BBA GROUP PLC

1- TESCO PLC.

2-J. SAINSBURY PLC.

1- UNILEVER PLC.

2- CADBURY SCHWEPPES PLC
1- ARJO WIGGINS APPLETON
2-DAVID S. SMITH HOLDINGS
1-BG PLC

2- CENTRICA PLC

1- KINGFISHER PLC

2- MARKS & SPENCER

1- NYCOMED AMERSHAM

2- SMITH & NEPHEW PLC

NOT AVAILAB LE

1- GENERAL ELECTRIC ( GEC) PLC
2- ARM HOLDINGS

1- GRANADA GROUP PLC
2-HILTON GROUP PLC

1- BRITISH SKY BROADCASTING
2- REUTERS GROUP

1- ANGLO AMERICAN PLC
2-RIO TINTO PLC

1-BP AMOCO PLC
2- SHELL TRANSPORT & TRADING

1-REXAM PLC
2- MY HOLDINGS

1- RECKITT & COLMAN PLC

1- GLAXO WELLCOME
2- ASTRAZENECA PLC
1-BASS PLC

2- WHITBREAD PLC

1- SEMA GROUP PLC
2- MISYS

1- CORUS GROUP PLC

1- RENTOKIL INITIAL PLC

2- CAPITA GROUP PLC

1- VODAFONE AIRTOUCH PLC
2-BRITISH TELECOM (BT).

1- BRITISH AMERICAN TOBACCO PLC
2- IMPERIAL TOBACCO GROUP

1- RAILTRACK GROUP

2-BAAPLC

1- UNITED UTILITIES

2- THAMES WATER

Table 4.1 presents FT12/99 industry classification for UK-fieencial firms. The largest two firms, according to market

capitalisation,

& Ot her Metalsé and

are selected.
6Per sonal

6Househol d

Care & Household Product séd

have

& Texdges ecsrd momde 6 DO Stee

C
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Finally, It is intended to capture all/l t
constraint requires aekection of one comprehensive and one update report for each
industry sector. This constraint ensures a selection of reports, which cover either the
general review of the firm and/or those which cover special events. This constraint leads

to a more comprensive list of topics that captures different topics. For example, some
annual reports disclosed information on special events such as mergers and acquisitions.
As a result, it is logical to include these update reports as well as the comprehensive

ones inthe main sample.

To minimise the impact of the three-hdc constraints on the random sample, the
selection process is started in industrie
Subject to these constraints, one analyst report is randomlyeskefecteach of these 60

firms. The aggregate number of pages across the reports is 1898. This represents, on
average, 32 pages in length per report, with the page length varying from a minimum of

20 pages to a total of 75 pages.

Table 4.2 provides theglit r i but i on of analystsd reports
number of anal yinwdstexb Plusiatgbase dcross the 60 tfirme is 244.

On average, four analystsdéd reports eof 20 |
financial frmsn t he UK in 1999. Out of the 244

randomly selected. These reports span 28 brokerage houses.

It is clear from Table 4.2 that the sample structure is a reasonable reflection of the
population distribution. Only one brokeeag f i r m o6 Cr e d i trepiesemed.nai s 6
This is due to the fact that the only rep
firms in the Water sector and, hence, these reports are automatically included in the

sample.
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Table 4.2. Topic SearchDistribution of Brokerage Houses

Investext Plus Sample
Brokerage House Total Percentage Total Percentage
ABN AMRO BANK 25 10.2 6 10.0
ALBERT E. SHARP 2 0.8 2 3.3
ARNHOLD 1 0.4 0 0.0
BEAR, STEARNS 1 0.4 0 0.0
BNP EQUITIES 1 0.4 0 0.0
BT ALEX. BROWN 8 3.3 3 5.0
CCF ELYSEES 2 0.8 0 0.0
CHARTERHOUSE 5 2.0 1 1.7
CIBC WORLD 1 0.4 0 0.0
CREDIT LYONNAIS 10 4.1 6 10.0
CREDIT SUISSE 20 8.2 4 6.7
DEUTSCHE BANK 23 9.4 4 6.7
DONALDSON, LUFTKIN 8 3.3 2 3.3
DRESDNER KLEINWORT 23 9.4 5 8.3
HANDELSBANKEN 1 0.4 0 0.0
HSBC 7 2.9 2 3.3
ING BARING 1 0.4 0 0.0
LEHMAN BROTHERS 12 4.9 3 5.0
MERRILL LYNCH 22 9.0 6 10.0
MORGAN STANLEY 20 8.2 5 8.3
PARIBAS 8 3.3 3 5.0
SG COWEN SECURITIES 1 0.4 0 0.0
SG SECURITIES 13 5.3 2 3.3
THOMAS WEISEL 1 0.4 0 0.0
UBS WARBURG 5 2.0 0 0.0
WARBURG DILLION 17 7.0 6 10.0
WESTLB PANMURE 5 2.0 0 0.0
WILLIAMS DE BROE 1 0.4 0 0.0
Total 244 100.0 60 100.0

Table 4.2 shows the distribution of brokerage houses across 60 large UK firms in tR®9n€2 and 3 indicate the availability of
anal ystso reports Inestext PRsFor fhetgpe search; oneremalyst repant is selected per listed company.
The resulting distribution is given in Columns 4 and 5.

Out of the 60 selected nal yst sé6 reports, 35 reports a
while the others are classified as updates. Comprehensive reports contain a complete

di scussion of a firmbés activities. Updat e
company updateg5 reports) and an analysis of special activities (12 reports).
Comprehensive reports dominate updates because update reportdrorestext Plus

database in 1999 are not available for seven industry sectors.

29 These activities are mergers, acquisitiditncing requirements, regulation issues, recommendation
upgrades and business disposals.
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Below, | describe the necessary procedioe constructing thescoring sheetin
addition, the extent to whidNudistassists in speeding tipe process of creating such a

sheets also highlighted.

4.5.The Selection of Disclosure Iltems

Because of the matters raised earlier about the importahc®rwardlooking
information, the focus of this chapter is to construct a list, which is sufficiently

comprehensive to capture all forwdrdo o ki ng topics pubfished i

The selection of disclosure topics is undertaken in two stagedirshstage generates a

list of key words that are associated with forward o ki ng i nf or mat i on
reports. In the second stage, this list is used to identify the topics that appear to be

i mportant to anal yst s peafomammesRreeachiforward a i r
looking sentence, | identify the main topic of the discussion in that sentence. The

following subsections discuss these stages in more details.

4.5.1. Selection of Forwarel.ooking Key words

Figure 4.1 summarises the steps followe selecting the final list of key words. First, |

read a sample of analystso6é reports to ider
step produces a preliminary list of forwdobking key words. Second, synonyms for

each key word are added toe preliminary list created in the previous step. Third,
Nudistuses the new list of key wordstotextte ar ch t he 60 anal yst s
two additional criteria are introduced that any key word must satisfy in order to be
included in the final lis These are the frequency criterion and the forvi@ao#tingness

criterion.

30 See Clarksomt al. (1999), Schleicher and Walker (1999), Miller and Piotroski (2000) and Hettah
(2002).
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Below are the necessary steps to select the final list of forlwakihng key words.
These stages are: (1) reading anal ystso
preliminary ist, (3) identifying a list of forwardooking sentences, (4) testing the
frequency of forwardooking key words, and (5) testing the forwdodkingness

criterion.

(1) Reading analystsodo reports

Creating forwarelooking key words follows two stages. Fisstla random sample of
30anal ystsodé reports from different brokera
note is made for any key word that is related to future events. This process produces a

preliminary list of forwarelooking key words (list1).

(2) Adding synonyms & creating preliminary list

Il n this step | identify synonyms for the
Thesaurus is used to search for these synonyms. Then, these synonyms are added to the
preliminary list (listl). A list ® synonyms of the synonyms created in the last round is

also added to list 1. The result is a new preliminary list (list 2) of 171 forlwaking

key words (see Table 4.3).

Forwardlooking key words in Table 4.3 can be classified into six groups. Tgresps
ar e: 1) verbs such as O6anticipated, Oest

6opportunityd, Oprospectod, O6outl ookd and ¢
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Figure 4.1. Selecting the Final List of ForwardLooking Key words

Step (1)
Reading a random sample
analyst reports

l

Step (2)
Adding synonyms & creating i
preliminary list of Forward
lookingkey words

l

Step (3)
Searching the 60 Analyst repor
by Nudist & providing a list of
forwardlooking sentences.

l

Step (4) e ,
Frequency test: if key wor( Delete: key words |

appears in less than 30 senten i with less than 30
then delete, otherwise go to tf = | sentences !
forwardlookingness test. | |

l

Step (5) S RGEEETEEEEEE TR
Forwardlookingness test: if 3 ' Delete key words,!
key word capture forward i which fail to capture ati
looking sentences correctly b — : least 80% of forward!
at least 80% then retain it in th i looking sentences
final list, otherwise delete. |

_______________________

_______________________________

Output: Final List of forward
looking key words




Table 4.3. The Preliminary List of Forward-Looking Key words
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2000 Contemplate Guess Point toward Strive
00E Contingency Hinder Possibly Subject to
00F Continue Hope Potential Suggest
Ability Contract Imagine Precaution Suppose
Certainty Converted Imminent Predict Surmise
Change Convince Impend Presume Target
Likely Could Improve Presuppose Turn
1999/2000 Decrease Increase Presurmise Varies
Able Deem Innovation Prevent Vary
Accelerate Designed for Insight Pro Forma View
Additional Designed to Intend Proceed Vision
Advance Desire Intention Program Wait
Afterwards Difference Judge Project Well placed
Ahead Divine Keep Prolong Well positioned
Aim Envisage Later Promise
Allow Envision Likelihood Prophesy
Ambition Estimate Long for Propose
Anticipate Eventual Long-term Prospect
Approaching Expand Look Purpose
Approximate Expansion Maintain Realise
Aspire Expect Make larger Reflect
Assume Extend May Remain
Await Extension Medium$term Renew
Become Foreast Might Retain
Beforehand Forejudge Model Revitalise
Belief Foreknow Nearterm Risk
Believe Foresee New Scenario
Can Foresight Next Scope
Capable Foretell No later than See coming
Carry out Forethought Novel Seek
Challenge Forthcoming Objedive Shall
Chance Forward Offer Shortterm
Coming Future Opportunity Shortly
Commitment Go faster Optimistic Should
Committed Goon Outlook Soon
Confidence Goal Perspective Speculate
Conjecture Going to Pessimistic Strategy
Consider Grow Plan Stretch
Table 4.3 contains the preliminary 1|ist key wor csaurdsh at
Dictionary for synonyms.
onovel 6, 4) adverbs like o6shortlydéd @Gnd 0s
and 6) phrase such as o6no | ater thand, o6pc

(3) Identifying a list of forward -looking sentences
In this step, the preliminary list of key words (list 2) is used to identify ford@oking
seasehdhe

sentences. First, | import analydts r e p oNudiss iSretc@ nd ,

function inNudistto identify forwardlooking sentences containing at least one of these

key words. These two procedures are discussed in the following paragraphs.

* |In some cases, | ugeat the end of the key was to instruct the programs to tag and count all word
containing the term. For exampl e, MNJddisitheresultng sear ch
node (file) contains all sentences witlhybat | east ¢
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1I-l mporting analNydstt s6 reports int

Before introduci nNuds ihisnegessarnsto comvertghese reports nt o
into a standard text format and then to select a suitable text unit. These two

requirements are discussed below.

a) Preparing analystsdo reports

Documents a imported intdNudistas a standard text file. After selecting the sample of
analystsod reports, t he next task is to c
(PDF format) to a standard text file fornfatThis conversion allows the reports to be

imported intoNudist Saving analystsd reports as t e
such as bold, italics and centring. In addition, it deletes all images, charts, tables,
pictures and graphics. But, information about the existence of these objects is kep

the text file.

The spelling of a random sample of sentences in these reports is also checked to be sure
that there are no spelling mistakes after the conversion process. Noadibonal
spellings or spelling mistakes are found in the selected lsafmally, reviewing a
sample of analysts6é reports confirms that

after the conversion process.

b) Selecting the text unit

Before i1 mport i ng Nadstaa cpudal ssage iste@ geode theesofi nt o
text units. A text unit is a portion of text that a researcher selects for the analysis. A text
unit can be a paragraph, a sentence, a line, or a wdudistdivides every document

into a number of text units for the purpose of coding.Nlmdist one can use a

32 Acrobat Reader version 5 is used in the present study to convert all analyst reports from PDF to
standard text format.
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paragr aph, a sentence or a |line as a tex

included in the software.

The tot al number of text wunits in each
text unit. This choice is a very signifidadecision and it will considerably affect the
results of any research. Finally, it is not possible to change the selected text unit once

the program is run.

A short paragraph may work well as a text unit, specifically if it contains one sentence.
Practially, most documents have large paragraphs with many topics. Therefore,
paragraphs are usually more difficult to code as a text unit than smaller portions, such as
words, lines and sentences. Large text units typically contain more information and
greaterdiversity of topics. Hence, they are more likely to provide researchers with
conflicting signals. Here are two examples withdistwhen a paragraph is used as a

text unit.

Example (1): A short paragraph

0 T laauisition of Pioneer, announced on 29 Novambmakes Hanson th
largest aggregates producer in the world and the second largest read
concr et e (AbnAntq ldaeasoroPLC, 1 December 1999, 2)

The paragraph above is acceptable as a text unit, because it is short and it includes only
one¢ ear topic OGacquisitiond.

Example (2): A long paragraph

0As brokers t o Han s @rofit forecastsarmiwestmeant
recommendation pending completion of the Pioneer transaction. In the s
term, Hanson has stated that the deal willdzsnings enhancing in the firs
year pregoodwill. Cost savingsof at least £25m have been identified,

per haps mor e i nteresting i s retirres
relative to Hanson, which could provide significant medierm benefitsto

t he g(Amm &mré, Hanson PLC, 1 December 1999, 2)

The above paragraph is too long and it consists of many topics such as profit,

investment recommendation, earnings, cost saving, returns and benefits. It also consists

do
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of more than two sentences cawg different tenses, which could give inaccurate

results wherusingNudistin identifying forward-looking disclosures.

A line, as a text unit, is better than a paragraph, but it does not work perfectly if the
sentence is too long and consists of twarmre lines. In this cas®&udistwill not be

able to locate phrases that extend across two lines or more. Below is an example to
clarify the idea.

Example (3): Line as a text unit

0As brokers to Hans o mprofit fwer ehcaavs¢hbsv
Amro, Hanson PLC, 1 December 1999, 2)

If a line is used as a text unit, it might be difficult to locate topics in one single line. The
example above gives an incomplete picture about what an analyst is trying to argue in
this sentence or paragraph. Only ¢ne pi c , oprofito, appears b

the sentence or paragraph is incomplete.

Similar to Rogers and Grant (1997), a sentence is selected to be the basic coding unit in
the present study. 't i s belnaeywotherunitbfat a
analysis. The rationale for selecting this text unit is that coding text by sentence will

provide results that better reflect the context of information that is discussed in the text.

In summary, a sentence is considered as the magstopgate information unit.
Selecting sentences as a text uni t change
because each sentence will start with a new line after introducing these reports into
Nudist. Sentences may be short or long and they maslelae or not clear. All these

cases are discussed later in this chapter. Example (4) illustrates the use of a sentence as

a text unit.
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Example (4): A sentence as a text unit

0As brokers t o Han s @rofit forecastslamirwestmant
recommendationpending completion of the Piondesinsactiord (Abn Amro,
HansonPLC, 1 December 1999, 2)

The above example refers to one clear sentence, with one obvious tense. All topics also

are clear and can be determined easily.

After preparingaal yst s6 reports, the next procedur
NudistProject. There are two methods for importing documentsNiidist In the first
method, one can highliglatl his/her documentthen choosethé | mport Text Fi

Document8function inNudist.In the second method, one can use the command files.

I n the present study, command files are u:¢
by: (1) saving al/|l anal ys tNudstproeg, adt2s i n t
running a command to import all these reports Muaistproject. | use the following
command to Iimport the analystsodé reports:

(introducedocuments all)

Using command files reduces the amount of time and effort to perform this type of
routine task. Furir benefits of using command files are discussed in the next chapter,

when scoring large samples of annual reports.

2-Textsearching analystso6é reports

In this stage,Nudistis used to texs ear ch anal ystsé reports

sentences that caih each forwardooking key word.

Il n the current procedure | benefit from d
First, al | a n a lsgasched at one ¢impeo $ecosnd, the mttern searth

function is used which leads to searching hore than one key word at the same time
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[e.g., Gearcktext $likely|forecast$|anticipat$)finally, the wholeword search function
isusedintexs ear ching anal ystso reports. For ex:é
sear ched f or hewhadewordoseadch fanetior prodides all sentences that

contain the®key word o6willa.

The final outcome oftes ear ching analystsd repo+ts is
looking sentences. These sentences are further analysed to select the fio&l list

forward-looking key words.

Step (4) Frequency of forwardlooking key words

This section introduces the first condition for selecting the final list of foriaoking

key words. Each key word isusedtotexe ar ch anal ystsdé reports
Nudist provides a statistic summary showing the frequency of each key word. This
frequency is measured by adding up the total number of sentences associated with a
single key word for each analyst report. Key words with less than a total number of 30
senences are deletéd. All other sentences are kept for further analysis. The key words

with 30 sentences or more are included in the final list of key words, only if they meet

the forwardlookingness criterion.

Step (5) Forward-lookingness criterion

This aiterion limits the number of key words to those that have a high probability of
being associated with future events. In order to perform this test, a random sample of 30
sentences per key word is selected and read. Then, the number of cases in which the

forwardlooking key word is unambiguously associated with future events is counted. A

3 If the wholeword function is not selected in this example, Nudist will provide all sentences that
include the following kewor ds, o6wil |, goodwill and/or willingo
3 The rationales for deleting key words with less than 30 sentences can be summarised as follows. First,
topics associated with most of these key words are either too general or too specific to industry sectors.
Secoml, some of these key words usually introduce errors where they are in most cases associated with
past sentences. Finally, a relatively large number of these key words are not common and contain topics
that are discussed in the reports by using differemtafiatlooking key words.
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forward-looking key word is included in the final list if its associated sentences refer to
the future in at least 24 cases (e.g., at least 80 percent of cékegksiting list of 65

forward-looking key words is given in Table 4.4. Examples 6 and 7 clarify the idea.

Example (6): Forwardboking test 1

Sentence (1):6 By y ear e n duncevtaintywil haveeplayed dutos
way or t(Meeril lorcin Angld American PLC, 6 October 1999, 42)

Sentence (2):dJncertainty on emerging marketsas raiseda high degree o
f or e c a@errilLynch kAdglo American PLC, 6 October 1999, 58)

These two sentences illustrate how the forwlaokingness test work#n stage (4), the

word oO6uncertai nt y 6lookig key edrdce Tekiseeda racsh i an gf carnvad
reports provides a list of sentences associated with this word. On reading the first
sentence, one would accept twbré Omwtberother 6unc e
hand, the same word in the second sentence is referring to the past. The inclusion of
such a key word will introducea noise when searching for the quantity of forward

looking information in annual reports. It will also introdumeerrar in scoring annual

reports.

In the light of the above discussions, a forwhkrakingness condition is informed to

limit the number of key words that introduce noise. According to this condition, a
forward-looking key word, such as uncertainty, shoudibcluded in the final list of

key words if the sentences associated with it refer unambiguously to the future in at

least 80% of cases. From the above two sentences, it is possible to argue that the word
ouncertaintyd it sel Itdeschewevemr refértoithe futere wheno t h e

accompanying another future key word I|ike
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Table 4.4. Final list of Forward-Looking Key Words

Forward-Looking Frequency Forward-Looking Key Frequency
Key Word Word
2000 628 Outlook 159
00E 409 Plan 216
OOF 71 Possible 171
Ability 105 Potential 415
Aim 87 Predict 40
Ambition 33 Prospect 201
Anticipate 103 Realise 109
Approximate 150 Reflect 330
Assume 657 Remain 359
Believe 693 Renew 35
Capable of 34 Risk 293
Chance 34 Scenaio 70
Change 373 Scope for 72
Coming 84 Seek 64
Commitment 30 Short term 160
Continue 568 Soon 34
Could 598 Subject to 40
Estimate 1023 Suggest 284
Eventual 32 Target 477
Expect 1062 View 307
Forecast 640 Will 2088
Foresee 40 Would 1003
Forward 150
Future 348
Goal 31
Going to 45
Hope 45
Improve 430
Increase 645
Intend 66
Likely 585
Long term 213
Looking 114
Looks 85
Maintain 141
Medium term 102
Might 74
Near term 45
Next 478
Objective 52
Offer 561
Opportunity 334

Table 4.4 includes the 65 forwatabking key words that satisfied the frequency and the forw@okingness tests. This list of key
wordsisusedtotes ear ch t he sample of 60 alookrggsteanseed reports to identify

Example 7 provides further explanations.
are among the most popular forwdrddo o ki ng key words frequent
reports. It provides a strong indicator of the future when it comes with arfotheard

looking key word as stated in the first sentence in Exampléowever, it sometimes
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comes with past sentences (Sentence 2), oI
6mayé6 (Sentence 3). Il n short, t ward key wi
lookingness condition because it introduces too much noise. Therefore, this key word is

deleted from the final list.

Example (7): Forwardboking test 2

Sentence (1):6 Or e @ oparsuing deregulation and competition in th
industrial sector, whichmay bei nt r o d u c e dDoralgdson2 Scottis
Power PLC, July 1999, 22)

Sentence (2):6 T hhassledto the possible conclusion by the company th
salemaybet he best way (Gredit Suigse, BAALEC, 1089| 2

Sentence (3)0 T h e gtereduhp largerindonesian market, using Rothm
as a distributor, ilrMa y 1 @\&r®udg Dillon, Imperial Tobacco PLC, 199¢
27)

4.5.2. ldentifying Disclosure Topics

A topic is defined as the subject or the noun of a sentence. In this step, the nouns
asociated with the forwmardt oo ki ng key words are <concer |
Sear cho6 Nudstall forwandlooking sentences are identified in a very short

period of time. Additionally, all other sentences either related to the past or any other

irrelevant information are ignoréd.

Forwardlooking sentences are used to determine the topics to be included in the
sheef’® To achieve this, the following stages are followed to construct the list of topics:

(1) identifying the final list of forwad-looking key words, (2)texs ear chi ng anal
reports by the forwartboking key words, (3) creating a file contains all forward

looking sentences that contain at least one fordaolling key word, (4) readingll

sentencedor a set of forwardooking key words, (5) reading a random sample of

% Other irrelevant information refers to forwalabking sentences, which include an irrelevant forward
looking key word. Irrelevant key words are those which did not satisfy the fotaakiohgness
condition.

3 An attempt haséen made to automate the process of extracting topics from folvakidg sentences.
However, automating such process was very difficult. Therefore, a sample of féoakirty sentences
is read.
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sentences for another set of forwdmdking key words, (6) deciding the significance of

the additional new topics and (7) creating the final list of topics.

Figure 4.2 provides a brief overview of these sta§estion 4.5.1 provides a detailed
discussion regarding the selection of the final list of foralaoking key words. These

key words are then used to idenThaTey futu
Searchfunction in Nudist provides a great assastce in determining these sentences.
The total number of forwartboking sentences for the 65 forwdaobking key words is
6200726 On a v elooking key woedascassociitedrwitha302dsentences.

It would have been too timeonsuming to read lalhese sentences to identify the topics.
Therefore, it was decided to identify the topics in a systematic way. Sixteen ferward
looking key words are randomly selected. Thalhsentencesontaining at least one of
these forwardooking key words are readhfter that, another set of forwatdoking

key words is selected. For this new setandom sample of forwafidoking sentences
containing at least one of these the key words is read. Finally, the percentage of the new
additional topics is calculated.hi® percentage leads to make the final decision
regarding the necessity of reading further forwiamking sentencesThe following

paragraphs provide a detailed discussion on the steps (4) to (7).
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Figure 4.2. Selecting the Final List of Topics

Step (1)
Find list of forward
looking key words.

l

Step (2)
Textsearching
analystsbo

l

Step (3)
Final list of future
lookina sentences.

l

Step (4)
Readingall sentences

for a set of randomly—»

selected forward
looking key words.

l

Step (5)
Reading a random
sample ® sentences
for another set oOf
forwardlooking key

words.

Step (6)
Is it significant?

l

______________________

_______________________

Additional (new)
topics, 6 topics.

_______________________

(7): The final list of
500 disclosure items.

_______




12¢

Reading all sentence for a set of forwatdoking key words

The final outcome of Section 4.5.1 is a final list of 65 forwlaaking key words. This
listisusedtotexs ear ch a sample of 60 analystso r e
of forwardl ooki ng sentences published in anal.y
random sample of sixteen forwalebking key words is read. Then, | decide to
carefully readall forward-looking sentencesontaining at least one of these key words.

The seécted key words are shown in Table 4.5, Column 3. The total number of
sentences read is 6639. This represents, on average, 415 sentences petdokingrd

key word. This process produces an initial list of topics that are of interest to financial

analyss in their forecasting process.

Forwardlooking sentences that provide clear/specific information are focused on, while
sentences that are more general or unclear are ignored. For each chosen sentence, a note

is made for any forecasted noun(s) appearirgpith sentence.

In many cases the forwatdoking topic is obvious from a first reading. Example (8)

illustrates these types of sentences.

Example 8: ldentify disclosure topics

Sentence(1):0Ne forecasEBIT to decline in FY1999 and again in FY20
due to extremely weak pricés.(Merrill Lynch, Anglo American PLC, ¢
October 1999, 26)

Sentence(2):6 We b el i e v salesarh bkely tanaigednr 2000 rathe
t han t hRagbasy@&axa Viéellcome PLC, 16 June 1999, 16)

Sentence(3)0 A f ur t heostsavings@renexpedted within the next thr
y e a. (Chadterhouse Securities, J Sainsburys PLC, 14 July 1999, 19)

Sentence (4)0The proportion of newwubscribersappears to be increasing ar
churn rates are likely to fall resulting in strong growthnet newsubscribers
in 1999/00 6 ( Dresdner Kl ei nwort Benso
July 1999, 1)
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Table 4.5. Reading ForwardLooking Sentences

Forward-Looking  Frequency Reading Forward - Frequency Reading
Key Word Sentences Looking Key Sentences
Word
Likely 585 All Remain 359 Ignored
Expect 1062 All Renew 35 Ignored
Forecast 640 All Risk 293 Ignored
Estimate 1023 All Scenario 70 Ignored
Anticipate 103 All Scope for 72 Ignored
will 2088 All Seek 64 Ignored
Aim 87 All Soon 34 Ignored
Hope 45 All Subject to 40 Ignored
Intend 66 All Suggest 284 Ignored
Long term 213 All Target 477 Ignored
Medium term 102 All View 307 Ignored
Near term 45 All Would 1003 Ignored
Short term 160 All 2000 628 Ignored
Ability 105 All 00E 409 Ignored
Ambition 33 All OOF 71 Ignored
Approximate 150 All Assume 657 Ignored
Capable of 34 Sample Believe 693 Ignored
Chance 34 Sample Could 598 Ignored
Change 373 Sample Improve 430 Ignored
Coming 84 Sample Increase 645 Ignored
Commitment 30 Sample Offer 561 Ignored
Continue 568 Sample Opportunity 334 Ignored
Eventual 32 Sample
Foresee 40 Sample
Forward 150 Sample
Future 348 Sample
Goal$ 31 Ignored
Going to 45 Ignored
Looking 114 Ignored
Looks 85 Ignored
Maintain 141 Ignored
Might 74 Ignored
Next 478 Ignored
Objective 52 Ignored
Outlook 159 Ignored
Plan 216 Ignored
Possible 171 Ignored
Potential 415 Ignored
Predict 40 Ignored
Prospect 201 Ignored
Realise 109 Ignored
Reflect 330 Ignared

Table 4.5 includes the 65 forwaldoking key words that satisfied the forwdmbkingness testAll sentencesssociated with a
random sample of these key words are read. A random sample of sentences associated with another set of thesis leésowords
read. Finally, | decide to ignore the sentences associated with the remaining key words.

Example 8 shows that a financial analyst of Merrill Lyn8ertence 1) provides a
strong sentence about t he directwhdena of t
financial analyst of ParibasSéntence 2) makes a fairly strong statement about the

direction of sales in 2000. In Sentence 3, a financial analyst of Charterhouse makes a
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strong statement about the expected cost savings within the next thrednydagdinal

sentence, a financial analyst of Dresdner Kleinwort Benson provides a strong statement
about the expected performance of British Sky Broadcasting in 1999/2000. The topics
added to the |ist from the aboawi nsgesndt eanrc

6subscriberso.

However, some sentences did not contain an obvious fotlwakehg topic, even
though they contain one of the common forwhooking key words. Example (9)

illustrates this case.

Example (9): Clear/Unclear topics

Sentence (1)0resco believes that it should at leasth for something highér
(Morgan Stanley Dean Witter, Tesco PLC, 7 January 1999, 5).

Sentence (2):0Ne believe that the company usllikely to attain these
expectationd (Paribas, Glaxo Wellcome PLC, 16 June 19BD).

Example (9) shows that the forwardo o ki ng key words O6ai md anc

future. However, the sentences do not provide any specific topic.

The initial list of topics consists of 494 topics from reading foralaoking sentences

that contain at least one of a random sample of forvi@o#ing key words. It is
important to note that some topics have more than one form, such as capital
expenditure, cap. expenditure, cap. exp., and capex. Furthermore, some topics are
presented as a singleord and as a plural word such as (profit, profits). All these cases

are aggregated into one topic.

Reading a random sample of sentences for another set of forwaotting key words

In this step, | randomly select another set of ten forvi@o#ling key wads. Then, |
randomly select a sample of 50 sentences that are associated with these key words.
These sentences are read to identify the percentage of new topics. The main objective of

this stage is to know whether reading additional foralaodking senteoes provides
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additional topics to the initial list of topics created from the first sixteen key words. If
so, is the total number of new additional topics statistically significant? In this stage,

420 sentences were read

Reading a further 420 sentescallows only six new topics to be added to shering
sheetConsequentl vy, t he most Il mportant guest
sentences significantly identify any new

answer to the question.

Deciding the significance of the additional new topics

From the previous step, it seems reasonable to argue that reading additional sentences is
not significant. Table 4.6 provides further evidence for this argument. Cofumn

Table 46 shows that the estimateloss of topics ifall forwardlooking sentences
associated with the second set of selected key words is nof fEael estimated loss in

this case is 33 topics. This represents only 1.95% (=33/1693) of the total number of
sentences for these forwakambking key words. In short, it is possible to argue forward
looking key words that are selected in the first round capture most of the topics in

anal ystso6é reports.

371t is assumed that the total number of sentences retmsistage is 500 sentences (50 sentence* 10
forwardlooking key words). However, some key words have less than 50 folealidg sentences.
Therefore, the total number of sentence equals to 420 sentences.

38 Estimated loss of topics= % of new topics*duency.



Table 4.6. Additional Disclosure Topics

Forward - Frequency Sample  New topics % of New topics Estimated loss
looking key
word
Capable of 34 34 1 0.029 1
Chance 34 34 1 0.029 1
Change 373 50 0 0.000 0
Coming 84 50 0 0.000 0
Commitment 30 30 1 0.033 1
Continue 568 50 2 0.040 23
Eventual 32 32 0 0.000 0
Foresee 40 40 0 0.000 0
Forward 150 50 0 0.000 0
Future 348 50 1 0.020 7
Total 1693 420 6 0.152 33

Table 4.6 provides the percentage of new topics added to the preliminary list if further f#o@land) sentences are read.
Estimated loss of topics is calculaisl %of new topics frequency

Creating the final list of topics

The new additional topics are added to the initial list. Therefore, the total number of
items, which are finally selected, amounted to 500 topics. Table 4.7 provides a list of

topics that comprise thecoring sieet

From thescoring shegtit can be seen that salide analysts produce forecasts in their

reports in the following areas:

(1) Financialinformation: these types of information include:

1- Income statement information, such as income, profit, dept&ei, revenue,

costs and margins.

2- Balancesheet information, such as assets, liabilities, equity and capital.

3- Segmentedinformation, such as lines, areas, businesses, divisions and
subdivisions.

4- Cashflows information, such as cash inflows, cash outfleas cash flows
from operations.

5- Financialratios and valuation methods, such as CFPS (cash flows per share),

CFROI (cash flows return on investment), COGS (cost of good sold), CROCI



12¢

(cash return on capital invested), EPS (earnings per share), DPS (dipelend
share), EVA (economic value added), MVA (market value added) and FCF (free
cash flows).

(2) Non-financialinformation: these types of information are divided into the following
categories:

1- Companyspecific data, such as products, operations, maragestructure,
strategy, produelife cycle and raw materials, production, distribution, suppliers,
stores credit policy, customers, competition and merchandising.

2- Economicdata, such as GDP, business cycle, inflation, consumption, tax rates
and currency alue.

3- Capital markets data, such as FTSE, interest rates, share price, ADR, market
share, market size and market structure.

4- Industry analysis, such as technology, industry, demand, supply, competitors,

government, rules, capacity and competition.

4.6. Evduation

The new methodology introduced in the present chapter is clearly reproducible. This is
because one could easily replicate all the process discussed in this chapter. The only
needs are an electronic ver si o-lbokingtkeyanal y s
words. In the next chapter (Chapter 5), the necessary stages to score large samples of
annual reports are discussed. This includes the selection of annual reports, the necessary
procedure to automate the disclosure scoring process, the @aelettihe weighting

methodology and the evaluationMfidistas a tool for scoring annual reports.
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48
49
50

£/DM

£/Euro
Accounting policy
Accounting standard
Accounts payable
Accounts receivable
Accrual
Acquisition

Adj. EPADR
Administration
ADR

Advertiser
Advertising
Agreement
Alliance
Ambitions
Amortisation
Approach
Approval
Avrbitration

Area

Asset

Associated undertaking
Authority

Backlog

Balance sheet
Barrier

Benefit

Beta

Bid

Bill

Bleak

Board

Board meeting
Bond

Bond holder
Bonus

Book value
Borrowing

Brand

Breakeven
Budget

buy-back

Buyer

Capacity

Capital expenditure
Capital

Capital structure
Capitalisation
Cash

51
52
53
54
55
56
57
58
59
60
61
62
63
64
65
66
67
68
69
70
71
72
73
74
75
76
7
78
79
80
81
82
83
84
85
86
87
88
89
90
91
92
93
94
95
96
97
98
99
100

Cash flow
Cash inflow
Cash outflow
Catalogue
CFPS
CFROI
Chain
Challenge
Channel
Charge
Chemical
Chief executive
Churn

Client
Closure
COGS
Combination

Commercial mileage

Commission
Committee
Commodity
Compensation
Compdition
Competitor
Concession
Conglomerate
Consolidation
Consortium
Construction
Consumer
Consumption
Contract
Contribution
Control
Convertible
Cost

Coupon
Covenant
Cover
Coverage
Credibility
Credit
Creditor
Crisis
CROCI

Crop

Culture
Currency
Current account

Customer
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102
103
104
105
106
107
108
109
110
111
112
113
114
115
116
117
118
119
120
121
122
123
124
125
126
127
128
129
130
131
132
133
134
135
136
137
138
139
140
141
142
143
144
145
146
147
148
149
150

151

Cycle
Cyclically
D/IE
DACFPS
DCF

Deal
Debenture
Debt

Debtor
Deficit
De-listing
Delivery
Demand
De-merger
Deposit
Depreciation
Deregulation
Derivative
Design
De-stocking
Destruction
Devaluation
Developer
Development
Dilution
Director
Discount factor
Discount rate
Discovery
Disposal
Distribution
Distributor
Diversification
Divestment
Dividend
Division
DM/E
DM/Euro
Dollar
Downstream
Downturn
DPS
Drawback
Duty
Earnings
EBDIT
EBDITA
EBIT

EBITA
EBITDA

EBT
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152
153
154
155
156
157
158
159
160
161
162
163
164
165
166
167
168
169
170
171
172
173
174
175
176
177
178
179
180
181
182
183
184
185
186
187
188
189
190
191
192
193
194
195
196
197
198

199
200

201
202

E-commerce
Economic turbulere
Economies of scale
Economy
Efficiency
Electricity
Employee
Engineering
Enhancement
Entity
Environment
EPADR

EPS

Equipment
Equity

EU

Euro

EV

EVA

Exceptional charge
Exceptional ost
Exceptional items
Exchange rate
Exit

Expansion
Expenditure
Expense
Exploration
Export

Exporter
Exposure
Extension

Facility

Factory

FCF

Federal reimbursement claim

Fee
Financing
Franchise
Franchisee
Franchising
FRS

FTSE

Fund

Gain

Gap between companies
Gas

GDP
Gearing

Geographic contiguity
Gold



203
204
205
206
207
208
209
210
211
212
213
214
215
216
217
218
219
220
221
222
223
224
225
226
227
228
229
230
231
232
233
234
235
236
237
238
239
240
241
242
243
244
245
246
247
248
249
250
251
252
253

Goods
Goodwill
Government
Grant
Growth

H1 results
Habit

Head office
Headcount
Hedging
Holding company
Import
Improvement
Incentive
Income
Indebtednes
Independence
Industry
Inflation
Infrastructure
Innovation
Instrument
Integration
Interest
Interim result
Internet
Inventory
Investment
Investor

IRR

IT

Job

Joint venture
Label

Labour

Land
Launch
Lawsuit
Layout
Leadership
Lease

Legal
Legislation
Lending
Leverage
Liability
Licence
Licensee
Liquidity
Listing
Litigation
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254
255
256
257
258
259
260
261
262
263
264
265
266
267
268
269
270
271
272
273
274
275
276
277
278
279
280
281
282
283
284
285
286
287
288
289
290
291
292
293
294
295
296
297
298
299
300
301
302
303
304

Loan

Location

Loss

Machine
Machine line
Macroeconomic
Macro eonomy
Maintenance
Major force
Management
Manager
Manpower
Manufacturing
Margin

Market

Market position
Market price
Market share
Market size
Market structure
Market value
Marketing
Media
Merchandising
Merger
Mileage
Minority

Mix

MMC

Model
Momentum
Multimedia
NAV

Net present value (NPV)
Network
NOPAT
NOPLAT
NPAT

NWC
Obligation
Occupancy rates
Offering

Oil

OPEC

OpFCF
Operation
Operational benefits
Operator
Option

Order
Orderbook



305
306
307
308
309
310
311
312
313
314
315
316
317
318
319
320
321
322
323
324
325
326
327
328
329
330
331
332
333
334
335
336
337
338
339
340
341
342
343
344
345
346
347
348
349
350
351
352
353
354
355

Ordinary shares

Organisational structure

Outlet

Out performance
Output
Outsourcing
Overcapacity
Overdraft
Overhead
Packaging
Partners
Partnership
Patent
pay-back
Payment
Payout
Payto-basic ratio
PBIT

PBT

PE
Penetration
Performance
Perpetuity
Personnel
Phase

Plant
Platinum
Players
Political
Politician
Population
Position
Preference share
Premium
Presence
Price control
Price cu
Price inflation
Price limits
Pricing
Privatisation
Proceed
Processor
Producer
Product
Product line
Production
Productivity
Profit
Profitability

Programming
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356
357
358
359
360
361
362
363
364
365
366
367
368
369
370
371
372
373
374
375
376
377
378
379
380
381
382
383
384
385
386
387
388
389
390
391
392
393
394
395
396
397
398
399
400
401
402
403
404
405
406

Progress
Project
Promotion
Property
Provision
PTP
Purchasing
PV

R&D

Raw material
Reappraisal
Recession
Recovery
Redundancy
Refurbishment
Region
Regulation
Regulator
Regulatory
Reinvestment
Remuneration
Renewal
Rent
Reorganisation
Replacement
Repurchase
Reputation
Research
Reserve
Residual value
Resource
Restructuring
Result
Retailer
Retailing
Retiring
Return
Revaluation
Revenue
Reward
Rights

Risk

ROA

ROACE
ROCE

ROE

ROI

ROIC
Royalty
Ruling

Rural
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407 Salary 454 Tariff

408 Sale 455 Tax

409 Sales 456 Technical

410 Saving 457 Technological
411 SEC 458 Technology
412 Secbr 459 Territory

413 Security 460 The world's top company
414 Segment 461 Threat

415 Seller 462 Tooling

416 Selling 463 Top line

417 Senior Executive team 464 Trading

418 Service 465 Traffic

419 Setback 466 Training

420 Settlement 467 Translation
421 Share 468 Trend

422 Share issue 469 Trial

423 Share price 470 Turbulence
424 Shareholder 471 Turmoll

425 Shareholding 472 Turn

426 Shopper 473 Turnaround
427 Site 474 Turnover

428 Slippage 475 UK GAAP

429 Slow down 476 Uncertainty
430 Slump a77 Underachievement
431 Social security 478 Underperformance
432 Software 479 Unit

433 Space 480 Upgrade

434 Speciality 481 Upgrading

435 Spending 482 Uplift

436 Spin off 483 Upstream

437 Square feet 484 Upturn

438 Staff 485 User

439 Stage 486 Utilisation

440 Stake 487 Valuation

441 Standard 488 Value added
442 Start up 489 VAT

443 Sterling 490 Venture

444 Stock 491 Visitor

445 Stockholding 492 Volume

446 Store 493 WACC

447 Store openings 494 Wage

448 Strategy 495 Waste

449 Subscriber 496 White paper
450 Supplier 497 Workforce

451 Supply 498 Working capital
452 Synergy 499 Worth

453 Takeover 500 Yield
Table 4.7 provides of disclosure items (noufReadhgnd

a sample of forwartboking sentences creates these items. Unclearsfrecific and double entries items are deleted. The
remaining items are ordered. For each disclosure item, single and plural topics are aggregated into topic. Also, aitistlosure
with more than one format is aggregated into one topic.

phr aseé
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4.7. Summary

A criticism of the disclosure index studies stated by Schadewitz and Blevines (1997) in
their review article is that these studies focus on annual reports and ignore any other
media ofcommunication. This chapter provides a new methodology for constraleéng

list of disclosure itemsNovel features of this methodology are related to the use of
anal ystso6 r ep distofsdiscibsore itemand therahiltytto uselcemputer

software to speed up the process of constructindishis

A random sample of 60 anal yst dookingtegice rt s i
that are used by financial analysts. 35 of these reports are comprehensive while the
others are updates. Theports of 28 different UK brokerage firms are included in the

sample.

To select the disclosure tems a sampl e of analystsodé rep
preliminary list of forwardlooking key words. Then, the synonyms for all these key

words are identiéd. After that, two additional criteria are introduced, which any key

word must satisfy in order to be included in the final list. These are the frequency
criterion and the forwartbokingness criterion. The final list of forwatdoking key

words is usd to collect the forwmardd o o ki ng sentences appearing
The textsearch function ifNudist achieves this task. Finally, a sample of forward

looking sentences is read to identify the topics in each sentence. Thectnal sheet

conprises a list of 500 topics that appear to be important for financial analysts in their

forecasting process.
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Chapter 5: A New Methodology for Scoring Annual Reports
5.1. Overview

This chapter presents a new methodology for scoring annual reportsnpgartant
feature of this methodology is that it automates the generation of disclosure scores
through the use dfludist This automation allows me to produce disclosure scores for
large samples of firms at minimal cost. The resulting sample sizes arereadnepto

those employed by US researchers with access to annual-AMARlisclosure ratings.

The work on analystsd reports, described
looking topics thatanalysts frequently refer in their repofisst A). | use List A to

score annual report narratives. Before | can use this topic list, however, | also need a set
of forwardlooking key words similar to the set of forwaildoking words that | use in

the analysis of the anal yérnsmay use @ferert s . Si
forms of expression to refer to the future, | decide to construct a new set of forward
looking key words from a sample of 50 annual repditst B). Hence | produce two

lists for the automated scoring of the annual report. LisbAtains a set of topics that
analysts frequently refer to in their reports. List@htains forwardooking words such

as Oexpectd, Obéanticipated Hudidttoaupmatiachliyct 6 .
count the number of sentences in the relegaotions of the annual report that contain

at least one forwartboking word and at least one relevant topic.

The reminder of this chapter is organised as follows. Section 5.2 presents the scoring
procedures. Section 5.3 discusses issues related telthkility and validity of the
methodology. An evaluation of the scoring methodology is described in Section 5.4.
Section 5.5 comments on the scoring methodology adopted in the present study. Section

5.6 summarises.
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5.2. Scoring Annual Reports

The scorig of annual report narratives is the most crucial part of this study. Figure 5.1
describes the steps that are followed to score the sample of annual reports. Scoring
annual report narratives is carried out in five stéps.r s t , anal ystos6 rep
identify a list of topics (List A). This is the list of disclosure topics contained in Table
4.7. Second, a random sample of 50 annual reports is read to construct a set offorward
looking key words commonly employed by companies (List B)e final lig of
forward-looking key words is shown in Table 5Third, the main sample of company
annual reports is selected. Fourth, for each annual report in the main sample | (1)
identify the relevant narrative sections, (2) find the set of sentences contditéagta

one key word from List A to produce company annual report set A, (3) find the set of
sentences containing at least one key word from List B to produce company annual
report setB, and (4) automatically count the number of sentences in the iniersett

set A and set B. FinallyNudist is usedto export the number of sentences in the

intersection of set A and set B into tables.

In scoring annual report narratives, the following conventions are employed: (1) all
sentences in the intersection of camp set A and company set B are counted
regardless of the narrative section of the annual report in which they are found, (2) all
selected items are considered relevant and material, and (3) the borderline between past

and future is the financial yeand.



Figure 5.1.

Scoring Annual Reports

Step (1)
Us e anal yst s
identify a list of topics (List

T

Step (2)
Use 50 randomly selecte
annual reports to construct
set of forwardooking key
words (List B)

l

Step (3)
Select the main sample (¢
company annual reports.

l

Step (4)
For each annual report in th
main sample:

l

Step (5)
Export disclosure scores int

tables.

| (4.1) identify the relevant
| narrative sections '

(4.2) identify all sentence:i
that contain at least on!
analyst topic (company s€
A). |

__________________________

__________________________ |

(4.3) identify all sentences
that contain at least oné
forwardlooking key WOI’di
(company set B). !

i (4.4) count the number oE
i sentences in the intersectic
. of company set A ang
| company set B. :
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The simplest kind of nominal scale, a Dichotomous Scale, is chosen to evaluate annual
report narratives. This scale provides only two categories, which are disclosed or not
disclosed. An item is regardas disclosed (not disclosed), then the company scores one
(zero). The disclosure score for each annual report is additive and unweighted. Using an
unweighted scoring technigque assumes that each item is of equal importance. By using
this technique, the $iectivity involved in assigning weights to the different items,

when the userds preferences are unknown,

The following sections describe the steps that are executed for automating the

generation of disclosure scores large samples of annual report narratives.

5.2.1. The Construction of Disclosure Topics

The work on analystsd reports, described
looking topics that | use to score annual report narratives. The total numbgriosf to

generated by this stage is 500. This topic list is referredsas L

5.2.2. The Construction of ForwardLooking Key Words

The process of identifying forwaldoking key words used in the annual report is
similar to the process adopted when | idgnfdrwardlooking key words used in the
anal ystsé reports (see Section 4.5.1). I n

of forwardlooking key words. These stages are discussed in the following paragraphs.

In the first stage, a random sammf 50 annual reports is selected and read. A note is

then made for any forwmafldoo ki ng key word t hat appears.
Thesaurus Dictionary is used to search for synonyms. For each synonym, any further
synonyms are identified and thereaadded to the list created in the previous phase.

This stage ends by producing a preliminary list of forwlaaking key words similar to

those shown in Table 4.3.
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In the second stage, a sample of 788 annual reports in 1999 -seteghed’s®
Searchig these reports produces a list of sentences that are related to the key words

created in the first stage.

The final stage is to identify the final list of forwalabking key words. To produce this

list, a random sample of 30 sentences per forM@wlling key word is selected. These
sentences are read. The total number of sentences that clearly referred to the future is
then calculated. Forwaildoking key words are included in the final sample if their
associated sentences refer to the future in at 638t of the sentences that are réad.

In addition to the forwardbokingness test, further analysis is undertaken. The aim of
this analysis is to examine the extent to which forwlaoking key words are used
accurately i n annu arts, the mgndocus & on disclosueeriopitsy st s
that analysts try to forecast in their reports. It does not matter for creating disclosure
topics if they refer to the past, the current, or the future prediction. However, for annual
reports, the situation is firent. This is because the main olje of creating the
scoring sheetis to link the quality of forwardooking disclosure to share price
anticipation of earnings. As a result, selecting the correct forlwaildng key words is

crucial for scoring anral reports. The following example clarifies that idea. The
following sentences are produced by a text search of four annual reports for the key

word oOanticipat

39800 annual reports for 1999 are randomly selected Ba@fog. 12 firms are deleted from this sample

because of the unavailability Dlatastreantodes. Further discussion is presented in the next section.

“0 Before importing these reports into Nug t , a O6sentencebd is selected t
discussion in Chapter 4).

! Here | introduce a subjective benchmark in determining the final list of forlwakihg key words.

The reasons for choosing this -@ft are: (1) the need of choositess noisy forwardooking key words

to score annual reports. | think that the higher the benchmarlgwiee the number ofioisy forward

looking key words to be included in the final list and (2) the need to provide researchers with clear
instructions 6the procedures | used to replicate my work in the future andntonunicatahe reliability

of my disclosures scores.
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Example: Further analysis

Sentence (1)dContinental Europe exhibited some slowdown durirgggecong
half and weanticipate that this is likely to continue to be the pattern for
maj ority of (Abakplc,cle9mmannugl regoet and éccounts)

Sentence (2):6T'he Cardowan development site has progressed well aisg
anticipatedthatt he i nfrastructure works v
(Alexander Russell plc, 1999 annual report and accounts)

Sentence (3):@ouvenir/Ritepoint, our writing instrument business, imprg
sales and earnings marginally on 1997 but not to the levedshad
ant i ci(4gnptineptt,d1999 annual report and accounts)

Sentence (4)As anticipated sales to the UK Public Sector and Governm
cont i nue d(AEAteckhelayy plcn189® annual report and account

Searching for antitippedk @y owWarce sl iakd it of sen
future as in Sentences 1 and 2. This frequently occurs, specifically when the sentences

i nclude further key words such as o0l i kel yq
the other hand, ialso introduces some noise as shown in Sentences 3 and 4. Both of
these sentences include backward looking information. This noisiness occurs in several
verbs such as forecast, expect, estimate and predict. Therefore, an attempt is made to

reduce such nagsas discussed in the next paragraph.

To reduce the noise induced by verbal key words, key words with more specific tense
structure are used to tesxkarch annual reports. For example, instead of using

Oantebciappata key wor d, egwdrd aeerused. fThede dormsare of t

6anticipated, 6anticipateso, 0i's anticipa
anticipatingo. Narrowing the search in thi
words that appear when one tadarck s annual reports ®or the
(e.g., O6have anticipated6é, O6éwas anticipat e

verbal key words is reduced.

The final list of key words is given in Table 5.1. This table shows the importance of

each key word. Column 2 represents the total number of the selected fioolkind)



141

Table 5.1. Forward-Looking Sentences: List of Key Words

Key Word ForwardLooking Hits Reports
Sentences

Accelerate 23 472 226
Anticipate 20 1045 475
Await 25 43 37
Coming [financial] year|[s] 27 326 204
Coming months 25 34 31
Confidence, Confident 23 1238 543
Convince 25 44 40
Current [financial] year 29 905 407
Envisage 27 80 68
Estimate 20 596 266
Eventual 22 55 49
Expect 29 1826 537
Forecast 20 366 219
Forthcoming 24 120 101
Hope 24 169 137
Intend, Intention 27 763 387
Likely, Unlikely 27 396 232
Look ahead, Look forward 25 400 271
Next 24 1100 455
Novel 23 131 41
Optimistic 26 62 58
Outlook 24 505 350
Planned, Planning 30 206 141
Predict 30 61 51
Prospect 25 1073 515
Remain 20 1826 601
Renew 20 287 156
Scope for, Scope to 28 96 75
Shall 30 163 123
Shortly 25 173 130
Should 22 1097 480
Soon 28 119 101
Will 30 11226 772
Well placed, Well positioned 30 192 149
Year[s] ahead 30 153 107
19992000, 19992000 27 170 89
2000, 2001, = 28 1471 324

Table 5.1 contains the list of key words that are used to identify forwakihg sentences in the annual report discussion section.

Column 2 measures the success of a key word in sepafatimgrdlooking from backwardooking information. The number of

forward-looking sentences relates to a sample of 30 randomly selected sentences. Columns 3 and 4 indicate the total number of
sentences (O6Hitsd) and t he( 6tRoetpaolr trswbmb etrh adf cding cau ;s itohne skeecyt iwoonrs
annual reports from the year 1999. If applicable, descriptive statistics are calculated after excluding from the seaehdosys

that are frequently associated with backwimkin g s ent ences . 6 12909090/ 62 OrOeOfde ra ntdo o6al 9f9i9r més ne
The vyear numbers 620006 to 6200906 must be preceded by one of

6t hrougho or o6throughout 6.

sentences for each keyord*? Column 3 shows the frequency of each key word.

Column 4 represents the total number of 1999 annual reports containing the key words.

2 This number is related to a randomly selected sample of 30 sentences.
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It is clear from Column 3 that the key wc

terms of both hits and frequcy

5.2.3. The Main Sample of Annual Reports
5.2.3.1. Data Source

As mentioned beforelNudistis used to score large samples of annual reports. To be
analysed, these reports must be machaaelable (stored in an electronic form).
Recently, the availality of UK annual reports in an electronic form has been
improved? Thus, UK researchers have the opportunity to select large samples of

annual reports and, hence, to undertake {aogée disclosure studies.

This study use®ialog to collect annual repts. Dialog is a relatively new database. It

is the most comprehensive source of UK annual refdifhis database maintains a
collection of the annual reports from approximately 2500 UK firms from 1995
onwardé®. These reports are provided in a standaod fermat?’ Therefore, the
conversion problems that are associated with the other sources of annual reports are

avoided?*®

3 Hits refer to the total number of future sentences for eaghnlord, while the frequency refers to the

total number of 1999 annual reports containing the key words.

“In the UK, different databases now contain large samples of annual reports in an electronic format.
These databases incluB@log, Perfect Informabn, Carol andNorthcote

“SAt an early stage of the study, | check the accuracy of annual report information supiedbigy In
particular, | compare sales figures Datastreamfor 100 firms with those figures published in annual
reports. No errorsra found. | also compare a sample of electronic annual reports with their hard copies,
and again | found no mistakes or errors.

“Dialogal so maintains a collection of half yearly int
“" Dialog deletes anymages, graphs, pictures, tables and charts in the annual report, but it retains all text
and numbers. Therefore, the number of pages for each refigloy should be smaller than that of its
original hard copy.

“8 Perfect Information, Carol and Northeodatabases provide annual reports with PDF format. At an
early stage, a problem was encountered in converting annual reports to text format when Perfect
information was used.
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5.2.3.2. Sample Selection Criteria
For a firm to be included in the sample, it should satisfy the following conditions:

1- It shauld belong to a nofiinancial sector. Financial firms such as banks, insurance
firms and investment firms are excluded. This is because their reports are not

comparable to those of ndimancial firms.

2- For each notfinancial firm, one annual report, keiast, should be availabte Dialog
from 19961999. This study focuses on annual reports, not other media of financial

communications such as interim reports

The first year orDialog is 1995. Unfortunately, the number of annual reports for 1995

is rather small in comparison with the other years, so it is not includedy sample
Therefore, the sample of this study starts in 1996. 1999 is chosen as the end year for the
study. This is because, in the empirical part of the study, the quality of caporat
disclosure is linked with share price anticipation of earnings. Consequently, accounting
and return data required for at least two years ahead (Year 2001). Annual reports after
1999 are ignored due to the unavailability of accounting and return atatad years

ahead at the time of undertaking the analysis. Thus, the final sample period covers 1996

t01999.

The total number of firms oDialog for the years 1996 to 1999 is 1594, 2005, 1947 and
1892. After deleting financial companies, this reduce&l®2, 1410, 1368 and 1289.
Dialog covers 1740 noffinancial firms during 1996.999. The total number of annual
reports for these firms in these periods is 5189. Some firms change their financial year

end and, hence, they produce two annual reports irspeefic year. IrDialog, there
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are 19 norfinancial firms with two annual reports. As a result, the total number of

annual reports for nefinancial firms in 19961999 is 5208?

The above paragraph shows that the total number of firms varies from yesarid-or
example, the total number of firms in 1996 is 1594. This number increases in 1997 to
2005 firms, and then it is reduced to 1947 firms in 1998 and to 1892 firms in 1999. It is

not clear whyDialog covers some firms while it ignores others.

Due tothe time consuming nature of collecting annual reports from Dialog, saving them
and deleting irrelevant sections as discussed later, | detcidandomly select only 800
annual reports for each year. This represents a total of 3213 annual reportfidhote t
some firms have two annual reports). In detail, the total number of annual reports for
each year is: 803 annual reports for 1996, 803 annual reports for 1997, 801 annual

reports for 1998 and 804 annual reports for 1999.

The selected companies are rhatt with theDatastreamcodes. Some firms have no
Datastreamcode. Thus, they have no accounting and return data. These firms are
excluded from the selected sample. Accordingly, the sample is reduced from 3213 to
3142 annual reports. This represents 78®oms in 1996, 781 reports in 1997, 790
reports in 1998 and 788 reports in 1999. The resulting panel includes 1558 companies.

The average number of annual reports per company is 2.02.

“9 The total number of annual reports for Horancial firms = [1122+1410+1368289] +19= 5208.
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5.2.4. Producing Disclosure Scores
5.2.4.1. Identifying the Relevant Naative Sections

This study focuses on voluntary disclosures in the annual report discussion section. This
Is because these sections are more likely to include forlwakihg information than

the financial sentences.

Following Beattie et al. (2002), thext-search analysis is based on sections that contain
the following (or similar) headings in the annual report: Financial Highlights, Summary
Result s, Chairmanos St atement , Chief Exe
Financial Review, Financial Reviewsi nanc i al Directords Repo

Business Review, and Operating Review.

The other sections of the annual report are deleted before importing these reports into
Nudist These sections include the following (or similar) headings: Table of Qsnte

List of Directors, Report on Corporate Governance, Statement on Environmental
Policies, St at ement on Health and Safety
Remuneration Committee, St at ement of Dire
Financial Sentences, Notes to the Financial Sentences, List of Principal Operating
Companies, Historical Summary, and Shareholder Information. Such sections are either

largely standardised or contain information that mainly serve a stewardship fuifiction.

5.2.4.2. Identifying all Sentences Containing at Least One Analyst Topic

Using Nudist all annual report narratives are searched for sentences that contain at least
one topic in List A. The texSearch function ilNudistis a useful tool for this task. It

provides considerable assistance in identifying the required sentences for large samples

*0 The process of collecting annual reports from Dialog, saving them on a computer and deleting the
irrelevant sections, takes around ten minutes per report. As a result, about eight weeks was needed to
collect annual report narrativesiindialog, change t he f iDatasfemmcodesraedtowvi t h t
prepare the reports for the analysis.
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of companies. Command files are used to speed up the process of identifying the

forward-looking sentences.

The study uses different functions to teeiarch annual repis by usingNudist First,
PatternSearch function is used to search for a group of key words in one command file.

For example, it is used to testear ch annual repoprofi®o , f or
Grofitabilityd pr @ f i t aimlpe @ f @nmdiitod, Wiiole Word Only function is

usually selected to forddudistto only select sentences containing the exact key word.

For example, when tedear chi ng annual r e Profitdt sa nfdo r
restricting the search to the whole word only, the outpllibe the sentences associated

with the e»ypaftdt. kHeoywewoerrd o6 f t he whole word
results wildl be all sent enc e profidhprofiédd , i ncl u

Qorofitabled ,  @nprafitatie .

The nextexample illustrates the way in which | use the command files to perform a
search for the key word, oOlikelybo:

Example: The Use of Command Files

(searcht e xasb Op adeara? no wholevord? no casesensitive? no nod
(91) nodet i ttdstd ) 6
Command lines Comment
( Start command file
Search text Start a text search
0coOst Search for the
Pattern search? No Do not use the pattern search
Whole-word? No Do not search for the whole word on
Case sensitive? No Do not require case sgitivity
Node (9 1) Save found sentences in node 9 1
Node tidl e O Name nowms® 9 1
( End command file
Il n the above command fil e, pattermosbear ch

is searched for. In addition, the whole word optismot used in the search because
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both the dosby amal®d dbs ar 6 s eThe resnlieod texbearching

process forcosbheéskgyveordnofree node (9 1).

A number of command files are written similar to the above example xtesearch
annual reports fothe 500 disclosure topics included in Table Zfese commands are
then run for each individual year of the stddilhe final outcome from this analysis is
a list of sentences containing at least diselosure topidor eachfirm in the sample

year.

5.2.43. Identifying all Sentences Containing at least One Forward.ooking
Key Word

The work of this section is similar to the one described in the previous section.
However,instead of usig analyst topikey words, this stage es the set oforward

looking key wordghat areincluded in Table 5.10 textsearch annual report narratives.

The final outcome from this analysis is a set of sentences that contain at least one

forward-looking key wordfrom list B for each firm in theanple year.

5.2.4.4. Identifying all Sentences Containing at least One Forwaildooking Key
Word and One Analyst Topic

Nudistis used to identify the set of sentences that contain at least one analyst topic and
at least one forwartboking key word (thentersection of company annual report set A

and company annual report set B).

Section 5.24.2 showsthe set of sentences in an annual report ¢hatains a relevant
topic. Section 5.2.8.showsthe number of sentences in an annual reportdéals with

forwardlooking sentencesAn advanced feature dfludist allows me to find the

"The 6%$6 sign does not allow Nudist to search for
2 Technically,Nudisttreats each year as a specific project.
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intersection of these two sets. The disclosure score is the number of sentences in this

intersection.

5.2.5. Exporting the Results into Tables

A particularly useful feature dfludistis that it allows me to export these disclosure

scores directly into a spreadsheet. This spreadsheet shol¥atdstreancode and the

total number of forwardooking sentences with a relevant topic for each fitmhese

scores can then be combined t h t he firmdés accounting an

statistical software such as SAS.

5.3. Assessment of Reliability and Validity of Disclosure Scores

For a valid inference, Weber (1990) argues that the classification procedure should be
reliable and valid. Reliability refers to the ability of different people to code the same
text in the same way (Weber 1990:12). Validity refers to the extent to which the
variables generated from the classification procedure represent what the researcher

intends itto represent.

5.3.1. Assessment of Reliability of Disclosure Scores

In the present study, all annual reports are coded at one time. After a short period of
time, samples of these reports are coded again. The resulting scores yielded from the
second timephase coincide exactly with those arrived at the first time round. This

provides assurance of stability of the coding methodology.

Marston and Shrives (1991) argue that the index scores awarded to companies could be
considered reliable if other researcheosild replicate (reproduce) the same results. To

improve the reliability of disclosure scores in the present study, a clear statement of

3 ADatastreancodei s used (rather than the firmds name) to
Nudist
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procedures is developed and a clear definition of ford@wlling information is
adopted. Therefore, other researchehisuld be able to replicate the disclosure scores
reported on this studyrigure 5.1 provides the stages that are followed to score a large
sample of annual reports. In summary, in order to replicate the new scoring
methodology introduced in this studyne needs two lists: (1) a forwalabking key

words list, and (2) a disclosure topics list.

5.3.2. Assessment of Validity of Disclosure Scores

Validity refers to the extent to which the variables generated from the classification
procedure represent whdtet researcher intends it to represent. The validity of these
disclosure scores is supported by three different sets of analyses: (1) the correlation
between the number of forwatdoking profit sentences for each firm and the total
number of forwardooking sentences for the same firm, (2) the correlation between
disclosure scores and firm characteristics identified in prior studies to be associated with
the level of corporate disclosures, and (3) the correlation between the automated

disclosure scores anide scores calculated by reading annual report narratives.

An examination of the internal consistency of the disclosure index provides some
insights into the validity of the disclosure scores. In particular, since corporate
disclosure activities are coorgited across various avenues, | predict that each of the
components of the disclosure index will be positively correlated with each of the
remaining components and the total disclosure scores. In the present study, the analyses
are based on two sets of dsure scores. The first is defined in terms of an all
inclusive topics list, while the second defines disclosure quality in terms of forward
looking profit topics only. The Pearson correlation between these disclosure scores is

positively significant, egals 0.76, at the 0.0001 level.
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The second type of analysis is based on the correlation between disclosure scores and
firm characteristics identified in prior studies to be associated with the level of corporate
disclosures. Ahmed and Courtis (1999) offe metaanalysis of the results of 23
separate studies of the association between the levels of disclosure in the annual report
and firm characteristics since 1961. The findings of their study show that only four
variables have a significant positive asation with disclosure levels. These are: firm

size, exchange listing status, audit firm size and leverage.

In the present study, | focus only on firm size for a number of reasons: (1) audit firm
size is notelectronically available at the time of undeking the analyses, (2) the
sample is based on all UK listed companies. In addition, a number of studies still cannot
find a significant association between disclosure levels and listing status (e.g., Botosan,
1997), and (3) there is evidence that the jgted association between the levels of

disclosure and leverage does not exist (Hail, 2002).

Because of the above reasons, | decide to focus on the size variable. Prior studies find
the predicted association between the levels of disclosure and firminstbe. present
study, the Pearson correlation between disclosure scores and firm size is positively
significant, equals 0.48, at the 0.001 level for arralusive topics list, and it is also

positive and significant, equals 0.26, at the 0.001 leved fanofit topics list.

The final type of analysis calculates the correlation between the automated disclosure
methodology and the traditional methodology that is based on reading annual reports. In
order to undertake this analysis, a sample of annualteoread in order to calculate

the frequency of the forwarldoking sentences. For the same sample of repdudist

is used to calculate the frequency of forwhrdking sentences. Then, the results

yielded byNudistare compared against those yieldadreading annual report3.he
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test yields the ratio of forwardoking statements correctly identified bjudistto all
forward-looking sentences. This ratio is calculated as [1B2B7+1587)=55.2
percent. The corresponding value for backwlaking setences is given by
[7376/(7376+233)]=96.9 percenthis result supports the validity ofiy automated

disclosure scores. The following secsqnovide more details regéing this finaltest

Taken together, the validity of the disclosure scores is géynstadported by the above

three sets of analysis.

5.4. Evaluation

This section examines the extent to which the use of key worlsidist effectively
differentiates between forwaidoking information and backwasidoking information.
This is done by coparing and contrasting the differences between two methods used in
scoring annual reports. The first is based\onist(computerised content analysis) and
the second is based on reading annual reports (traditional content analysis). Therefore,
the reseattt questions under this section of study are:
1- Towhat extent do the traditional and tbemputerisedipproaches yield similar
results with regard to forwafdoking information and backwatidoking

information?

2- In what ways do the results differ and whae ahe reasons behind these
differences?

3- Whatis the correlation between the results of both methods?

4- Whatare the benefits and limitations of both methods?

In order to be sure that the new scoring methodology adopted in the present study
produces reasonabtesults, 50 annual report discussion sections from the year 1999 are

randomly selected. Each discussion section is read and | identify sentences about the
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future. | then automate the search by usihglistand the key words in Table 5.1 and
compare thewo classifications. The result of this crdaadulation is given in Table
5.2

Table 5.2. Evaluating Disclosure Scores: Forwardlooking Versus Backward-Looking Sentences

Researcher Researcher
Forward-Looking Backward-Looking
Nudisti BackwardLooking 1287 (12.3) 7376 (70.4)
Nudisti ForwardLooking 1587 (15.1) 233 (2.2)

Table 5.2 provides evidence on the success of the key words in separating fookarg from backwardooking sentences. |
carefully read the discussion section of 50 annual refimis the Year 1999 and separate information into forwaoking and
backwardlooking sentences. | then automate the search by Wimiist and the key words in Table 5.1 and compare the two
classifications. The total number of sentences in the 50 arep@ts is 10483. Numbers in parentheses indicate percentages.

Table 5.2 shows thathe number of sentences identified biudist correctly is
calculated by[70.4+15.] is 85.5 percentThis is a very encouraging result, which
reflects the success of they words combined witiNudistto score annual reports
accurately. This result suggests tNaidisb s -$ea&ohds tools asereliable alternative

to other scoring methodologieslowever, one should interpret this percent carefully.
This is because anahway toanalyse Table 5.2 is to calculate the ratio of forward
looking statements correctly identified by Nudist to all forwhkroking sentences. This
ratio calculated as [1587/(1287+1581]55.2 percent. The corresponding value for

backwardlooking ntencegalculated a§7376/(7376+233)]s 96.9 percent.

Table 5.2 also shows tha#.5 percent are misclassified, which represents 12.3 % for
error typel (forwardlooking informationis identified by manual readindut not by
Nudisf) and 2.2 % for ernotypell (forward-looking informationis identified byNudist

but not by manual readijpgMost of these errors happen whéludist classifies

*In very few cases it is ambiguous as to whether the sentence is fdosRiny or backwardooking.
In these cases one of my supervisors is consulted to oltegoad independent opinion.
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forward-looking sentences as backwdodking sentences. Oneay to reduceerror
typel is to lower the benchmaror including key words in Table 5.However, this
reduction would come at the cost of increasing the type Il error. The next paragraph

provides a further discussion of these types of errors.

The ratio of forwardooking statements correctly identified INudist to all forward
looking sentences is relatively low (55.2%). This means that a number of ferward
looking disclosuresire omittedor are not capturedoy Nudist The reason for that can

be summarised as follows:

1) Same key words are not included tine final sample of forwartboking key words
because of the benchmark for including key words in Table &%) Examples of
these key words are: may be, would be, can be, continue, strategy, propose, recommend,
aim, purpose and objectiv@hese types okey words introduce a considerable noise
and subjectivitywhen determining the number of forwdabking sentences in the
annual report electronically.

2) The difficulty of identifying the future sentences that include the following format:
O0bed+ Oivregdr.@xample, the Chairman of the company can refer to the
improvement of the quality of customer service by the following sentenceareve
making effort to provide a good service to our customers on time. Unfortunately,
Nudistcamot categorise tBisentence as a forwalabking sentence.

3) Some backwartboking sentences carry messsagehich have relevance for the
future. For example, the announcementbatkwardlooking information such aan
increase incapital expenditure othe R&D during thelast year has valuelevant
information for investors and analysts in predictfoture corporate performance (see,

for example, Bryan, 1997
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In addition, the low ratio of forwar@boking statements correctly identified by Nudist to
all forwardlooking £ntences suggests thdtidist categorise some backwardboking
information as forwardooking information In other words, there are some sentences
captured byNudistas forwardlooking disclosures while they are omitted when | use the

manual reading.The reasons for this case can be summarised as follows:

1) Someforwardlooking key wordssuch as (2000) introduce relatively minor errors.
For example, whenne searches for the 1999 annual r
a key word,Nudistcannot recogise the difference between 2000 as a forwaoding

key word and 2000 as a part of date writte

2) Sometimes n annual reports, one paragraph st
Forecastso. | n méner the EC startsithe rst senténee ofchis/ber r
paragraph with one sentence as an introduction to past events. Then in the second
sentence, he/she introduces his/her forecasts for the following yedt(distconsiders

the title of the paragraph agart of the first sentence. As a result, this sentence counts

as a forwardooking sentence, though it may refer to the past. The following example

illustrates this case.

PROSPECTS

6ln 1997 our ports business beg
capital i nvest ment pr ogr a mniassodated
British Ports Holdings PL€1997 Annual Rport and Accounts)

In the above example, the sentence clearly refers to a past eveXydistiscores it as

a forwardlooking sentence. Thisrgblem cannot be avoided when a sentence as a text
unit is used. Actually, this problem represents a slight drawback dubestprogram.
However, the very significant gains in efficiency are established when d&idgst

compared with the risk of theserors.
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InordertotesNudisbs abi |l ity t-lookingdentericas fing tofsamre fivrasr d
correctly, two statistics are required. These statistics are: (1) the correlation between the
number of forwaredooking sentences identified by reading teparts and the number

of those sentences identified Bjudist (2) the percentage of sentences detected by

reading the reports that is correctly identifiedNhydist

For the first test, the Pearsonb6és and Spe.
strength and the direction of the relationship between the two methodologenng

positive Pearson correlation (0.96, significant at the 0.001 level) between the numbers

of forwardlooking sentences identified by reading the reports and those idéniy

Nudistis found. Also,a strong positive rank correlation (0.95, significant at the 0.001

level) is found between the two methodologies. These results indicate that the scores
resulting fromNudistare closely correlated with those resulting froeading annual

reports.

The second test evaluatd$udisb s ability t o c oflookeng t | vy [
sentences. The total number of forwdodking sentences identified Byudistis 1820.
Reading annual reports identifies 1587 of these sentences borfidds means that

85.5% of forwardlooking sentences identified INudistare correct.

In summarythis section has sought to make a comparison between the two methods of
scoring annual reports. These methods are the traditional scoring method and the
computerised one. In the traditional method, all sentences are read. For each sentence,
one can identify whether a sentence includes forMaokling or backwardooking
information. In the computerised method, a list of forwlamking key words is used to
differentiate between forwarlboking and backwartboking sentences. The overall

results show that there is a high correlation between the two methods. Thatafore,
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possible to argue that tHeudist program works successfully in the sense that very

Important gains in efficiency are recognized compared with the risk of errors.

5.5. Comments on the Scoring Methodology

The new scoring methodology presented in this chapter has several advantages relative
to the labowintensive scoring methods. These adages include: (1) the ability to
automatically score very large numbers of annual reports at very low marginal costs, (2)
an increase in the comparability of the disclosure scores across firms and over time, and

(3) the ability to replicate the scoresigam subsequent disclosure studies.

In addition, the new scoring methodology offers advantages relative to the subjective
ratings such as AIMHEAF ratings. These advantages include:

1) The ability of the researcher to identify his/her own criteria tbe particular
requirements of his/her research project. In the present study, the emphasis is on
forward-looking information.

2) The ability of the researcher to control the sample selection criteria and sample
period. This is because the main data ireqoent for firms to be included in the dataset

is the availability of annual reports in an electronic form.

3) Other researchers can replicate disclosure scores easily. To replicate the scoring

system, one only needs two lists of key words and topics.

On the other hand, the new scoring methodology has potential limitations. These
include:

1) It calculates disclosure scores by adding up the number of fota@kohg sentences

for each report. This technique ignores the fact that the usefulness of dssloanr

vary from sentence to sentence,
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2) It also ignores firm characteristics like number of segments, industry membership,
etc. when calculating disclosure scores. Such characteristics are potentially important
inputs when assessing the adequacy ofasseks, and
3) It equates disclosure quality with the amount of information provided. It ignores the
underlying tone of forwartboking sentences. ldentifying the underlying tone of
voluntary disclosures means that one can discriminate between good reevbscan
news. Such a refinement could be useful when examining the economic consequences

of corporate voluntary disclosures.

If the limitations of the new scoring system are important empirically, then they will

reduce the power of the tests and will worlaiagt my ability to find the predicted

association between disclosure quality anc
5.6. Summary
This chapter is i n the spirit of Coreods |

quality of corporate disclosure. As he dissuss Ol mproved measures
guality also need to be developed. The AIMR discontinued its disclosure rankings in
1997 (after ranking fiscal year 1995). There may be some small problems of judgement
error in the metrics constructed by Botosan (199@ng and Lundholm (2001) and

Miller (1999), but the real problem with these measures is that they are so-labour
intensive that they are feasible only for small samples. Here, | conjecture that
researchers can substantially lower the cost of computing tinesrics by importing
techniques in natural | anguage processing
chapterwas to introduce a new methodology for scoring a large number of annual

reports.
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Five stages are followed to score corporate annuak répse . First, anal ys
used to identify a list of disclosure topics. Second, | select a random sample of 50
annual reports to construct a set of forwkoking key words. Third, the main sample

of company annual reports is selected. Fourthe&mh annual report in the main sample

| (1) identify the relevant narrative sections, (2) find the set of sentences containing at

least one forwardboking key word, (3) find the set of sentences containing at least one
disclosure key word, and (4) autacally count the number of sentences that are
forward-looking in nature and contain at least one relevant topic. Finally, the overall

results of the scoring methodology are exported to a spreadsheet.

The reliability and the validity of my disclosure sesrare supported by different sets of
analyses. These include (@)clear statement of procedures that are followed to score
annual reports(2) the correlation between the number of forwlaking profit

sentences for each firm and the total numbeopofdrdlooking sentences for the same
firm, ( 3) the correlation bet ween di scl o
correlation between the computerised disclosure scores and the scores calculated by

reading annual report narratives.

Nudistis used to prform the descriptive work in this study. Using this software helps
the researcher in creating the disclosure index. It also provides assistance in automating
the generation of disclosure scores for a large sample of annual reports. The total
number of fiure sentences counted Budistis highly correlated with the number
resulting from manual scoring. Therefore, it would appear tNatlist works
successfully in the logic that the extremely significant gains in efficiency are established

in relation to tle risk of minor errors.
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Chapter 6: Disclosure Quality and Prices Leading Earnings: A Cros$Sectional
Analysis

6.1. Overview

A major contribution of Chapters 4 and 5 is the development of a new scoring
methodology that partially automates the generatérdisclosure scores for large
samples of firms. In the present chapter, these disclosure scores are used to examine one
particular disclosure issue. Following Lundholm and Myers (2002) and Gelb and
Zarowin (2002), | investigate whether higher levels stctiisure increase the strength

of the relation between current stock returns and future earnings changes. Unlike
Lundholm and Myers (2002) and Gelb and Zarowin (2002), however, | emphasise
individual classes of information and also the sensitivity of theirfigs to the precise

way in which forwaredlooking information is identified.

Following Collins et al. (1994), | regress current returns on current and future earnings
variables Then, lal | ow t he regression coeffieients
quality. The empirical results provide evidence that forwlaatking profit information

helps the market to anticipate future earnings changes more accurately. The results of
this chapter are important because they suggest that the scoring methoduklgyete

in Chapters 4 and 5 appears to work well in a esessional analysis.

The remainder of this chapter is organised as follows. Section 6.2 presents the
regression model and the hypotheses. Section 6.3 describes the data. Section 6.4
provides thedefinition for the variables used in the study. Section 6.5 presents the
descriptive statistics and the Pearson correlations of the variables used in the study. The

main empirical results are presented in Section 6.6. Section 6.7 summarises.
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6.2. Researh Design

As discussed earlier, the framework adopted in this study is the one introduced by

Collins et al. (1994). This model is given as:
N N
R = bO + b.lXt + a bk+1>(t+k +a bK+N+1F<+k + b2N+2EPt—1 +b2N+3Aq (1)
k=1 k=1

Where:

R, : Stock return for period t.

X, : The growth rate of earnings for period t.
ER_,: The earnings yield for period1.

AG, : Asset growth for period t.

R, : Stock return for period t+k.

X« = Thegrowth rate of eaings for period+k .

As discussed in Chapter 3, Collins et al. (1994) include future earnings growth variables
into the returrearnings regression model. Using the Collins et al. (1994) model,
Lundholm and Myers (2002) argue that it is possible to débecsource of changes in
expected future earnings. More specifically, they argue that corporate disclosure is a

significant source of information about a

In order to examine the effect of disclosure on prices leading earririgteract all
right-hand side variables in equation (1) with a dummy vari&bjexyhereD is defined

to be one for high disclosure firms and zero for low disclosure firkis is consistent

*5 A dummy variable approach has the advantage of providing a test statistic that indicates whether the
difference in the coefficient estimates between two groups of observations is statistically significant. The
number of dummyariables is an empirical choice. Choosing a single dummy variable approach allows
me to use a maximum number of observations for the estimation of the interaction term coefficients.
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with the approach in Lundholm and Mye(8002) and Gelb and Zarowin (2002).
Interacting all explanatory variables with yields the main regression model in this

chapter:

2 2
R = +bB X + @ b Xk +Q BesRak +BER., H,AG +byD +1[D* X /]
k=1 k=1
2)
2 2
+a beo[D* Xiid+a Beu[D* R ] +b,[D* ER ] H[D* AG] +¢
k=1 k=1

Two changes are made relative to the Collins et al. (199#¢ssion radel. First, only

two future earnings growth variables are incorporated in the regression mbde? (

andk = 1, 2) rather than three future years as in Collins et al. (1994). This is because, at
the time of the data collection, most of the firms from ykear 1999 had no earnings
data for yeat+3. Second, earnings growth variables are defined by deflating earnings
change by stock price and not by lagged earnings. This is due to the fact that it is
difficult to define earnings growth when lagged earniags negative. Therefore, the

use of an earnings deflator would reduce the sample sizes further. As a result, a price

deflator is used instead of the earnings deflator.

The theoryunderlying model (2) implies a humber of predictions for the signs of the

model parameters. More specifically,is expected to be positive (see Lev, 1989). Also,
the future ERCs of low disclosure firmis, and b, , are expected to be positive. This is

due to the fact @t industrywide and economyvide effects should allow the market to
anticipate some portion of the firmés fut

discussion sections do not include forwdéwdking information.

b, and b;are expected to be negative. This is because any unanticipated future events

lead to higher earnings growth in the pertetl should also lead to positive returns in
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the period when the news becomes available to the market. Hence, thgressive

relation between unanticipated future earnings and future returns. The coetficignt
expected to be positive. This is due to the fact &hlaigh stock price in relation to last

year 0s ear ni ngs sningsrgeowtis for the guitentandduucctyeard. e ar
This implies a negative association betwesarnings yieldand expected earnings

growth and, hence, the coefficient ®&P_, is positive.b, is predicted to be negative

because of the positive association between asset growth and the expected growth in

future earnings. There is no particular predictiondor

Since the level of corporate disclosure may cause a substitution effect away from
current eamings and toward future earnings, Lundholm and Myers (2002) predict a

negative coefficient oD * X,. On the other hand, additional voluntary disclosure might

make earnings announcements more credible. Hence, the sidn i®rdifficult to

predict. The coefficientd,, and b, are predicted to be positive. This is because the

relation between stock returns and future earnings changes should increase with

disclosure quality, ant,, and b, measure the difference in future ERCs between high

and low disclosure firm% Finally, there are no particular predictions for the

coefficientsb,,,

b, b, andb,;.

Following Lundholm and Myers (2002) and Gelb and Zarowin (2002), the present study
seeks to test the hypothesis that forwiaaking information published in annual report
narratives | eads to a si @nmdadtsiotfatureearningpr ov e
growth. More specifically, if a firm reveals forwatoloking information in their annual

report, then this information should be reflected in market prices. As a result, one would

56 Note that the future ERC of high disclosure firms is obtained asithef,.; andby.o.
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expect that realised future earnings will betipfly anticipated by current stock returns.

If this is the case, then the coefficient on interacted future earniDdsX,,; and
D* X..,, Will be positive in the returearnings regression model (2). In other words,

high levels of forwardlooking disclosure reveal information about future earnings.

In summary, the above arguments indicate that there is an interactive effect between the
levels of forwardlooking disclosure in annual report narratives and future earnings

growth. Thus, it seems reasonable to hypothesise that:

H1: High levels of forwardooking information in annual report narratives are associated with

stock prices that are more informative about future earnings growth.

Hypothesis 1 is tested for an-aitclusve topic list as identified in Section 4.5. This list

of topics is given in Table 4.6. While an-aitlusive topic list might be a fair reflection

of the forwardl ooki ng discussion in analystso r efjg
topics are at best emkly correlated with future earnings changes. For example, while
forecasts of future debt levels have implications for interest charges and hence bottom

line profits, other factors like interest rate cuts and rises obviously disturb the direct
relation béween debt and interest expense. Such topics might introduce noise when
examining the effect of disclosure on prices leading earnings. Accordingly, | also decide

to use a narrow definition of disclosure quality. This definition is based on a new list of

topics that are more likely to have a strong effect on the retaimings association.

The new list of topicsisassba mpl e of topics identified f
contains only topics that | judge to be related directly to profits. Thioflisbpics is

given in Table 6.1.
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Table 6.1. List of Profit Topics

Topic Synonyms and Related Topics

Profit Benefit, Breakeven, Budget, Contribution, Earnings, EPS, Loss, Margin, Profita
Return, Trading

Table 6.1 containsZ2ltopics that are olsely related to profit. The list of topics in Table 6.1 is a subsample of topics identified from
analystsd6 reports. Where applicable, the plural of a topic is

Choosing a profit topic list is motivated by the fact thas st contains information

that is more likely to be correlated with future earnings changes. In addition, US
researchers provide evidence that these forecasts are both informative and credible.
They find that management earnings forecasts influencé& stopr i c e s, alter
earnings expectations, improve analyst forecast accuracy, reduce analyst dispersion and
lower bidask spreads (see discussion in Piotroski, 2002). Disclosure scores based on

profit topics are used in the analysis to test thersg@&ypothesis, which is:

H2: High levels of forwardooking profit information in annual report narratives are associated

with stock prices that are more informative about future earnings growth.

6.3. Data

The sample period comprises the years 1996 t9.1B8e total number of nefinancial
firms on Dialog for these years is 1,122, 1,410, 1,368 and 1,289, respectively. From
these | randomly select 800 annual reports per year. This provides a sample of 3,200

firm-year observations.

50 firms are deleted fro the sample due to the unavailability D&tastreamcodes.
Consequently, the annual reports wiblatastreamcodes are 3,150 firrpears. The
resulting sample panel contains 1,558 firms. The average number of annual reports per

firm is 2.02.
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Before conductig the descriptive analysis, calculating the correlation matrix and
executing the regression analysis, further observations are deleted. First, any firm that
changes its accounting yeand during the period 1998999 is deleted. Second,
missing observaties are deleted. Third, outliers are censored to avoid any undue
influence of extreme observations. Outliers are defined in the present study as the top
and bottom 1% of observations for the distribution of any of the regression variables.
Finally, a largenumber of observations are deleted because of the definition given to
high and low disclosure firms. In particular, disclosure scores for the whole sample are
divided into four quartiles. The second and third quartiles are deleted. This represents
641 firms in panel A and 671 firms in panel B. Firms in the first quartile are defined as
high disclosure firms, while firms in the fourth quartile are defined as low disclosure
firms.>® This leaves 917 (for the dficlusive topic list) and 887 (profit topics gyl
firm-year observations from the period 1996 to 1999. Note that the number of usable

observations varies with the definition of disclosure quality.

6.4. Variable Definition

The association between disclosure quality and the refammngs association issted
using Collins et al. (1994). In this model, current stock returns is the dependent variable,
while the independent variables include current and future earnings, future returns,
earnings yield and asset growth. Earnings and accounting data aretetblfrom

Datastreant’ The definition of each variable is discussedhe next paragraphs

>7 Excluding extreme observations is consistent with prior literature (e.g., Kothari and Zimmerman,
1995). In addition, censoring the top and bottom 1% of observations is one of the acceptable
methodologies to reduce departures froomradity (see Foster, 1986).

*8 The definitions of high and low disclosure firms are similar to those in Gelb and Zarowin (2002).

% Before undertaking the analysis, | select a random sample of 100 firms. For these firms, | collect the

0t ot al aDatastrdarsafd | Eheck tinese numbers with those reported in company annual reports.

No errors are found. Addi ti onal | Datastréamfar thengame e t h e
sample with those reported kinancial Times| find that 99 cases ar@slar. This gives an indication of

the reliability ofDatastrearmumbers.
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Earnings variables

The measure for earnings per shar@asastreamtem number 183, which is calculated
by dividing number 182! 16 e the ndmbedp §f shiaresr ord

outstanding. X,, X,,; and X,,, are defined as earnings change deflated by share

price. Both current and future earnings changes are deflated by price at the start of the
return window for periodt (see Lundholm and Myers, 2002). For example, earnings
variables for the year 1996 are calculated as follows:

X;= (EPS96EPS95)/Price95,
Xi+1= (EPS97EPS96)/Price95,

and X,,,= (EPS98EPS97)/Price95.

Where EPS is earnings per shBxaastreamtem No. 183, and Price95 is the price four

months after the yeand for 1995°

Datastreamprogram 900Aand 900Care used to collect accounting items, while

Datastreanprogram 900B is sed to collect daily share prices for each company.

Returns

In the present studpatastreamprogram 900B is used to collect stock returns. Returns
calculate the theoretical growth in the value of a share over a specific year, assuming
that dividends areerinvested to purchase additional units of equity at the closing price
applicable on the edividend date. Return of year t is defined as the return for the 12
month period starting four months after the financial yevad of yearitl. In other
words, thechosen return window extends from eight months prior to the financial year

end to four months after financial yeand. The four month lag is chosen to ensure that

®Stock price (P) is defined as aDaasreapamjosisémres har e
prices for subsequent capitalisations. Consequently, past stock peakeatly comparable with current
stock prices.
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the information in annual report narratives have been read by the fafketefore,

R.;and R,, are calculated as the bayd hold returns for the orgear period starting

four and sixteen mont hs af-énd rAccdrdingly, tha r mo s

return windows forR,; and R,, do not overlap with the current return window. For
1996, return variables are calculated as follows:

R = (RI96/RI95)i 1,

R..= (RI97/RI96)i 1,

and R,,= (RI98/RI97)i 1

where Rl is the return index for a specific year as calculateddigstream

Earnings yield

Earnings yieldER_, is defined as earnings for the peritid divided by price four
months after the financial yeand of periodi 1. For exampleER_, for a December
1996 observation is calculated by dividing EPS for 1995 by stock price at the end of
April 1996.

Asset growth

Asset growthAG,, is the growth rate of total book value of assets for the yearet. Th

measure for total book value of assetBatastreamitem No. 392. Growth of assets is
calculated as the change in book value of assets in year t, divided by the book value of
assets at the end dafit For example, asset growth in 1996 equals totatsagse 996

minus total assets 1995 divided by total assets in 1995.

At an early stage, the dates wunder the chairmenb?
annual reports are published wi tehdi @ne furthermenthisont hs
assumed to be sufficient for financial analysts to read and process the information.
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Disclosure dummy

Disclosure scores are converted into dummy variables. This is done separately for each
of the two topic lists. Firms with a disclosure score in the top (bottom) guaftthe
distribution are defined as high (low) disclosure fifth¥he dummy variabld) , is set

equal to 1 (0) for high (low) disclosure firms. Firms with disclosure scores in the second
and third quartiles are deleted. Deleting firm the middle quartiles helps to compare
firms at the top end of the disclosure spectrum against firms at the bottom end. This

should increase the power of the regression analysis.

6.5. Descriptive Statistics and Correlation Matrix
6.5.1. Descriptive Stistics

Table 6.2 presents descriptive statistics for two main panels with observations coming
from years 1996 to 1999. The two sets differ in the definition of disclosure quality. In
Panel A, disclosure scores are defined in terms of thedlisive ppic list, while Panel

B defines disclosure quality in terms of forwdamking profit topics. The number of

observations is 917 and 887, respectively.

Panels A and B show that the mean annual return is 13 percent. The mean earnings
change for t and t+1r@ 0.6 and 0.7 percent of price. Mean stock returns and earnings

change are somewhat lower in period t+2.

It is worth noting that there is a considerable variation in firm size. For example, in
Panel A the market value for the first quartile is £11.4iom)l while it is more than
£605 million for the third quartile. Thus, unlike the AIMRAF database, the sample

used in the present study does not focus only on the largest firms in the economy.

%2 For an identical definition of high and low disclosure see Gelb and Zarowin (2002).
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Descriptive statistics for the disclosure scores indicate tihete is a substantial
difference between the mean disclosure scores for high and low disclosure firms. For
example, the median disclosure score in Panel A for high (low) disclosure firms is 51
(9), while in Panel B the median disclosure score is 9 (The most important
observation from Table 6.2, however, is that apart from the disclosure scores the two
sets of statistics are quite similar. As a result, differences in regression parameters
between Panels A and B are unlikely to come from differendes ¢han the definition

in disclosure quality.

Table 6.2. Descriptive Statistics: Pooled Data

Variable Mean Min. 25% Median 75% Max. Obs.

Panel A: All Topics

R 0.130 710.710 10.157 0.056 0.312 3.001 917

X 0.006 10.337 710.009 0.006 0.017 0.546 917

Ki+1 0.007 10.255 710.011 0.006 0.020 0.298 917

Kis2 710.001 10.316 710.019 0.003 0.021 0.254 917

R+ 0.119 710.733 10.182 0.048 0.326 2.647 917

Ri+2 0.043 10.835 10.235 10.005 0.252 2.378 917

EP:i1 0.049 10.683 0.039 0.061 0.083 0.185 917

AG 0.151 10.567 10.027 0.065 0.207 2.694 917

MV (Em) 1450 0.4 114 80.4 605 65402 917

Disclosure = Low 8.5 0 6 9 11 15 467

Disclosure = High 55.8 33 41 51 63 168 450
Panel B: Profit Topics Only

R 0.130 710.710 10.170 0.052 0.313 2.951 887

X 0.007 710.337 10.009 0.006 0.019 0.486 887

Xis1 0.006 10.255 710.011 0.006 0.020 0.298 887

Xis2 710.002 10.335 10.020 0.003 0.020 0.254 887

Ris1 0.088 10.733 10.226 0.010 0.285 3.076 887

Rtz 0.056 710.835 710.233 710.011 0.267 2.364 887

EP:i1 0.048 10.662 0.039 0.061 0.085 0.173 887

AG 0.157 710.519 10.027 0.073 0.216 2.694 887

MV (Em) 1088 0.6 14.5 68.2 378 65402 887

Disclosure = Low 0.9 0 0 1 1 2 485

Disclosure = High 10.3 7 8 9 12 31 402

Table 6.2 presents descriptive statistics for the two main panels exdploySection 6.6 using data pooled across the-year

sample period. The two sets differ in the definition of disclosure quality. In Panel A (B), discloalitg igudefined in terms of all

topics (profit topics only) The earnings per share measwBatastreami t em 183 which is iteinfFull82 6éEar n
Tax6 divided by the nXxhandX.oafe defimed asearningsuchasge defladed hygprice. Both current

and future earnings changes are deflated by priceeastéiit of the return window for peried R, R+1 and R., are calculated as

buy-andhold returns (inclusive of dividends) over a-®nth period, starting four months after the end of the previous financial

year.EP;, is defined as perioil 6 s gsaoven price four months after the financial yead of periodi 1. AG is the growth

rate of total book value of assets for perigBatastreamitem 392). MV = market value. Disclosure = disclosure scores. Firms with

a disclosure score in the top (lmtt) quartile of the distribution are defined as high (low) disclosure firms. Observations with

disclosure scores in the second and third quartiles are not included in the panels.
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Table 6.3 presents Pearson Correlations for ghlession variables. Correlations above

(below) the diagonal correspond to a definition of disclosure quality that includes all

topics (profit topics only). Ralues are given in parentheses. Correlations are estimated

using data pooled across the foar sample period. As anticipated, the correlation

bet wee

n the

C u r R, ,eandtthe puereni perebd earnings ¢changens,

significantly positive at the 5% level. On the other hand, the correlation &et¥end

X+, IS weaker, but still significant. But, the correlation betwd&nand X,,, is not

significant. This might indicate that the inclusion of future earnings vasabletwo

years is generally sufficient.

Table 6.3. Pearson Correlations: Pooled Data

R Xt Ker1 Kis2 R Rz EPRi1 AG[ MV Disclo-
sure

R 0.236 0.078 10.044  0.057 710.066 0.009 0.236 0.083 0.035
(0.001)  (0.018) (0.187) (0.086) (0.047) (0.774) (0.001) (0.012) (0.288)
X 0.215 710.134 10.073 0.035 0.041 70485 0.071 10.020 10.015
(0.001) (0.001) (0.028) (0.283) (0.213)  (0.001) (0.032) (0.552) (0.645)
X 0.112 10.116 70.005 0.274 0.079 710.212 10.024 10.030 10.050
(0.001) (0.001) (0.873) (0.001) (0.017) (0.001) (0.462) (0.365) (0.130)
Xirz 10.007 10.041 710.062 0.120 0.301 710.064 10.045 10.017 10.024
(0.833) (0.221)  (0.063) (0.001) (0.001) (0.053) (0.171) (0.610) (0.464)
Ris1 0.069 0.023 0.290 0.088 10.019 710.012 10.020 0.003 0.044
(0.039) (0.496)  (0.001) (0.009) (0.574)  (0.707) (0.540) (0.929) (0.181)
Ris2 10.033 0.019 0.079 0.283 10.001 0.036 10.068 10.033 10.035
(0.321) (0.573)  (0.019) (0.001) (0.991) (0.280) (0.040) (0.320) (0.286)
EPR;i1 0.003 10.483 10.198 10.040 170.015 0.083 10.024 0.001 0.004
(0.936) (0.001)  (0.001) (0.239) (0.656) (0.014) (0.469) (0.965) (0.915)
AG 0.171 0.083 10.077 10.023 70.004 10.040 710.015 0.043 0.048
(0.001) (0.014)  (0.021) (0.485) (0.916) (0.231)  (0.653) (0.190) (0.143)
MV 0.071 10.021 10.026 10.011 70.002 10.037 0.005 0.022 0.480
(0.034) (0.523)  (0.442) (0.751) (0.961) (0.267)  (0.874) (0.514) (0.001)

Disclo- 710.070 10.060 10.008 10.027 0.007 10.031 0.124 0.019 0.264

sure (0.036) (0.074)  (0.809) (0.418) (0.825) (0.363)  (0.001) (0.576) (0.001)

Table 6.3 presds Pearson Correlations for all regression variables. Correlations above (below) the diagonal correspond to a

definition of disclosure quality that includes all topics (profit topics onlyyaRes are given in parentheses. The number of
observations i917 (above the diagonal) and 887 (below the diagonal). The earnings per share meaatastisamitem 183

whi ch i s

item 182iB&EBFrnNnTags

ovi ©Oedi hgar y hX Xuhand¥aare defifedash ar e s
earnings changeeflated by price. Both current and future earnings changes are deflated by price at the start of the return window

for periodt. R, R.1 andRu are calculated as beandhold returns (inclusive of dividends) over a-tidnth period starting four

monthsafter the end of the previous financial yeBP;; is defined as perioti1 6 s

earnings

over

price

financial yearend of periodi 1. AG; is the growth rate of total book value of assets for petrifidatastreamitem 392). MV =

marketvalue. Disclosure = disclosure scores. Firms with a disclosure score in the top (bottom) quartile of the distribution are

defined as high (low) disclosure firms. Observations with disclosure scores in the second and third quartile are noinitickided

panels.

There is also some evidence thafs is not a perfect measurement error proxy.

Theoretically, an errofs-variables proxy should be highly correlated with the

ou

four
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measurement error but uncorrelated with the dependent variableisTios$ the case

for AG . In Table 6.3 the correlation coefficients betwenand AG are 0.236 and
0.171, both significant at the 0.001 level. NonethelesS, is not deletedrom the

regression model in order to be consistent with Collins e{1894) and Gelb and

Zarowin (2002).

Finally, disclosure scores are positively associated with firm size, and this correlation is
significant at the 0.001 level for both definitionk disclosure quality. However, this

association is much less pronounced when disclosure quality is defined in terms of
profit topics, thus making the interpretation of a (correlated omitted) size effect less

likely for this definition of disclosure quality

6.6. Empirical Results

This section presents the main empirical findings for this chapter. It is divided into five
subsections. Section 6.6.1 discusses the findings when the definition of disclosure
quality is based an aihclusive topic list. Section.6.2 discusses the results when the
definition of disclosure quality is based on forwdmdking profit sentences. Section
6.6.3 reports incrementaf&® Section 6.6.4 examines the effect of other topics on the

returnearnings association. Finally, Secti®®.5 examines industry effects.

6.6.1. Alkinclusive Topic List

Table 6.4 contains the regression results for the first definition of disclosure quality.
Yearby-year regressions are run in addition to a pooled regression with alydiam
observationsTherefore, five sets of estimates are presented in Table 6.4. These relate
to the crosssections 1996 to 1999 and a pooled regression with observations from all

four years. Pooling the observations provides a sample size that is comparable to that of
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disclosure studies based on AMIRAF ratings. Heteroscedasticitpnsistent pralues

are reported in parentheses.

Table 6.4. Regression Results: All Topics

Independent Expected Pooled 1996 1997 1998 1999
Variable Sign

Intercept ? 710.01 70.21%* 710.07 710.08 0.20**
(0.736) (0.003) (0.104) (0.142) (0.044)

X, +) 2417 3.08% 3.39% 1,510+ 2.48*
(0.001) (0.001) (0.001) (0.009) (0.067)
X +) 177 2.42%%% 2.03%* 0.22 2.49%*
(0.001) (0.001) (0.001) (0.691) (0.035)

Xirz *) 0.28 0.74 710.04 1051 0.67
(0.321) (0.303) (0.911) (0.292) (0.629)

Rt () 70.07 10.07 70.03 0.15* 70.16
(0.203) (0.531) (0.757) (0.054) (0.387)
Rz () 70.05 0.16* 0.04 0.03 0.39*
(0.305) (0.069) (0.261) (0.724) (0.082)

EP;; ) 1.51 %+ 3.42%%* 1.48% 0.85* 0.87
(0.001) (0.002) (0.002) (0.073) (0.533)

AG, () 0.20%* 0.30%* 0.02 0.30* 10.13
(0.001) (0.009) (0.791) (0.0112) (0.341)

D @) 0.02 0.09 0.01 0.04 70.19
(0.764) (0.348) (0.906) (0.691) (0.115)

D*X, 2 1.06 117 0.91 3.90% 1.20
(0.159) (0.362) (0.328) (0.008) (0.438)

D*X 141 ) 70.76 10.06 0.16 1.20 10.40
(0.313) (0.954) (0.864) (0.626) (0.796)

D*X 42 +) 0.15 0.38 2.48% 10.29 2.26
(0.804) (0.692) (0.036) (0.855) (0.200)

D*Ryy 2 0.13 0.12 0.04 70.13 10.09
(0.121) (0.467) (0.739) (0.289) (0.664)

D*Ry. ?) 70.12 0.30% 10.12 10.04 10.28
(0.107) (0.018) (0.230) (0.777) (0.267)

D*EPy, 2 70.25 10.87 1.76% 0.50 1.28
(0.732) (0.561) (0.031) (0.736) (0.443)
D*AG, ) 0.10 70.01 0.01 0.25 0.37*
(0.290) (0.93) (0.884) (0.268) (0.033)

Observations 917 243 222 216 239
Adj. R? 0.164 0.266 0.297 0.169 0.150

Table 6.4 presents regression results for a definition of disclosure quality derived fromrefuaile topic list. The five setsfo

estimates relate to the years 1996 to 1999 and a pooled regression with observations from all four years. Heteroscedasticity
consistent pralues are reported in parentheses. The dependent variable is current perio®r&uR,; andR., are calalated as

buy-andhold returns (inclusive of dividends) over a-&@®nth period starting, four months after the end of the previous financial

year. X, X1 and X..» are defined as earnings change deflated by price. Both current and future earnings ateadgélated by

price at the start of the return window for periopdEP;; is defined as periotil 6s ear ni ngs over price four
financial yearend of periodi 1. AG is the growth rate of total book value of assets for pdri@idsclosue scores are converted into

dummy variables. Firms with a disclosure score in the top (bottom) quartile of the distribution are defined as highc{tsuyelis

firms. The dummy variableD, is set equal to 1 (0) for high (low) disclosure firms. Obseraatiwith disclosure scores in the

second and third quartiles are not used in estimations. The significance levelai(test) are: *= 10 %, ** =5 % and *** = 1 %.

As predicted, the coefficient oK, is significantly positive at th&% significance level

in the pooled regression as well as in three of four esestonal regressions. There is

also strong evidence of prices leading earnings by one period. This phenomenon applies
to all firms and is independent of the amount of forwlaraking information in annual

report narratives. All five coefficients orX,,; are positive, and four of these
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coefficients are significant at the 5% level. The significant estimates for this coefficient
range from 1.77 to 2.49. Thereno evidence that prices lead future earnings changes

by more than one period. The coefficientsX¥n, are insignificant in all cases.

Table 6.4 shows that the coefficients &R_, are positive as anticipated. Thesults
also show that the coefficients ohG, have generally the wrong sign. This suggests

that AG, might not be a satisfactory measurement error proxy.

The coefficients on the future stock return variables ape@®rd to be negative. Many
negative coefficients on future stock returns could demonstrate that realised future
earnings contain a measurement error that future returns remove (Collins et al., 1994).
However, the coefficients on future stock returnsraneed and largely insignificant. In

the pooled regression, they have the right sign but are insignificant.

The coefficients of primary interest in the current study are the coefficiens*ox,
and D* X,,,. A positive cefficient is hypothesised. Unfortunately, in the four cross

sections the coefficients on the two interaction terms are positive and negative, but
with one exceptioni not significant at conventional levels. Even in the pooled
regression, the incrementature ERCs for high disclosure firms are insignificant. The

coefficients onD* X,,; and D* X,,, arei0.76 and 0.15 and the corresponding p

values are 0.313 and 0.804. Thus, with annallusive definition of disclosure qlity,
there is no evidence that the stock prices of high disclosure firms have significantly
greater forecasting power for future earnings changes than those of low disclosure
firms. These results are not consistent with hypothesis 1, that folekihg
information in annual report narratives enables the market to better anticipate future

earnings changes. On the other hand, these results are consistent with the findings in
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Schleicher (1996), Gelb and Zarowin (2002) and Haw et al. (2002). These stedies ar
also unable to find the hypothesised association between annual report disclosures and

prices leading earnings.

6.6.2. Profit Related Disclosure Topics

This section presents regression results for the second definition of disclosure quality.
This defintion focuses only on forwarlboking sentences in relation to margins,

trading results and profits.

Table 6.5 presents the findings in relation to this definition of disclosure quality. The

table shows that the coefficients @ X,,, and D* X,,, in the four individual years

have mixed signs and are not significant at any conventional levels. For the pooled

regression, however, the coefficient @ X,,, is 1.69 with a pvalue of 0.042. This

coefficient imples that the market is able to anticipate more than twice as much of the
earnings change for perid¢ll as a result of profitelated forecasts. The coefficient on
D* X.,, is positive, but not significant. This is, however, in line with myop

expectation for this definition of disclosure quality. Finance directors do not like to
make profit predictions beyond the-i mmed:i
|l ookingd sentences relate only toinghe fir
trading statements only about the immediate future then reduces the risk of being held

accountable for inaccurate forecasts.

Overall, it appears that the use of disclosure scores baseadl dorward-looking
information introduces too much noise intdnet scoring sheetOn the other hand,
disclosure scores based on profit topics only yield results consistent with hypothesis 2.

The results in Table 6.5 clearly show that prodilated forecasts are vatoelevant to
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the market. In the following section,examine whether similar results are obtained
when focusing on &.

Table 6.5. Regression Results: Profit Topics Only

Independent Expected Pooled 1996 1997 1998 1999
Variable Sign

Intercept 2 0.06* T0.14% 10.07 10.10% 0.31%+
(0.062) (0.009) (0.120) (0.080 (0.005)

X, +) 2.35% 2.85% 3.38% 248w 1.97
(0.001) (0.001) (0.001) (0.002) (0.255)

X1 () 1.52%%* 213 1,97 1.67% 3.65
(0.001) (0.002) (0.001) (0.003) (0.108)

Xirz *) 0.27 1.34* 0.52 0.33 127
(0.390) (0.086) (0.053) (0.339) (0.288)

Rt (M) 0.01 i0.12 0.04 0.09 10.20
(0.851) (0.333) (0.622) (0.270) (0.347)
Rz (M) 10.05 0.08 0.01 10.03 0.74%
(0.263) (0.343) (0.657) (0.735) (0.006)

EP;; ) 1.35% 2.83% 2.03%x 1.85%+ 1.85*
(0.001) (0.002) (0.001) (0.001) (0.087)

AG, (M) 0.18* 0.31 10.04 0.15 i0.18
(0.013) (0.113) (0.484) (0.314) (0.227)
D 2 70.09* 10.03 0.03 0.02 70,415
(0.095) (0.644) (0.728) (0.822) (0.006)

D*X, 2 0.54 1.09 0.88 1.25 2.19
(0.485) (0.263) (0.416) (0.451) (0.286)

D*X 41 ) 1.69% 0.71 i0.77 0.36 2.21
(0.042) (0.446) (0.503) (0.802) (0.420)

D*X 142 +) 0.63 0.90 i1.52 10.55 2.73*
(0.249) (0.331) (0.154) (0.686) (0.087)

D*Ri1 ?) 10.03 0.12 0.14 10.03 10.02
(0.687) (0.434) (0.244) (0.784) (0.936)

D*Ry» ?) 70.11* 10.19 10.09 10.01 10.03
(0.085) (0.116) (0.291) (0.980) (0.911)

D*EPyi; ?) 10.23 0.15 10.33 i1.30 2.21
(0.745) (0.901) (0.707) (0.349) (0.221)

D*AG, ?) 0.06 10.15 0.11 0.35 0.37%
(0.570) (0.466) (0.243) (0.154) (0.037)

Observations 887 212 230 207 235
Adj. R? 0.131 0.273 0.272 0.142 0.178

Table 6.5 presents regression results for a definition of disclosure quality based on-fookarg profit sentences. The five sets of

estimates relate to the years 1996 to 1999 and a pooled regression with observations foomyathrs. Heteroscedasticity

consistent pvalues are reported in parentheses. The dependent variable is current perio®rd®)iR,, andR..; are calculated as

buy-andhold returns (inclusive of dividends) over a-&@®nth period, starting four mdrs after the end of the previous financial

year. X, X1 and X, are defined as earnings change deflated by price. Both current and future earnings changes are deflated by

price at the start of the return window for periodEP;; is defined as periotil 6s ear ni ngs over price four
financial yearend of periodi 1. AG is the growth rate of total book value of assets for peridisclosure scores are converted into

dummy variables. Firms with a disclosure score in the top (bottoar}ilguof the distribution are defined as high (low) disclosure

firms. The dummy variableD, is set equal to 1 (0) for high (low) disclosure firms. Observations with disclosure scores in the

second and third quartiles are not used in estimations. Théicigoe levels (twetail test) are: *= 10 %, ** =5 % and *** = 1 %.

6.6.3. The Incremental Bs

This section provides further evidence that forwaimking profit disclosures are
associated with prices leading earnings. Separate regressions are rig fanchiow

disclosure firms and for two regression models. The first model simply regresses current
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stock returns on current earningsquation (1) is usually referred to as the simple

returnearnings regression:
R=b+bX, (1)

The second wdel is based on the ideas in Collins et al. (1994). It regresses current

stock returns on current and future earnings variables. Equation (2) is given by:
2 2

R = bO + blxt + a bK+1Xt+k +a lq<+3|:§+k +beEPt_1 +b7AG} (2)
k=1 k=1

The difference in the explanatory power between the two regressiobe ecribed to
Oprices | eading earnings©o. Toh.i sT hdei fif rea reenmce
R? is estimated for high and low disclosure firms using the following three steps:

(a) model (1) is used to compute the simple reeamings R

(b) model (2) is used to calculate the full modé) Bnd

(c) the incremental Rs determined by subtracting the simple reteannings R from

the full model B.

The main prediction is that if firms provide more forwdmdking information in their
annual reort discussion section, then one would expect more future earnings news to
be reflected in current returns. Hence, the incremerftahBuld be high for firms with

high levels of disclosure. On the other hand, if firms disclose little forlarking
information in their annual reports, then one would expect less future earnings news to

be reflected in current returns. Hence, the incrementsth&uld be smaller.

Panel A of Table 6.6 shows’Rfor disclosure based on an-@ltlusive topics list. It
indicaes that the inclusion of future earnings variables in the regression model

increases the explanatory power considerably. However, the resulting increnfental R
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are very similar for the two groups of high and low disclosure-fiears, suggesting
that an d-inclusive topic list is unable to discriminate between relevant and irrelevant

disclosures.

Table 6.6. The Incremental B

High Disclosure Low Disclosure High 7 Low
Panel A All Topics
The simple returearnings model R 0.054 0.065
The full model R 0.153 0.174
Panel B Profit Topics Only
The simple returrearnings model R 0.058 0.038
The full model R 0.190 0.095

The full model is:

2 2

R =bg + by X¢ + kazlbk+1xt+k +ka:lbk+3Rt+k +bgER. 1 #7AG
The simplereturnearnings model is:

R = by + by X;.
Table 6.6 presents (adjustedjsRrom pooled regressions. Regressions are run separately for high and low disclosyearfirm
from the period 19989. Incremental & are calculated as the differencetlie (adjusted) Rbetween a simple returarnings
regression and an augmented regression that includes proxies for changes in expected future earnings. In both regressions th
dependent variable is current period retlRnR;, R+1 andR.; are calcuhted as buyandhold returns (inclusive of dividends) over a
12-month period starting four months after the end of the previous financialXeXr,, and X.., are defined as earnings change
deflated by price. Both current and future earnings changetedated by price at the start of the return window for petiddP; ;
is defined as perioil 6 s ear ni ngs over pri ce ferndwfperiodi h AGis theagfowtle nate af total f i nanci

book value of assets for periddFirms with adisclosure score in the top (bottom) quartile of the distribution are defined as high
(low) disclosure firms. Observations with disclosure scores in the second and third quartiles are not included in dog.regress

In Panel B results are shown for prdfipics only. Here, the incrementaf B more

than twice as large for high disclosure firms than for low disclosure firms (0.132 versus
0.058). This indicates that the future earnings variables are relatively more important for
firms with profit-related érecasts. Therefore, these results provide additional support
for the main findings derived from coefficients estimates. They show that only
enhanced disclosure about forwdoadking profit topics is associated with stock prices

that are more informativebaut future earnings changes.
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6.6.4. Other Classes of Information

Having established a positive relation between forwao#ting profit statements and
6prices | eading earnings©6, It is natur al
other items fronthe profit and loss account. This section tries to answer this question.
Here, two major line items in profit, turnover and costs, are examined. Accordingly, two

further sets of disclosure scores are calculatetiuiist

The first score is related to éhnumber of forwardooking sentences relating to
turnover. The annual report discussion section is-gdeatched for sentences that
i nclude a turnover topic such as o6turnove
related to cost topics. The topicsnc |l ude O6cost 6, 6chargeo, (o

060saving6. As al ways, |l only focus on for ec

Because the number of words and scores is relatively small, high and low disclosure
scores are defined as the top and the bottom 16.67 percent of theudstriof
disclosure scores. This reduces the number of observations in the pooled regression, but
increases the spread of disclosure scores between high and low disclostyeafsm

For the purpose of comparison, the regression coefficients for thie gedihition of
disclosure quality are also-estimated. The results for the profit, turnover and cost

topic lists are presented in Table 8°7.

For the profitrelated scores, the coefficient estimate B X,,, is now larger and

more sgnificant than the one in Table 6.5, with the coefficient@h X,,; increasing

from 1.69 to 1.90. The level of significance increases from 0.042 to 0.037. This is what

one expects if one increases the spread between high and low distitosiyears.

63 After deleting 66.67 percent of observations in the middle range, the differenitee median
disclosure score between high and low disclosure-yiears is 9, 5 and 6 for the profit, turnover and cost
definition of disclosure quality.
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Table 6.7. Other Classes of Information

Independent Expected Profit Turnover Costs
Variable Sign
Intercept (?) 0.02 0.02 70.06*
(0.502) (0.536) (0.067)
X +) 2.49%+ 213w 2.67%
(0.001) (0.001) (0.001)
Xir1 +) 1.67** 2.16%+ 2,58+
(0.001) (0.001) (0.001)
Xira (+) 0.55* 0.10 i0.03
(0.091) (0.795) (0.941)
Ru1 (i) 0.01 i0.03 i0.04
(0.815) (0.639) (0.539)
Ruz (i) i0.04 10.17%* i0.06
(0.451) (0.004) (0.200)
EPi1 +) 1.58%* 1.73%* 2.10%
(0.001) (0.001) (0.001))
AG (i) 0.21* 0.28*+ 0.21%
(0.025) (0.001) (0.023)
D (?) i0.09* 0.03 0.03
(0.088) (0.675) (0.618)
D*X: (?) 0.90 0.46 0.88
(0.339) (0.581) (0.372)
D*Xe1 +) 1.90%* i0.67 i1.49*%
(0.037) (0.386) (0.085)
D*Xw2 +) 0.44 i0.38 1.62%*
(0.484) (0.571) (0.014)
D*Runt (?) 10.06 0.01 10.06
(0.504) (0.873) (0.462)
D*Ruz (?) 10.13* 0.11 i0.13
(0.057) (0.197) (0.112)
D*EPy1 @) 0.28 i0.82 i0.97
(0.690) (0.297) (0.345)
D*AG, () i0.01 i0.09 i0.09
(0.996) (0.481) (0.394)
Observatios 676 662 519
Adj. R? 0.160 0.132 0.211

Table 6.7 presents regression results for two other definitions of disclosure quality. Column 4 (5) focuses oAofukimgrd
sentences in relation to turnover (costs). The estimates relate to pooled regresgicbservations from the years 1996 to 1999.
Heteroscedasticitgonsistent pralues are reported in parentheses. The dependent variable is current periodRge®yrR., and

R+, are calculated as beandhold returns (inclusive of dividends) ava 12month period starting four months after the end of the
previous financial yeapX, X1 andX.. are defined as earnings change deflated by price. Both current and future earnings changes
are deflated by price at the start of the return windowpésiodt. EP;; is defined as perioil 6 s ear ni ngs over price
after the financial yeaend of periodi 1. AG; is the growth rate of total book value of assets for periddisclosure scores are
converted into dummy variables. Firms with adibsure score in the top (bottom) 16.67 percent of the distribution are defined as
high (low) disclosure firms. The dummy variabl, is set equal to 1 (0) for high (low) disclosure firms. Observations with
disclosure scores in the middle range are s&duin estimations. Column 3-estimates the regression coefficients for the profit
definition of disclosure quality with 66.67 percent of the observations in the middle ranges deleted. The significar{tedeads

test) are: *= 10 %, ** =5 %and **= 1 %.

Somewhat surprisingly, there is no evidence that predictions about turnover help the
market to anticipate future earnings changes more accurately. The coefficients on

D* X,,; and D* X,,, are both insignificant.

For the costrelated definition of disclosure quality, the coefficients are negative at

1.49 for the period+land positive at 1.62 for the perioe. The corresponding-p
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values are 0.085 and 0.014. Such estimates are consistent with a scenario where the
annaincement of a cost saving program is perceived by the market as a positive NPV
project. This results in positive returns in the announcement peigkile cash outlays

and provisions reduce periatll earnings, the benefits mainly accrue in the following

financial yeaf’*

6.6.5. Industry Control

A potential problem with the estimations so far is that they ignore -sexg®nal
differences in the predictability and timeliness of earnings. Firms with more predictable
and/or less timely earnings should exh#b higher association between current returns
and future earnings. If these two factors are correlated with disclosure quality scores,
then the results might be driven by differences in the fundamentaldgactlation
between returns and earnings ratti@n increased voluntary disclosure. Therefore, it is
important to control for the differences in earnings timeliness. To do that, all firms are
classified into nine broadly defined industries sectors. | thastieate the coefficients
holding the indstry classification constant. It is argued that grouping firms by industry
hel ps to isolate the effect of disclosure
eliminates intetindustry differences in accounting and real business factors (Gelb and

Zarowin, 2002).

Table 6.8 reports the regression results for three different degrees of industry control.
Column 3 evaluates a firmbés disclosure qu
disclosure scores separately for each industry sector. Colattomé the intercept and

the current ERC to vary across industries.

® Note that the returns in periadire calculated over a 4Bonth period that extends 4 months ithie

financial yeart+ 1 . Thus, the interpretation of the Ocost
conservatism principle that requires firms to expense investments with uncertain future benefits
immediately.
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Table 6.8. Specification Test: Industry Control

Independent Expected Industry Industry Control: Industry Control:
Variable Sign Control: Disclosue Scores Disclosure
Disclosure Current Earnings Scores
Scores Current Earnings

Future Earnings

Intercept ? 0.04 0.05 0.01
(0.202) (NA) (NA)
X *) 2,63 2.44 2.44
(0.001) (NA) (NA)
Ker1 (+) 1.40%%* 157 1.77
(0.001) (0.001) (NA)
) +) 0.35 0.45 70.12
(0.287) (0.135) (NA)
Re (i) 710.02 710.06 70.05
(0.757) (0.403) (NA)
Re2 (i) 710.05 710.08 10.04
(0.319) (0.120) (NA)
EPy +) 1.39% 1.69% 2.73
(0.001) (0.001) (NA)
AG (i) 0.20** 0.14* 0.11
(0.018) (0.085) (NA)
D @) 10.10% 10.14%* 10.12%
(0.034) (0.015) (0.011)
D*X; (?) 1.35%* 1.38* 1.30%*
(0.042) (0.049) (0.047)
D*X 41 +) 1.83%* 2.00%x 2.18%
(0.0112) (0.007) (0.001)
D*X 42 +) 0.53 0.63 0.48
(0.323) (0.255) (0.383)
D*Rq ) 0.01 10.02 0.03
(0.857% (0.819) (0.690)
D*Ry» ) 10.07 10.05 10.01
(0.302) (0.417) (0.840)
D*EPyi1 ) 0.56 1.15 0.53
(0.333) (0.140) (0.357)
D*AG; ) 0.01 0.02 0.03
(0.949) (0.809) (0.760)
Adj. R? 0.161 0.237 0.271
Observations 874 874 874

Table 6.8 presgs a specification test. Regression results are reported for three different degrees of industry control. Column 3
assesses a firmdéds disclosure quality relative to i®sestori ndustry
Column4 al so all ows the intercept and the current ERC to vary a
evaluated relative to its industry and both current and future ERCs are allowed to vary. The estimates relate to grpssiead re

with observations from the years 1996 to 1999. Where estimates are allowed to vary, average coefficients are reported.
Heteroscedasticitgonsistent pralues are reported in parentheses. In all three columns the disclosure quality is defined in terms of
forward-looking profit sentences. The dependent variable is current period rétury,R.+1 andR.+, are calculated as btand-hold

returns (inclusive of dividends) over a-tr#bnth period starting four months after the end of the previous financial¥e¥t, and

X2 are defined as earnings change deflated by price. Both current and future earnings changes are deflated by priceoht the start

the return window for periotl EP;,is defined asperioll 6 s ear ni ngs over prancialgeakndofpericsdont hs aft
ti 1. AG is the growth rate of total book value of assets for peri@isclosure quality is calculated by adding up the number of
forward-looking profit sentences in annual report narratives. Disclosure scores are converthdrinty variablesFirms with a

disclosure score in the top (bottom) quartile of the distribution are defined as high (low) disclosure firms. The durbieyvaisa

set equal to 1 (0) for high (low) disclosure firms. Observations with disclosure scahessecond and third quartile are not used in

estimations. The significance levels (ttl test) are: *= 10 %, ** =5 % and *** = 1 %.

disclosure score relative to its industry and both current and future ERCs are allowed to
vary. In all three columnghe disclosure quality is defined in terms of forwérdking

information related to profit topics.
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The regression results in Table 6.8 show that the earlier findings on felvedidg
profit disclosures become even stronger after controlling for indesfegts. All three

coefficients onD* X,,;, are now larger and more significant than the corresponding

estimates in Table 6.5. Furthermore, the petiet incremental ERC increases and
becomes more significant when one moves from Columm Galumn 5. If anything,
the results in Table 6.8 suggest that the failure to control for accounting and business

factors has weakened the earlier results.

6.7. Summary

A major contribution of the thesis is the development of a scoring methodology that
partially automates the generation of disclosure scores and thus allows the researcher to
produce disclosure scores for large samples of firms. This chapter uses these disclosure
scores to examine the information content of annual report narratives foe futu
earnings. Following Lundholm and Myers (2002) and Gelb and Zarowin (2002) |
examine the association between the disclosure of forlwaking information in

annual report narratives and prices leading earnings. The first hypothesis in this chapter
predcts that there is a positive association between forlarking disclosures and

prices leading earnings. However, the empirical findings are not in line with this
association. The most likely explanation is that annual report narratives discuss a wide
range of topics. Most of these topics are at best weakly correlated with future earnings

changes.

The second hypothesis predicts that there is a positive association between-forward
looking profit sentences and prices leading earnings. The findings in1$6d@i@ are in
line with that prediction. These results suggest that the ability of the market to anticipate

oneyearahead future earnings changes is positively related to the quality of disclosure
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when disclosure is defined in terms of forwdwdking profit sentences. These results

are further supported by the analysis of incremerftsl R

The association between other items from the profit and loss account and prices leading
earnings is also examined. In this analysis, the definition of disclosurgygediased

on two other disclosure indices. These indices contain topics related to turnover and
costs. For the turnover definition, there is no evidence that predictions about sales help
the market to forecast future earnings changes more accuratelyn Wliefine
disclosure quality in terms of cost topics, | then obtain significant coefficients which are
consistent with the idea that the market perceives cost saving programs as positive NPV

projects.

Finally, firms are assigned to industry sectors hrelestimate the coefficients holding
the industry classification constant. The findings indicate that the results on ferward

looking profit disclosures become even stronger after controlling for industry effects.

Overall, the results of the cressctimal analysis in this chapter are important because
they suggest that the automated text search approach developed in Chapters 4 and 5 has

a potential to identify valueelevant disclosures.
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Chapter 7: Disclosure Quality and Prices Leadind=arnings: A Time-Series
Analysis

7.1. Overview

The crosssectional results in Chapter 6 suggest that the ability of the market to
anticipate ongiearahead future earnings changes is positively related to the quality of
disclosure when disclosure is defihim terms of forwardooking profit statements. To
complement the crossectional results in Chapter 6, the present chapter relates changes
in voluntary corporate disclosures to changes in the extent to which returns anticipate
future earnings changes.tlfe level of forwaredooking disclosure affects the degree to
which future earnings are reflected in current returns, then an increase (decrease) in the
level of disclosure should result in an increase (decrease) in the extent to which stock
returns antippate future earnings changes. This proposition is tested by examining

changes in the level of disclosure over the sample period 1996.

The analysis in this chapter follows Lundholm and Myers (2002) in examining the
effect of changes in disclosure djtya on the relation between returns and future
earnings. The sample is sorted into two groups, disclosure increasers and disclosure
nonincreasers. For these two groups, | estimate the incremehiraltie first and the

last year that a firm appears ihet dataset. The incrementaf R defined as the
difference between the’from the full regression model with future earnings variables
included as independent variables and thé&&m the simple returearnings regression

with current earnings as thelgiindependent variable.

The empirical results for the sample period I9MWP9 are not in line with the
hypothesised prediction regarding the association between changes in disclosure quality

and the relation between returns and future earnings.
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In anattempt to explain these unexpected results, several modifications of the original
research design are considered. These include: (a) extending trspéimbéetween the

first and the last year in the analysis, (b) choosing a new sample period, (c)ingdefin
disclosure changes according to their ranks in the first and the last year of the analysis,
and (d) recat egori sing firms according to the

sentences as defined through labmiiensive reading.

The final modification pp vi des evi dence t hat -lodkiagnges
disclosure is positively related to changes in the amount of future earnings news
reflected in current earnings. Overall, the findings in this chapter suggest that
automated texsearches might ndie able to pick up subtle differences in disclosure
quality that appear important in a tirseries framework where the amount of

information changes is relatively small.

The remainder of this chapter is organised as follows. Section 7.2 provides a réview o
the timeseries analysis in Lundholm and Myers (2002). The regression models and the
hypothesis are discussed in Section 7.3. Section 7.4 describes the data. The empirical
results for the period 1996999 are presented in Section 7.5. Sections 7.6.90 7
present the findings in relation to the modifications of the original research design.

Section 7.10 summarises.

7.2. Lundholm and Myers (2002)

There are relatively few studies that examine the effect of changes in disclosure scores
over time. One suchugdy is Healy, Hutton and Palepu (1999). Healy et al. (1999) show
that firms that increase their disclosure levels over time experience lowaskid

spreads. Another study that focuses on ts®ges analysis is Leuz and Verrecchia
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(2000). Leuz and Verrebia (2000) also find that firms committing to a higher

disclosure level experience lower fadk spreads and higher trading volumes.

This chapter follows the timseries analysis in Lundholm and Myers (2002). They
examine how changes in disclosure qyaditfect the amount of future earnings changes
being reflected in current returns. More specifically, they test the hypothesis that
changes in disclosure are positively related to changes in the proportion of the variation

in current returns that can bepdained by variations in future earnings.

To test this hypothesis, Lundholm and Myers (2002) select the first and the last year
that a firm is in their AIMR disclosure dataset, so as to measure the effect of changes in
corporate disclosure over the losg@ossible time span. They then sort these firms into
disclosure increasers (303 firms) and disclosure decreasers (290 firms). For these two
groups, they estimate the contribution of future earnings for returns over and above the
contribution of current@&nings in the first and the last year that a firm exists in their
dataset. They define this contribution as the difference between?tfrerR the full
regression model with future earnings variables included as regressors (see Section 6:6)
and the R from the simple returearnings regression model with current earnings as
the only regressor. The difference i Between the two models indicates the
importance of future earnings for current returns. Lundholm and Myers (2002) term the

difference in Bbetwe en t he t wo model?. as the o6l ncrem

The authors argue that i f firmsd discl ost
current stock returns, then the incrementdl sRould increase for the disclosure
increasers. On the other hand, forecastirg diection of the incremental®’Ror the

disclosure decreasers is more difficult. They argue that, despite the fact that the

disclosure practice of this group has declined compared with their industry peers, the
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incremental Rcould increase for this grpuas well. This could arise due to external
effects such as an econotwyde increase in corporate disclosure. To control for an
economywide change in corporate disclosure, the authors predict that the change in the

incremental Rfor the disclosure increars would be greater than the change in the

incremental Rfor the disclosure decreasers.

The regression results in Lundholm and Myers (2002) indicate that the ability of future
earnings news to explain current returns increases for the disclosure engrédsing

the industryadjusted data, the authors find that the incrementainéteases from
0.0665 in the first year to 0.1906 in the last year. When they use raw data, they find the
incremental Rincreases from 0.0908 in the first year to 0.2952 énldst year. For the
disclosure decreasers, the change in the incremeftal fegative for the industry
adjusted data, decreasing from 0.1593 to 0.1149 and approximately zero for the raw
data, increasing from 0.1299 to 0.1314. Overall, the authors Vidérce that changes

in firm disclosure are positively related to changes in the importance of future earnings

news for current returns.

The present study generally follows Lundholm and Myers (2002) in examining the
effect of changes in disclosure qualityowever, my study differs from Lundholm and
Myers (2002) in that it focuses on forwabking information published in the annual
report discussion section. Also, it emphasises only one particular class of forward
looking information. This class relates forecasts of profit related topics. In Lundholm

and Myers (2002), AIMR-AF ratings are used. These ratings are based on evaluating
three media of corporate disclosures. These are annual reports, quarterly reports and

investor relations (see Section 2.
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7.3. Research Design

In order to test the effect of changes in disclosure quality on the relation between returns
and future earnings changes, | focus on the change in disclosure between 1996 and
1999. These years are the first and the last yearenctbsssectional analysis in

Chapter 6.

Based on the change in disclosure scores, firms are sorted into three main groups. These
groups are disclosure increasers, disclosure decreasers and firms with no change in their
disclosure scores over time. Theehrgroups are defined as follows: (1) disclosure
increasers refer to firms that increase their disclosure scores between 1996 and 1999, (2)
disclosure decreasers refer to firms that decrease their disclosure scores between 1996
and 1999, and (3) firms witho change in their disclosure maintain their disclosure

scores between 1996 and 1999.

In order to measure how changes in corporate disclosure change the relation between
current stock returns and future earnings, two regression models are used. The first
model simply regresses current stock return on current earggation (1) is usually

referred to as the simple retuearnings regression:
R=h+bX (1)

The second model regresses current stock return on current and future earnings

vanables.
R = bO + blxt + a bK+1Xt+k +é lq<+3|:§+k +b6EPt—l +b7AG} (2)
k=1 k=1

Equation (2) is similar to the main regression model in Chapter 6 but theseigmal

analysis in Chapter 6 allows the coefficients to vary with disclosure quality.
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Following Lundholm and Myers (2002), | estimatee thontribution of the future
earnings variableX1, Xw2, Riu1, Rz, EPi1 andAG; to the full model Rin 1996 and
1999. In order to calculate the incrementd| Fhree steps are followed for each

disclosure group and year:

(a) model (1) is used to owpute the simple returearnings R
(b) model (2) is utilised to calculate the full modé| Bnd

(c) the incremental Rs determined by subtracting the simple reteannings R from

the full model B.

The main prediction is that if firms increase thdisclosure over time, one would
expect more future earnings news to be reflected in current returns. Hence, the
incremental Rshould increase. On the other hand, if firms decrease their disclosure
over time, one would expect relatively less future em®inews to be reflected in

current returns.

Based on the voluntary information in the annual report discussion section @ahene,
could expect an increase in the incrementafd® disclosure increasers and a decrease

in the incremental Rfor disclosuredecreasers. However, this ignores the fact that the
amount of information about firms might change through time as a result of other
trends, for example through an increase of mandatory disclosure requirements over
time. To account for such a trend, thgbthesis in this chapter only predicts that the
change in the incrementaf Bf disclosure increasers between 1996 and 1999 is greater

than the change in the incrementafd disclosure decreasers during the same period.
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7.4. Data
7.4.1. Sample Seleatn

The years 1996 and 1999 are the first and the last year in theseatgsal analysis in
Chapter 6. For that analysis, 800 firms are randomly selected per year. However, to
increase the total number of firms available for the tg@ges test, | sete all nor
financial firms that have an annual report in 1996 and in 1999. The time span between

the first and the last year is three years.

The sample selection procedure is described in Table 7.1. The total number- of non
financial firms on Dialog for 196 and 1999 is 1122 and 1289, respectively. Disclosure
change is defined as the difference between disclosure scores in 1999 and 1996. Hence,
firms in 1996 are matched with those in 1999. To be included in the sample, firms must
have an annual report in #1996 and 1999. Firms with only one annual report in
either of these years are excluded from the sample. The resulting sample consists of 784

nonfinancial firms.

Five firms are excluded from the sample because of the unavailabiliDatastream

codes.The remainingsample comprises 779 ndinancial firms. These firms are scored

via Nudistand disclosure scores are exported into a spreadsheet. Finally, these scores
are combined with the firmdéds earnings pe
definition of accounting and return variables is the same as for the-sgct#snal

analysis.

Further reductions arise mainly due to changing -gels (107 firms) and missing
observations for any of the regression variables (209 firms). Consistent with Chapter

outliers are defined as the top and the bottom 1% of observations for the distribution of
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any of the regression variables. The final sample available to carry out the analysis thus

comprises 367 firms.

It is important to note that excluding a firm ineogear for any of the above reasons
leads to the exclusion of the same firm from the other year. This is because matched
observations are needed to undertake the analysis. For example, the total number of
firms with missing values in 1996 is 192 firms. Shdirms are automatically excluded

from 1999 as well. In 1999 there are a further 17 firms with missing observations. As a
result, the reported number of missing observations in Table 7.1 equals 209 firms.

Table 7.1. Sample Selection Criteria: Sample Pesd 1996 1999

1996 1999
Total number of firms on Dialo 1594 1892
(1) Financial firms (472) (603)
= Nontfinancial firms 1122 1289
(1) Firms with only one annual
report in one year in each sam
period (338) (505)
= Matched firms within sample
period 784 784
(1) Firms with noDatastream
codes (5) (%)
= Matched firms 779 779
(1) Firms that changed their ye
ends (107) (107)
(1) Firms with missing
observations (209) (209)
= Number of firms before
deleting outliers 463 463
(1) Outliers (96) (96)
= Firms to be used
in the regression analysis 367 367

Table 7.1 presents the sample selection criteria. It starts with the total number of firms on Dialog. Financial firmseactutihed.
Further observations are subsequently deleted to the unavailability of annual reports, the unavailabilityDatastream
information, changing financial ye@nds and outliers. Excluding a firm in one year for any of the above reasons leads
automatically to the exclusion of the same firm from ttieepyear.

7.4.2. Descriptive Statistics

As indicated earliefNudistis used to generate disclosure scores for the selected firms in

the sample. The total number of firms available for the-Berges analysis is 367.
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Initially, both sets of topics aresad to score annual report narratives. The first set is
based on an alhclusive topic list, while the second list is based on profit topics only.
For each year, running command filesNudist leads to the generation of disclosure
scores for each firm. Ren the change in disclosure scores is calculated for each firm.
Finally, firms are divided into three suategories. The first category includes firms
that increase their disclosure levels between 1996 and 1999. The second group
represents the firms thdecrease their disclosure levels between 1996 and 1999. The
final category includes firms that maintain their disclosure levels between 1996 and

1999.

Table 7.2 shows the total number of firms in each-gatkgory. It consists of two
panels. Panel A is la&ed to the disclosure definition based on anrallusive topic list,

while Panel B is related to the disclosure definition based on profit topics only.

Panel A of Table 7.2 shows that with aniattlusive definition of disclosure quality,

90.2% of fims increase their disclosure scores from 1996 to 1999. Only a small number
of firms maintain or decrease their disclosure levels between 1996 and 1999. This
means that there is generally an improvement in disclosure levels over time when

disclosure is meased using the aihclusive topic list.

Panel B of Table 7.2 shows that with a prbfitsed definition of disclosure quality, the
number of firms that increase their disclosure scores between 1996 and 1999 is roughly
eqgual to the total number of firms thdo not increase their disclosure levels. From now

on, the analysis only focuses on the definition of disclosure quality based on profit
topics only. The reasons are twofold: First, the number of observations in the increasers
and nonincreasers groupss iroughly equal for this definition of disclosure quality.

Secondly, the analysis in Chapter 6 provides evidence that a positive relation between
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prices leading earnings and disclosure quality only exists when disclosure quality is

measured in terms of piibtopics.

Table 7.2. Disclosure Changes between 1996 and 1999

Firms %
Panel A: Disclosure based on
an altinclusive topic list
Increasers 331 90.2
Decreasers 31 8.4
Firms with no change in their 5 1.4
disclosure scores
Total 367 100
Panel B:Disclosure based on
profit topics only
Increasers 188 51.2
Decreasers 136 37.1
Firms with no change in their 43 11.7
disclosure scores
Total 367 100

Table 7.2 classifies firms into disclosure increasers, disclosure decreasers and firms withgeoirctdisclosure scores. This
classification is given for two definitions of disclosure quality. The first definition is based on-iaclaflive topic list, while the
second definition is based on the profit topic list only. Column 2 shows the numben®in each group. Column 3 shows the
percentage of firms in each group.

Table 7.3 displays summary statistics for the distribution of disclosure scores based on
the profit definition of disclosure quality. Panel A shows that disclosure scores in 1996
range from a minimum value of 0 to a maximum value of 31. The median value is 4 and

the average value is 4.56.

Panel B shows that the distribution is very similar for 1999. Median and average values
are now 4 and 5.39, respectively. Of course, in a-8mies analysis, the more
important statistic relates to changes in disclosure quality over time. Descriptive

statistics on changes are reported in Table 7.4.

Table 7.4 displays descriptive statistics on the distribution of changes in disclosure
guality for each disclosure group. For the increasers group, increases in disclosure

scores range from a minimum of 1 up to a maximum of 18. The average increase equals
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4.15 and the median increase equals 3. This suggests that the median increaser firm

makes only 3 dditional forwardlooking profit statements in 1999 compared to 1996.

Table 7.3. Distribution of Disclosure Scores by Year

Panel A: Disclosure scores in 1996 (N=367)

Average value 4.56
Minimum value 0
25" percentile 2
Median value 4
75" percentile 6
Maximum valie 31

Standard deviation 3.94

Skewness 2.02

Panel B:Disclosure scores in 1999 (N=367)

Average value 5.39
Minimum value 0
25" percentile 2
Median value 4
75" percentile 7
Maximum value 25

Standard deviation 4.30

Skewness 1.33

Table 73 presents the distribution of disclosure scores for the years 1996 and 1999. The definition of disclosure scoresis based o
the number of forwaréboking profit sentences.

For the decreasers group, the firm with the most dramatic change in disclaalirg q
reduces the number of forwalobking profit sentences by 26. However, the median
firm reduces the number of sentences only by 3. Overall, it is clear from Table 7.4 that
changes in disclosure quality over time are, on average, relatively modéstisTh
consistent with the observation in the prior literature that disclosure levels over time are

rather persistent.
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Table 7.4. Distribution of Changes in Disclosure Scores: Profit Topics Only

Panel A: Disclosure increasers (N=188)

Average vale 4.15
Minimum value 1
25" percentile 2
Median value 3
75" percentile 5.5
Maximum value 18
Standard deviation 3.44
Skewness 1.73
Panel B:Disclosure decreasers (N=136)
Average value 13.50
Minimum value 26
25" percentile B
Median value .'_ >
75" percentile I3
Maximumvalue T1
Standard deviation T1
Skewness 3.26
13.49

Table 7.4 presents the distribution of changes in disclosure scores between 1996 and 1999. The definition of disclesare score
based on the number of forwalabking profit statements.

7.5. Empirical Results

This section presents the empirical findings for the period T1P28D. | start by
reporting the results for the two groups of disclosure increasers and disclosure non
increasers. The latter group includes firms with decreasingpdige scores and also a
number of firms that maintain their disclosure scores between 1996 and 1999.
Combining disclosure decreasers with firms that maintain their disclosure scores allows
me to get comparable sample sizes (188 increasers vs. 1Vianeasers). For each
group, the incremental contribution of future earnings to the full modél Ehe first

and the last year is estimated.

Table 7.5 presents the regression results in relation’to ®early, the empirical
findings do not support the pgthesis of this chapter. According to this hypothesis, the
change in the incrementaf Rr disclosure increasers should be higher than the change

in the incremental Rfor disclosure noiincreasers. However, Table 7.5 indicates that
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the ability of futureearnings news to explain current returns decreases for the disclosure
increasers and increases for the disclosureimmeasers. The incrementat far firms

that increase their disclosure levels between 1996 and 1999 decreases fromirD.1290
1996 to 0.G79in 1999. In contrast, for the disclosure hocreasers, the change in the
incremental contribution of future earnings is positive, increasing from 0.0681 to
0.1961. These results are countguitive. The increase in the number of forward
looking prdit sentences results in less future earnings news being reflected in current
return, while a reduction in forwadldoking profit sentences allows more earnings news

to be incorporated in prices.

Table 7.5. Incremental R: Increasers vs. Noifi increasers (3mple Period: 1996 1999)

D
1996 1999 Incremental
R2
Panel A: Disclosure increasers (N=189
The simple returrearnings model R 0.0734 0.0777
The full model R 0.2024 0.1556
The incremental Rlue to future earnings 0.1290 0.0779 -0.0511
Panel B:Disclosure norincreasers
(N=178)
The simple returrearnings model R 0.1290 0.0562
The full model R 0.1971 0.2523
The incremental Rlue to future earnings 0.0681 0.1961 0.1280

The full model is:

2 2
R =bp +byX¢ + kazlbk+1xt+k +ka:lbk+3Rt+k +bgER_1 H7AG
Thesimple returpearnings modeis:
R =bp + by Xy

The dependent variable is current period retRnR, R.1 andR.; are calculated as beandhold returns (inclusive of dividends)
over a 12month period, starting four months after the endhef previous financial yeakX;, X.1 and X, are defined as earnings
change deflated by price. Both current and future earnings changes are deflated by price at the start of the returm wémihalv fo
t. EPy1is defined as periotil 6 s e a r nrice fgus moothseafter tpe financial yeand of periodi 1. AG is the growth rate

of total book value of assets for peribdisclosure scores are calculated based on forlemidng profit topics.Firms are sorted
into two groups with increasing and mincreasing disclosure scores. The incremeRfaheasures the amount of future earnings
information that is impounded in current returns.
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In an attempt to assess the sensitivity of the results, firms that maintain their disclosure
scores between 1996 artP99 are delete®. Therefore, firms are divided into

disclosure increasers and disclosure decre8%drable 7.6 reports the results of the

incremental Rfor each group.

The results of Table 7.6 are similar to those reported in Table 7.5. The chahge in t
incremental Rfor the decreaser group is still positive, increasing from 0.0676 in 1996

to 0.2397 in 1999.

Table 7.6. Incremental R: Increasers vs. Decreasers (Sample Period: 1998999)

D
1996 1999 Incremental
R2
Panel A: Disclosure increasers (N=189
The simple returrearnings model R 0.0734 0.0777
The full model R 0.2024 0.1556
The incremental Rlue to future earnings 0.1290 0.0779 -0.0511
Panel B:Disclosure Decreasers (N=13¢
The simple returrearnings mdel R 0.0970 0.0357
The full model R 0.1646 0.2754
The incremental Rlue to future earnings 0.0676 0.2397 0.1721

The full model is:

2 2
R =bg + by X¢ + kazlbk+1xt+k +ka:lbk+3Rt+k +bgER. 1 #7AG
The simple retursearnings modeis:
Rt =bp + by Xy

The dependent variable is currgu@riod returnR. R, R.1 andR., are calculated as beandhold returns (inclusive of dividends)

over a 12month period, starting four months after the end of the previous financialXgexr.; and X.., are defined as earnings

change deflated by jwe. Both current and future earnings changes are deflated by price at the start of the return window for period

t. EPsyis defined asperioil 6s ear ni ngs over pri ce femdwfrperiohnACGistheaggfowtlerate t he f i na
of totd book value of assets for periddDisclosure scores are calculated based on forlemidng profit topics.Firms are sorted

into two groups with increasing and decreasing disclosure scores. The increRfemehsures the amount of future earnings

information that is impounded in current returns.

In summary, the results do not confirm the hypothesised relation between disclosure
changes and prices leading earnings. The results are also not consistent with the

findings of the timeseries analysis in Lundtm and Myers (2002). Four possible

% |n the crosssectional analysisijrins with disclosure scores in the second and third quartiles are deleted.

In the current chapter, however, the second and third quartiles are not deleted due to the small sample
size.

® These classifications are similar to those reported in Lundhom aacsNB002).
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explanations could be given for these unexpected results. First, the time span between
1996 and 1999 may not be long enough to capture the effects of changes in the level of
disclosure because disclosure quality istieddy stable over time (Miller and Piotroski,
2000). Second, yeapecific effects might have affected the above results. Third, a
classification based on the change in levels of disclosure might be too weak. Finally, the
change in thereturnearnings reltion might be more sensitive to certain types of

forward-looking information than others.

The next four sections discuss these explanations in more detail and provide suggestions

for testing their validity. These tests include (1) extending the time Isp@aveen the

first year and the last year in the analysis, (2) choosing a different sample period, (3)
redefining change in disclosure quality as a change between high, medium and low
disclosure groups, and (4)-categorising firms according to the changdhe number

of 060strongbd sentences, wher e stdnensige sent e

reading.

7.6. Extending the Time Span

As noted earlier in this chapter, Lundholm and Myers (2002) measure the effect of
changes in corporate disclosure &a average time span of seven years. They use the
longest possible time span because previous research had observed that there are
numerous shotterm deviations from the general downward trend in the relation
between current returns and current earming Fur t her mor e, a fir mod

tends to be persistent and meaningful changes can take years. This limits the effective

length of the time series and the power of the tests (Gelb and Zarowin, 2002).
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Thus, the time span between the first ant yasr in the analysiseeds tancrease. To
achieve this, the year 2000 is chosen instead of 1999 as the findf Jéarefore, the
new sample is drawn from 1996 as the first year and 2000 as the la& Veartime
span between the first and the lasayis now four years compared with three years in

the previous section.

Table 7.7 shows the regression results for this test. These results reveal that the
incrementaR?s for each disclosure group are still not in line with the hypothesis in this
chaper. While the change in the incrementdlfBr the group of disclosure increasers
turns in the right direction when compared to the previous section, the change in the
incremental Ris still much greater for the group of disclosure -imereasers than for

the group of disclosure increasers. The changes in the incremémtia i®.0075 and
0.1521, respectively. The hypothesis of this chapter predicts that the change is greater

for the increasers than for the nimereaser$§®

In summary, extending the sarapgberiod by one year does not appear to change the
results very much. However, the time span in this section is still shorter than that in
Lundholm and Myers (2002), four years versus seven years. Unfortunately, it is not
possible to extend the originarmple period by more than one year. If later years were
selected as the last year, then a large number of observations would be lost due to the

unavailability of future yearsod earnings &

67| am unable to extend the original sample by more than one year. This is because of the unavailability

of a | arge number of future yearsdé earnings and r ¢
% The total number of firms oBialog in 2000 is 1598. This represents 508 financial firms and 1090 non

financial firms. Financial firms are excluded. The remaining firms are matched witfinaogial firms

in 1996. The matched firms are equal to 623 firms. Further observations are deteteditanging year

ends (17 firms), missing variables (206 firms) and outliers (83 firms). The observations used in the
analysis are 317 firms.

% When firms with no change in disclosure scores between 1996 and 2000 are removed from Panel B,

then the findigs lead to approximately similar results. The change in the incremehtr Rhe

disclosure decreasers is now 0.0835.
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Table 7.7. Incremental B: Increasers vs. Norincreasers: Sample Period: 19962000

D
1996 2000 Incremental
R2
Panel A: Disclosure increasers (N=208
The simple returrearnings model R 0.0787 0.0215
The full model R 0.2374 0.1727
The incremental Rdue to future earnirsy 0.1587 0.1512 10.0075
Panel B:Disclosure Norincreasers
(N=109)
The simple returrearnings model R 0.1341 0.1314
The full model R 0.1821 0.3315
The incremental Rlue to future earnings 0.0480 0.2001 0.1521

The full model is:

2 2
R =bp +byX¢ + kazlbk+1xt+k +ka:lbk+3Rt+k +bgER_1 H07AG
The simple retursearnings model is:
Rt =bp + by Xy

The dependent variable is current period ret®nR;, R.1 andR., are calculated as begndhold returns (inclusive of dividends)
over a 12month period, starting four months afteetand of the previous financial yea§, X1 and X, are defined as earnings
change deflated by price. Both current and future earnings changes are deflated by price at the start of the returm pamnaalv fo
t. EPy1is defined as perioil 6 s ngsaoven price four months after the financial yead of periodi 1. AG; is the growth rate

of total book value of assets for peribdisclosure scores are calculated based on forleaidng profit topics.Firms are sorted
into two groups with incredérsg and norincreasing disclosure scores. The incremeRtaheasures the amount of future earnings
information that is impounded in current returns.

7.7. Another Sample Period

The unexpected results in the previous two sections may also be due to some
uncharacteristic features of the involved years, especially 1996, which is the first year in
both timeseries analyses. To test this argument, the results of a furthesdnme
analysis are reported in this section. The regression results in this seetiossad on

the years 1997 (first year) and 2000 (last y&ar).

The regression results are reported in Table 7.8. The results are no longer-counter
intuitive in that the change in the incrementdlf& the norincreasers is higher than
the corresponding eimge for disclosure increasers, however, they are not supportive of

the hypothesis of this chapter, either. The changes in the incremérigd Rlose to

° The matched sample for this sample period comprises 873 firms. Two firms are deleted due to the
unavailability of Datastreamaccouning and return data. Further observations are deleted as a result of
missing variables (317 firms) and outliers (110 firms). The sample used in the regression analysis is 444
firms.
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zero for both groups. The*fhcreases marginally from 0.1361 to 0.1387 for the group

of disclosure ncreasers and declines from 0.1129 to 0.1094 for the disclosure non
increasers. This set of results suggests that the importance of future earnings to current
returns does not vary with the level of forwdodking profit statementS- The results

in Tabke 7.8 also suggest that the empirical findings in relation to the change in the
incremental Rvary substantially with the examined time period.

Table 7.8. Incremental B: Increasers vs. Noif increasers (Sample Period: 19972000)

D
Independent Variables First Year 1997  Last Year 2000 |ncremental
RZ
Panel A: Disclosure increasers (N=205
The simple returrearnings model R 0.0533 0.0186
The full model R 0.1894 0.1573
The incremental Rlue to future earnings 0.1361 0.1387 0.0026
Panel B:Disclosure norincreasers
(N=239)
The simple returrearnings model R 0.0296 0.0899
The full model R 0.1425 0.1993
The incremental Riue to future earning: 0.1129 0.1094 10.0035

The full model is:

2 2

R = b + by X¢ + kazlbk+1xt+k +ka:lbk+3Rt+k +bgER. 1 #7AG
The simple reurn-earnings modek:

R = bg + by X;
The dependent variable is current period ret®&nR, R.1 andR. are calculated as begndhold returns (inclusive of dividends)
over a 12month period, starting four months after the end of the previimancial yearX;, X.1 andX., are defined as earnings
change deflated by price. Both current and future earnings changes are deflated by price at the start of the returnm pémabolw fo
t. EPy1is defined asperioil 6 s e ar ni n g smownths after the finarcial yeferod wfrperiodi 1. AG, is the growth rate
of total book value of assets for peribdisclosure scores are calculated based on forlemidng profit topics.Firms are sorted

into two groups with increasing and nimtreasng disclosure scores. The incremerameasures the amount of future earnings
information that is impounded in current returns.

One possible explanation for this lack of stability is that the scoring methodology
developed in Chapters 4 and 5 does noa @ery good job in the timseries analysis. It

is possible that this methodology is not fine enough in a framework when small changes
in di sclosure scores determine a firmbs

disclosure decreaser (see Table 7.4)isTcontrasts with the crosectional analysis

"L |f firms with unchanged disclosure scores are removed from PanelrBthéncremental for the
disclosure decreasers increases from 0.1067 to 0.1342.
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where high disclosure firms with a median score of nine are compared against firms

with virtually zero disclosure (see Table 6.1).

To examine whether this argument holds, the classifications are modified ways.

The results of these two classifications are reported in the following two sections.

7.8. An Alternative Classification for Disclosure Change

Based on the original sample period 10P#99 this section tests the effect of corporate
disclosure chages on prices leading earnings by using an alternative method for
defining changes in disclosure quality. This method allocates firms according to their
disclosure scores in 1996 and 1999 into three groups of low, medium and high
disclosure firms. For eacfirm, | then compare the disclosure scores in 1996 and 1999.
This comparison allows me to classify firms into three groups: disclosure increasers,
disclosure decreasers and firms that maintain their disclosure status between 1996 and
1999. Firms are onlgiefined as disclosure increasers if they move to a higher disclosure
group between 1996 and 1999. Thi s i s
classification is changed from 6l owd in
firms are only classéd as disclosure decreasers if they move to a lower disclosure
group between 1996 and 1999. This classification eliminates firms from the group of
disclosure increasers and decreasers that only change their disclosure scores marginally.
These firms are m defined as firms that maintain their levels of disclosure between
1996 and 1999. Such firms are excluded from the regression analysis that follows. In a
certain way, the classification criterion in this section is stronger than that applied in

earlier setions in this chapter. It is now comparable to the classification scheme in the

crosssectional analysis which eliminates firms in the second and third quartiles.
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However, at the same time, this also reduces the number of observations used in the two

regressions, a number that is not very large in the-8erées analysis anyway.

Table 7.9 reports the number of firms that improve, maintain and reduce their status
between 1996 and 1999. Firms above (below) the diagonal improve (reduce) their status

over thethreeyear period.

Table 7.9. Alternative Classification for Disclosure Change

Low 1999 Medium 1999 High 1999
Low 1996 76 = Maintain 58 = Increase 32 = Increase
Medium 1996 40 = Decrease 52 = Maintain 70 = Increase
High 1996 21 = Decrease 50 = Decrase 64 = Maintain

The regression results for the new classification scheme are reported in Table 7.10. As
usual, Panel A reports the incrementdlf& the disclosure increasers and Panel B
indicates the findings for the group of disclosure decreaseesrdgression results in
Table 7.10 show that the change in the incrementas Rositive for the disclosure
increasers as predicted. However, the change in the incremériggReater for the

group of decreasers than for the group of increasers (0.@9&Bist 0.0771). This
contrasts with the prediction in this chapter that the incremefgtidild be greater for
disclosure increasers than for disclosure decreasers. Overall, it appears that the
modification of the classification scheme in this sectias hot changed the empirical

findings very much.

Having been unable to find the predicted relation between prices leading earnings and
automated disclosure scores in a tiseeies framework, the final test in this chapter
abandons the automated scoringtimeology altogether in favour of laboeintensive
reading. In particular, the analysis in the following section examines whether the failure

to find the predicted relation in a tirseries framework is due to the inability of the
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automated scoring systermn o di fferentiate bet ween 0st
sentences.

Table 7.10. Incremental RB: Changes in Disclosure Quality Based on Disclosure Ranking (Sample
Period: 1996 1999)

D
1996 1999 Incremental
RZ
Panel A: Disclosue increasers (N=151)
The simple returearnings model R 0.0902 0.0531
The full model R 0.0844 0.1244
The incremental Rlue to future earnings -0.0058 0.0713 0.0771
Panel B:Disclosure decreasers (N=10:
The simple returearnings model R 0.0507 0.0145
The full model R 0.1655 0.2246
The incremental Rlue to future earnings 0.1148 0.2101 0.0953

The full model is:

2 2
R =bp +byX¢ + kazlbk+1xt+k +ka:lbk+3Rt+k +bgER_1 H7AG
The simple retursearnings model is:

R =bg + by X;
The dependent variable is current pdrieturn,R. R, R:1 andR., are calculated as beand-hold returns (inclusive of dividends)
over a 12month period, starting four months after the end of the previous financialXgexr.; and X.., are defined as earnings
change deflated by price oBh current and future earnings changes are deflated by price at the start of the return window for period
t. EPy1is defined asperioil 6 s ear ni ngs over pri ce ferdwfrperioh In AGhistheagfowtterate t he f i n a
of total bookvalue of assets for period Disclosure scores are calculated based on foreaidng profit topics.Firms are
classified as disclosure increasers (decreasers) if the disclosure classification improved (reduced) between 1996 dmd 1999. T
incrementaR*> measures the amount of future earnings information that is impounded in current returns.

7.9. ldentifying Strong Sentences through Laboutntensive Reading Definitions

A major contribution of the thesis is the development of a scoring methodology that
partially automates the generation of disclosure scores and thus allows the researcher to
produce disclosure scores for large samples of firms. While a scoring system based on
text searches is cosfficient and easy to replicate, it is unlikely to be asuaate as
labourintensive reading. This section examines whether my inability to find the
predicted relation between changes in disclosure scores and the importance of future
earnings for current prices is due to a degree of noise that is inevitablyuicg into
disclosure scores when scores are generated via a text search approach. To investigate

this issue all sentences identified Bydistas forwardiooking profit statements are
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carefully read. I t hen deci deingvstaterhehte r t h e

about the future or ndt.

A sentence is classified as a 6éstrongd st
to margins, operating profits or botteime profits and (2) if the time horizon is clearly
specified. The following threesentences are examples of forwérdking profit

statements that | judge to be O6strongd tre

Sentence (1):Weanticipate profits in the first year of between $600,000 3
$1million6 ( Dr uc k Hiolb9%% AnmuplsRep@nd Accounts)

Sentence (261 nf Il ati on, which has persi
trending downwards and this, allied to increased output resulting 1
adequate water supplies, should result in a significant improvemel
operatingprofitsin 1997. §Lonrho PLCi 1996 Annual Report and Accounts

Sentence (36 We ar e anti ci pat iprgitinmaakce m
1997 and will be considering plans to develop the business profitably tov
nati onal (Rrake/Bros BL§I€1996 Annual Report and Accounts)

Al | three sentences make statements about
sentences that refer to the past year os p
forward-looking profit statements that | consider as simbng trading statements about

the future:

ExamplesThe firmbés past year profit

Sentence (1):6This profit forecast was achieved @Ml Plci 1999 Annual
Report and Accounts)

Sentence (2)0 Osalesof £12.5 million (1998: £15.1 million) the ptaxloss
was in line with forecast at £639,000 (1999: pre a x prof it
(Radamec P1c1999 Annual Report and Accounts)

In addition,| exclude sentences that do not directly relate to profits, but rather to the
firméds environment y ahe tbllowing sentbnees aré axamples ofi n d u ¢
forward-looking profit statements that | consider as not strong trading statements about

the future:

"2 The alternative to checking all forwakabking profit statements identified Byudistwould be to read
the entire annual report discussion section from scratch. Unédelynwith 2 x 367 = 734 firayears,
this was regarded as too timmensuming.
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Example: The firmbés environment

0 T fkraging environment in which the Construction Divisions operataains
hars h (M& Gleeson Group Plic 1996 Annual Report and Accounts)

Example: The firmbés industry

060The outdoor advertising industry
a smaller number of larger playeissexpectedo bring furtherbenefitsto the
profile and organi s a t($cottsh Radio HoldirgBloo
T 1999 Annual Report and Accounts)

While economywide factors and trends in the industry and product market obviously
have implications for future profit, the relation betwethese trends and profits are

much vaguer.

Furthermore, | exclude from the scores any forwlaoking profit statements in which
the time horizon is not well defined. The following statement is an example of a

forward-looking profit sentence that | codsrr as not a strong trading statement:

Ol his strategywill, we believe, generate higeturns for our shareholders ove
the long termb(Electrocomponents Pic1999 Annual Report and Accounts)

Moreover, | exclude forwartboking profit statements whendin associated accounting

topics have different meanings. The example below clarified this idea:

been wi retura to televisioneadvertising it

0lt too has
f i (HR BumerHoldinge Rld 1999 Annual Report an

the new
Accounts)

The above example contains a profit topic (the keyword return) and sspeslified
time horizon (the keyword: the new financ
this statement has a different meaning. It does not refer to the accounting itetu

means in this context 6going back©é.

Finally, for the purpose of calculating the scores, | exclude sentences that contain
thankful words to directors, employees, suppliers or customers and sentences that

despite including a forwarliboking key wok and a profitrelated topid do not appear



207

to have any profit implications whatsoever. The following sentence is an example of a

0f or-wao kli ng pr of i hotcensideteccamarsngt@dding stadetment: s

d should like to thank Sir Terendtiggins, whowill be retiring at the Annua
General Meeting in March 1997, for his invalualglentribution to the Group
over t he p é&BsstChaside Kolidays #ItCsl96 Annual Report a
Accounts)

The analysis in this section is once again bamethe years 1996 and 1999, with the
change in disclosure scores being determined for 367 firms. The total number of
sentences read is 1674 for 1996 and 1978 for 1999. As usual, separate regressions are
run for the group of disclosure increasers and asscke norincreasers. The results are

reported in Panels A and B of Table 7.11.

The new classification scheme, which is now based on a mixture of automation and
manual reading, leads to empirical findings that are consistent with the hypothesis of
this chater. The change in incremental R higher for the disclosure increasers than

for the disclosure neimcreasers (0.0840 agairi€2.1110). While the amount of future
earnings news that is reflected in current returns increases for the group of disclosure
increasers, it declines for the group of firms that reduces (or maintains) the number of
strong forwardooking profit statements. This finding is consistent with forward
looking profit statements providing credible information to the stock market about

future trading performancé.

3 When firms with the same level of strong forwdodking profit statements are excluded from the
analysis, then the change in the incrementalfdR the group of disclosure deeasers ig 0.2398,
producing further evidence for the success of the classification scheme in this section.
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Table 7.11. Incremental R: 6 St r o n gléoking @nofitv 8emtdnces (Sample Period: 1996

1999)
D
1996 1999 Incremental
R2
Panel A: Disclosure increasers (N=246
The simple returrearnings rodel R 0.0923 0.1122
The full model R 0.1909 0.2948
The incremental Rlue to future earnings 0.0986 0.1826 0.0840
Panel B:Disclosure norincreasers
(N=121)
The simple returrearnings model R 0.1241 0.0235
The full model R 0.2869 0.0753
The incremental Riue to future earning: 0.1628 0.0518 10.1110

The full model is:

2 2
Rt =P #bXp + & B Xpek + 2 BregRiek +BER- 1 H7AG
The simple returrearnings model is:

R =bg + by X;
The dependent variable is current period ret®nR;, R.1 andR., are calculated asuly-andhold returns (inclusive of dividends)
over a 12month period, starting four months after the end of the previous financialXgeXr.. and X..» are defined as earnings
change deflated by price. Both current and future earnings changes areddsflptéece at the start of the return window for period
t. EPyyis defined asperioil 6 s ear ni ngs over pri ce {femdwfrperiothnACGisthegrfowtterate t he f i na
of total book value of assets for peribdisclosure scores arcalculated based on forwalabking profit topics.Firms are sorted
into two groups with increasing and nircreasing their number of strong forwdmbking profit sentences. The incremenil
measures the amount of future earnings information thatdeunded in the current return.

The results of the timeseries analysis in this chapter are important because they suggest
that, while the automated text search approach developed in this thesis appears to work
well in a crosssectional setting, it seemsnable to pick up subtle differences in
disclosure quality that appear important in a teeeies framework where the amount of
disclosure changes relatively little. With hindsight, it appears that an important feature
of the crosssectional analysis idt it effectively compares firms at the top end of the
disclosure spectrum against firms with virtually no disclosure at all. If more subtle
differences in the level of disclosure matterlike in a timeseries analysis with
relatively persistent disclosel scores over timé then the automated text search
approach appears to be less effective. This is an important qualification of the scoring

system developed in this thesis.
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7.10. Summary

To complement the crosectional results in Chapter 6, the currehapter follows
Lundhol m and My er soOs (2002) met hodol ogy
changes in voluntary disclosures and changes in the extent to which returns anticipate

future earnings changes.

The hypothesis in the present chapter prediwsthe change in the incrementalf&r
disclosure increasers is greater than the change in the incremérital disclosure
decreasers. However, initially the empirical findings are not in line with the

hypothesised prediction.

In an attempt to examinpossible explanations, several modifications of the original
research design are considered. First, the time span is extended between the first and the
last year in the analysis. Second, a new sample period is chosen. Third, disclosure change
is redefinedaccording to the change in the disclosure rank for each firm in the first and
the last year of the analysis. The results of these modifications are generally not consistent
with the prediction that the incrementad ¢ntributed by future earnings newsrisases

for disclosure increasers relative to disclosure decreasers. Finalhgategorise firms
according to the change in the number of
manual reading. The results of this final modification provide ewiedhat changes in
forward-looking disclosure is positively related to changes in the amount of future

earnings news reflected in current returns.
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Chapter 8: Conclusion

The present study aims to test the ability of partially automated disclosues oo
identifying the information content of annual report narratives for future earnings. This
chapter provides a summary of the main findings followed by the main implications of
these findings. It also discusses the limitations of the study. Theechaptls by

suggesting several avenues for future research.

8.1. Summary

This study investigates the impact of forwdodking disclosure levels in annual report
narratives on prices leading earnings. The findings are based on large samples of annual
repots electronically available in thBialog database. 800 annual reports per year for

the time period 1998999 were collectedNudist was used to score annual report
narratives, and then | examined the association between disclosure quality and prices

leading earnings using the Collins et al. (1994) regression model.

To measure the quality of corporate disclosure, | used a new methodology for
constructingthe list of disclosure itemsNovel features of this methodology were
related t o t heportsucscenstudt thest afdisclpssire isems and the use

of Nudistto speed up the process of constructing likis Thescoring sheeis based on

the forwardl ooki ng di sclosure topics that ar e
reports. Thescorng sheetomprisesa list of 500 topics that are important for financial

analysts in their forecasting process.

To score large samples of annual reports, a new methodology was developed. The
scoring procedurgenerallyfollowed the following stages Firg, | identified a list of
disclosure topics from analyst reports. Second, | identified a list of forlwaking key

words that are frequently used in the annual report. TNuwdjstwas used to run two
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separate texsearches. The first search identifidkde number of forwardboking
sentences in each annual report. The second search identified the number of sentences
that included at least one specific topic. Finalydistformed the intersection between

the two searches. The overall results of therisgomethodology were exported to a
spreadsheet, which included the total number of forM@olling sentences with a

relevant topic for each firm.

The reliability of the disclosure scores was supported by provalicigar statement of
procedures and a edr definition of forwardooking information. Therefore, other
researchers should be able to replicate the results of this study easily. All that is needed

is a list of forwardlooking key words and a topic list

The validity of the disclosure scores wagpported by three different sets of analyses:

(1) The correlation between disclosure and firm characteristics identified in prior
research to be associated with disclosure level, (2) the correlation among the
components of thecoring sheetand (3) the arrelation between the scores produced by

the technigues deployed in this study and the scores produced by a manual based

content analysis methodology.

After calculating the disclosure scores for large samples of firms, the main aim then was
to test the asociation between forwafidoking disclosure in annual report narratives
and prices leading earnings. The cresstional regression results in Chapter 6 were
unable to find a significant relation between forwlrdking disclosure based on an all
topic list and prices leading earnings. These results help to explain why Gelb and

Zarowin (2002) do not find a positive relation between annual report disclosures and
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6prices | eadwhemgdisdosurenscoreg webe. defined as the number of
forward-looking profit sentences, the regression results show that the quality of
disclosure is significantly associated with prices leading earnings. This effect is,

however, only significant for the ongarahead earnings changes.

These results support the view thatrent earnings alone have only a limited ability to
communicate a firmbébs value to the market

anticipate future earnings.

These results also show that the use of the automated disclosure scores is useful for
measiring the association between annual report narratives and prices leading earnings.
This is true when firms at the top end of the disclosure spectrum are compared against

firms with virtually no disclosure at all.

The second set of results considered thsoeiation between changes in voluntary
corporate disclosures and changes in the extent to which returns anticipate future
earnings changes. | followed the methodology in Lundholm and Myers (2002). The
empirical results for the sample period 199899 arenot in line with the hypothesised
prediction. Four modifications were made to the original research design. These
included extending the tiragpan, selecting another sample period, redefining disclosure
changes according to their ranks in the first andadkeyear, and reategorising firms

according to the change in the number of

The findings of the first three modifications were generally not consistent with the
hypothesised prediction. Therefore, the decision was made to ukeuwrifgensive

approach beside the computerised scoring method to identify changes of disclosure

"4 AIMR ratings for the annual report are based on quantitative and qualitative information, bothforward
looking and backward looking. Thus, thesulting scores are likely to contain too much noise for
identifying prices leading earnings.
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scores for each firm. All sentences identified Nudist as forwardlooking profit
statements were carefully read. plcitlyt hen i
referred to profit topics for a specific period of time. The results of this modification
provide evidence t hat -lookng digclessire is positaelyf i r mo
related to changes in the amount of future earnings news reflected emtcreturns.

Thus it appears that the effect is strongest if the information is related directly to
margins, operating profits or bottelime profits and if the time horizon is clearly

specified.

The results of the timseries analysis are important besauhey suggest thatwhile

the automated text search approach developed in this thesis appears to work well in a
crosssectional analysis it seems not to able to pick up subtle differences in disclosure
quality that appear important in a tirseries famework where the amount of
information changes are relatively small. If more subtle differences in the level of
disclosure mattei like in a timeseries analysis with relatively persistent disclosure
scores over timé then the automated text search agwh appears to be less effective.

This is an important qualification of the scoring system developed in this thesis.

In summary, the present study shed that using Nudist as a more objective
measurement of arrivingt disclosure scores spowerfultool for analysng very large
guantitiesof textual data asoveredin Chapter 6. This is consistent with Holsti (1969)
who suggests that researchsi®ulduse computers in qualitative research when their
analysis is extremely complex and is based on larg@ets of textOn the other hand,
when the sample sizes are relatively small, the usele$sobjective measurement is
more appropriaté as shown in Chapter 7 where the association between changes in

disclosures and changes in the reteannings assaaion was found to be significant.
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These results suggest that combining computer methodology with manual reading

methodology may provide the basis for larger sample studies.

8.2. Implications

There are many reasons for undertaking this study. The mesftrtant is the fact that
this type of research has potential implications. It helps to inform regulators about the
benefits of corporate voluntary disclosures to investors and the disclosing firm. The
study provides evidence that forwdobking profit information, published in annual
report narratives, is useful to investors in predicting future earnings changes. As a
result, this study provides part of the information that is needed for a more informed

costbenefit analysis of increased disclosures.

The findings reported in this study also have managerial implications. They show that
markets are uncertain about the quality of reported earnings and that the market appears
to be better informed when including forwdabking profit information in annual

report narratives. Therefore, for effective financial communication with the stock
market, managers should give high priority to develop appropriate and complete
disclosure practices. The findings reported in the study provide assistance to managers
wishingto understand more precisely how forwdrd o ki ng di scl osur es
timeliness. In particular, the results demonstrate that including profit forecasts in annual

report narratives enables investors to anticipate future earnings more accurately.

In addition, the findings of the study have important implications for small investors
who may not have access to information through other sources in the same way that
financial analysts or large institutional investors do. The results reported inetsenpr
study suggest that reported earnings alone may be insufficient for an investor to

anticipate future earnings changes. In addition, they suggest that fdog&nag profit

q
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i nformation 1 mproves investorso etmantni ngs

decisions.

Finally, the present study has implications for the efficient market hypothesis. The
results of the study suggest that increased levels of forlwakihg profit disclosures in
annual report narratives provide investors with vaklevan information. This
information enables them to better anticipate future earnings. Accordingly, this leads to

more efficient capital markets.

8.3. Limitations

The use of the computerised content analysis approach has enabled me to produce
disclosure scoee for very large samples of annual reports. Hence, it enabled me to
undertake a large scale disclosure study. On the other hand, the present study suffers
from a number of limitations. First, the study assumes that the set of value relevant
disclosure tomis does not vary across industrial sectors. However, it appears that this
assumption may not be proper. In particular, prior studies highlight the importance of
specific disclosure topics to specific industries. For example, Nagar and Rajan (2001)
findtha di scl osures r eltaitneed dteol idvdeerfyedc tnseda saunrde

be valuerelevant in the hotel sector.

Second, the study calculates disclosure scores by simply adding up the number of
sentences. This approach ignores the fact that tHelusss of disclosures can vary
from sentence to sentence, and this limitation was particularly obvious in thediias

analysis.

Finally, the study ignores the importance of corporate governance mechanisms such as

board structure and ownership struetudt also ignores the effect of corporate
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proprietary cost. Such characteristics are potentially important inputs when assessing

the adequacy of corporate disclosures.

8.4. Suggestions for Future Research

The present study suggests a number of otheruagefor future research. First, a
random sample of 60 an acbngtsidt thdist of disglasure s wa's
topic. These reports covered companies from different sectors. This study does not
consider the importance of some disclosure tojaicgpecific sectors. The most obvious

example is the importance of the research and development (R&D) to the
pharmaceutical industry. Further research could be carried out to construct a more
specificscoring sheet Thissheetwould show disclosure itenmsy eachindustry sector.

In this case, a higher disclosure score could be given to a disclosure item that is more

important for a specific industry.

Second, in prior research, quantitative management forecasts have been used as a proxy
for corporate disdsure. These studies find that quantitative forecasts have-value
relevant information. In particular, they find that quantitative management forecasts are
positively associated with the accuracy of analyst forecasts. It would be interesting to
investigatethe importance of such specific forecasts in the UK. In particular, one can
replicate the scoring methodology adopted in this thesis and attach a greater weight to

guantitative management forecasts than to other items.

Third, | believe that the proces$ analysing annual report narratives has scope for
further refinement. Currently, my methodology equates disclosure quality with the
amount of information provided. In contrast, identifying the underlying tone of

voluntary disclosures means being able t&criminate between good news and bad
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news and such a refinement could be extremely useful for studying the benefits of

corporate voluntary disclosures.

Fourth, the validity of my disclosure scores is measured in several ways. One of these
measures is theorrelation between the scores producedNbgistand those produced

by a labowintensive approach. Future research could also make a direct comparison of
the scores produced Byudistand the AIMRFAF ratings. Whilst the latter are only
available for asample of US firms, it might nevertheless be of interest to study the

properties of the two types of disclosure rankings side by side.

Fifth, the study highlights the importance of automated disclosure scores for prices
leading earnings. Additional reselrcould be undertaken to examine other contexts
such as cost of equity capital, cost of debt capital, analyst following and the

characteristics of analysts6é forecasts.

Sixth, in Chapter 7 it was noticed that extending the sample period further by one yea

does not appear to improve the association between disclosure changes and the relation
bet ween return and future earnings. Thi s
be persistent and meaningful changes can take years. This limits the effagiveof

the time series and the power of the tests. It was not possible to extend the original
sample by more than one year due to the 1
return variables at the time of the data analysis. It would be interdstireexamine

the association between changes in the UK corporate disclosure practice and changes in

earnings6 timeliness over a | onger time sy

Seventh, a labotintensive approach was used to identify valelevant disclosures in
Section 7.9.Using a senticomputerised content analysis approach provides me

significant results.It is possible that the involvement @&Xxperts inlinguistics in
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determining further key words (in addition to the forwérdking key words and the
topic list) may improve He ability of my computerbased scoring methodologgr
identifying valuerelevant disclosuresdowever, the potential contribution fronthe
application of additional linguistic methods remains an area for future research as it
possible that there will beignificant difficulties in overcoming some of the

classificatory problems pfor example,forward/backward looking sentences.

Eight, previous studies show that earnings are likely to be relatively less informative
when a firm reports losses. Becausedsssannot continue indefinitely, they are a poor
predictor of future earnings (Hayn, 1995). It would be interesting to study the
association between corporate disclosures and prices leading earnings-foakoss

firms that (1) do not change their disslme level and (2) increase (decrease) their

disclosure level over a specific period of time.

Finally, a large number of studies provide evidence on the association between the
levels of corporate voluntary disclosure and a set of corporate governantanmets

such as ownership structure and board composition (e.g., Eng and Mak, 2003).
Therefore, it would be interesting to extend the present study by testing the extent to
which these mechanisms affect the association between disclosure quality and the

informativeness of stock prices for future earnings.
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